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ABSTRACT

This study employs fext mining fechniques to compare user responses across various Over-The-Top (OTT) service platforms. The primary
objective of the research is to understand user satisfaction with OTT service platforms and contribute to the formulation of more
effective review strategies. The key questions addressed in this study involve identifying prominent topics and keywords in user reviews
of different OTT services and comprehending platform-specific user reactions. TF-IDF is utilized to extract significant words from positive
and negative reviews, while BERTopic, an advanced topic modeling technique, is employed for a more nuanced and comprehensive
analysis of infricate user reviews. The results from TF-IDF analysis reveal that positive app reviews exhibit a high frequency of
content-relafed words, whereas negative reviews display a high frequency of words associated with potential issues during app usage.
Through the utilization of BERTopic, we were able to exiract keywords related to content diversity, app performance components,
payment, and compatibility, by associating them with content attributes. This enabled us to verify that the distinguishing aftributes of
the plafforms vary among themselves. The findings of this study offer significant insights info user behavior and preferences, which OTT
service providers can leverage to improve user experience and satisfaction. We also anticipate that researchers exploring deep learning
models will find our study results valuable for conducting analyses on user review text data.
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(Table 4) User Reactions by Star-Based Attributes

Sentiment Score (User’s Scope Based)
Platform Content Service Quality Cost Convenience
Netflix 3.74 1.89 2.07 2.09
Disney Plus 387 2.01 2.85 1.67
Tving 384 3.09 3.21 2.76
Wavve 4.00 290 312 3.00
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