OX2UBT LAY =2X] H202 H22 - 20241 63
http://dx.doi.org/10.17662/ksdim.2024.20.2.001

SYFTE W§Y ERUTO UHSY MUY
P UGIIE NHOIE Al
& &4
Feature Sdection Fffect of Uasstfication Tree Using Feature Impartance
: Case of Gredit Card Customer Churn Prediction

Yoon Hanseong

{Abstract)

For the purpose of predicting credit card customer churn accurately through data
analysis, a model can be constructed with various machine learning algorithms, including
decision tree. And feature importance has been utilized in selecting better input features
that can improve performance of data analysis models for several application areas. In
this paper, a method of utilizing feature importance calculated from the MDI method and
its effects are investigated in the credit card customer churn prediction problem with
classification trees. Compared with several random feature selections from case data, a set
of input features selected from higher value of feature importance shows higher
predictive power. It can be an efficient method for classifying and choosing input features
necessary for improving prediction performance. The method organized in this paper can
be an alternative to the selection of input features using feature importance in composing

and using classification trees, including credit card customer churn prediction.

Key Words : Classification Tree, Feature Importance, Credit Card Customer, Churn Prediction
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