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Abstract Recent advancements in artificial intelligence (AI) technology have led to an increase in the
implementation of Al applications in mobile environments. However, due to the limited resources in
mobile devices compared to desktops and servers, there is growing interest in research aimed at
efficiently executing Al workloads on mobile platforms. While most studies focus on offloading to edge
or cloud solutions to mitigate computing resource constraints, research on the characteristics of file I/O
related to storage access in mobile settings remains underexplored. This paper analyzes file I/O traces
generated during the execution of deep learning applications in mobile environments and investigates
how they differ from traditional mobile workloads. We anticipate that the findings of this study will be
utilized to design future smartphone system software more efficiently, considering the file access

characteristics of deep learning.
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