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ABSTRACT

There is a problem that learning of a prediction model is not well performed depending on the characteristics of
each particular matter concentration. To solve this problem, it is necessary to design a prediction model for low
concentration and high concentration separately. Therefore, a classification model is needed to classify the concentration
of particular matter into low and high concentrations. This paper proposes a classification model to classify low and
high concentrations based on the concentration of particular matter. DNN was used as the classification model
algorithm, and the classification model was designed by applying the optimal parameters after searching for hyper
parameters. As for the result of evaluating the performance of the model, 97.54% of the low concentration
classification was measured. And in the case of high concentration classification, 85.51% was measured.
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parameter search region value
hidden node | 20 ~ 200 (interval 20) 20
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