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Objectives: Among OECD countries, South Korea has been having the highest suicide rate since 2018,
with 24.1 deaths per 100,000 people reported in 2020. The objectie of this study was to examine the
use of generative artificial intellicence (Al) chatbots to train third-year Korean medicine (KM) students
in conducting suicide risk assessments for patients with depressive disorders to train students for their
clinical practice skills.

Methods: The Claude 3 Sonnet model was utilized for chatbot simulations. Students performed mock
consultations using standardized suicide risk assessment tools including Ask Suicide-Screening
Questions (ASQ) tool and ASQ Brief Suicide Safety Assessment. Experiences and attitudes were col-
lected through an anonymous online survey. Responses were rated on a 1~5 Likert scale.

Results: Thirty-six students aged 22 ~30 years participated in this study. Their scores for interest and
appropriateness (4.66+0.57), usefulness (4.60+0.61), and overall experience (4.63+0.60) were high.
Their evaluation of the usability of artificial intelligence chatbot was also high at 4.58+0.70 points.
However, their trust in chatbot responses (Q12) was lower (3.86+0.99). Common issues related to dis-
satisfaction included conversation disruptions due to token limits and inadequate chatbot responses.
Conclusions: This is the first study investigating generative Al chatbots for suicide risk assessment
training in KM education. Students reported high satisfaction, although their trust in chatbot accuracy
was moderate. Technical limitations affected their experience. These preliminary findings suggest that
generative Al chatbots hold promise for clinical training, particularly for education in psychiatry.
However, improvements in response accuracy and conversation continuity are needed.
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Fig. 1. Screen capture of conversation with chatbot. The chatbot is
based on Claude 3's Sonnet model.

CY Kwon 155

2 IS Folste, slgAtso] -=7dolol et Smietk

A= 7HE & A= SRk & Aol e et &
Fofiof Sk A Alue] Q= HE0RE A 99 7=
£ 7I5to & 7=tk ARSE B Bl= Ao A
A X198} (American Academy of Child and Ado-
lescent Psychiatry)oll4] 7H#3t Ask Suicide-Screening
Questions (ASQ) Tool¥} ASQ Brief Suicide Safety
Assessment (BSSAYS 7|5ko.& 51019 shalobdw el
Al2lofA Hofsio] FRt A 9 A AR AR
7lol=' AMBSITH”. FAIH 0= SlsAjolA Qe
29| HoKlgs gt Z2 A5 25T A o= QhlE
At

1) A7| e10ist

Aol moHlRE A&kely] A, sisAhe A4t /194
Al AL AN Tlol= 7 WA 9, w4A AR AL
298 uf, 7t BE AE-S A4l doj& £4sto] A=

£ ofolth. olE £01, BSSAY] 23 AR F Ad 2 5
B AnE B T Ao tia) A o] Sl
71ERE R tislo], S5Ake FT ANE BES B
Zol| sl e Ho] 9loAl7ke? 5 ARAloA AFAA
H& Qdojz 43 = & Zo|tiSupplementary File
1.

2) Rojrz

53} 54 Qrollo) ek B At 20 A chst
2 785lo] Table 13} 20| Hoh &4 @ 23 tho} 2
ohysict. B, SR 39] T olg4e] A9 BEL 7]
Foz, 5HKI] d0~45749) TS B S glons,
F00l B2 AOE qapt FREEE AjIL
| FAE A3 olefet] oI HEg A

/\::_' o_'_o}_o:h;]_

o
= ;l-—]—
7

5
(=]

3) Apat 2

%] mojRlus nhl %,
AHE o 37HIRE FHEsto] B7ISHEE Siek: (1) A1
S F7HQ WP 28 gls, () I A A9
ofl gt 37} F717F BesiH, ST B} ArAA
HW7HE7L (3) 219 SRt A4 AL gZez,

o-lkl 1117|-

SSA 23 vhgom A



156 Al Chatbots for Suicide Risk Assessment Training

Table 1. Instructions Given to Students at the College of Korean Medicine

Standard scenario

Free conversation

1. Greetings

2. Asking for name

3. Asking for date of birth

4. Asking for purpose of seeking treatment

5. Asking about underlying conditions

6. Screening for suicide risk*

7. In-depth assessment of suicide risk*

8. Assessing other mental symptoms and resources*

9. Wrapping up and making an appointment for the next treatment
At least 60 ~70 conversations

(In between standard scenario conversations) Free conversations
that can be had as an KMD at the clinical setting.

At least 30 ~40 conversations

At least 100 conversations
Note, do not use the questions in the standard scenario as is, but convert them into own language.

*ASQ tool and ASQ Brief Suicide Safety Assessment.
ASQ: Ask Suicide-Screening Questions, KMD: Korean medicine doctor.
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Fig. 2. Appropriate number of conversations needed for learning with
chatbot.
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Table 4. Other Opinions on Generative Artificial Intelligence Chatbots
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Factors Responses N %
Satisfaction factor The smooth conversation with the chatbot effectively complemented the counseling experience 25 83.33
(N=30) with actual psychiatric patients.
It was convenient for learning because | could talk to the chatbot regardless of time and place. 7 23.33
Leaming using the chatbots was interesting. 5 16.67
Despite the set prompts, the chatbot's responses to individual students were differentiated. 4 13.33
It was efficient as the time required for learning was shortened. 2 6.67
Dissatisfaction factors The conversation was inevitably cut off due to limitations in available tokens in the free service. 11 44
(N=25) There were inappropriate answers that were too long, disjointed, limited, or repetitive. 10 40
It seemed that the chatbot did not mimic conversations with actual psychiatric patients well, 3 12
such as being overly cooperative.
It was inconvenient to use the generative artificial intelligence service itself due to an error. 2 8
Because I typed the prompt, | already knew the scenario of the conversation. 1 4
Factors requiring The generative artificial intelligence service must be improved to provide natural conversations. 5 26.32
improvement (N=19) More tokens are needed for uninterrupted conversation. 4 21.05
There is a need for diversification of prompts to mimic patients with various mental disorders. 3 15.79
Detailed prompts that more specifically mimic mental disorder patients are needed. 3 15.79
Detailed prior training is required before communicating with the chatbot. 1 5.26

Factors requiring support
from the university (N=26)

Financial support is needed to use paid services for generative artificial intelligence. 24 92.31
A learning model using chatbots for patients with various mental disorders must be developed.
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