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A study on Heterogeneous Policy Effects Based on

Propensity Score Quartiles

Gyeonghee Shin - Heesang Lee

Abstract : This study aims to estimate policy effects that appear heterogeneously
within the beneficiary group by matching the beneficiary and non-beneficiary groups
based on propensity score quartiles and analyzing the effect of policy benefits on sales
growth. To achieve this, 239 SMEs that participated in R&D support program for the
manufacturing of materials, components, and equipment in 2020 were selected as the
beneficiary group. The propensity scores of these companies were calculated and divided
into eight quartiles for matching between the non—beneficiary and beneficiary groups.
Subsequently, double difference analysis was used to calculate the sales growth rate
attributable to policy support. The study found that the largest policy effect was
observed in the lowest quartile group, and companies with high patent application rates
and 3-year sales growth rates experienced significant policy effects. These findings
suggest that propensity score quartile-based analysis can be effectively utilized to refine

the criteria for selecting beneficiary companies and the scope of industrial policy support.
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2 -0.00001 -0.00003 99.99 1.0909
3 0.00001 0.00007 99.99 1.1245
4 0.00008 0.00044 99.91 1.2282
e
5 0.00048 0.00257 99.47 1.0374
6 0.00344 0.01835 96.24 0.9372
7 0.00036 0.00192 99.61 0.9734
8 0.31718 1.69252 0.00 3.7079
1 -3.59308 -0.48093 0.00 2.6244
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A & 4 (logit)
5 0.06829 0.00780 97.96 1.0070
6 0.11746 0.01572 95.90 0.9149
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8 14.28471 1.91199 0.00 383.6528
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Distribution of LPS by Stratum
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