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Abstract

This paper proposes a method for predicting agricultural product prices by utilizing various variables such as
price, climate factors, demand, and import volume as data, and applying the Long Short-Term Memory (LSTM)
model. The analysis of prediction performance using the LSTM model, which learns the long-term dependencies of
time series data, showed that integrating diverse data improved performance compared to traditional methods.
Furthermore, even when predicting without price data as a dependent variable, meaningful results were achieved
using only independent variables, indicating the potential for further model development. Moreover, it was found
that using a multi-variable model could further enhance prediction performance, suggesting that this complex
approach is effective in improving the accuracy of cabbage price predictions.
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Fig. 2. Normalized time series data.
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