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Abstract In this paper, we fine-tuned KoAlpaca, a large-scale Korean language model, and
implemented a blog text generation system utilizing it. Blogs on social media platforms are
widely used as a marketing tool for businesses. We constructed training data of positive reviews
through emotion analysis and refinement of collected sponsored blog texts and applied QLoRA
for the lightweight training of KoAlpaca. QLoRA is a fine-tuning approach that significantly
reduces the memory usage required for training, with experiments in an environment with a
parameter size of 12.8B showing up to a 58.8% decrease in memory usage compared to LoRA.
To evaluate the generative performance of the fine-tuned model, texts generated from 100 inputs
not included in the training data produced on average more than twice the number of words
compared to the pre-trained model, with texts of positive sentiment also appearing more than
twice as often. In a survey conducted for qualitative evaluation of generative performance,
responses indicated that the fine-tuned model’s generated outputs were more relevant to the
given topics on average 77.5% of the time. This demonstrates that the positive review
generation language model for sponsored content in this paper can enhance the efficiency of
time management for content creation and ensure consistent marketing effects. However, to
reduce the generation of content that deviates from the category of positive reviews due to
elements of the pre-trained model, we plan to proceed with fine-tuning using the augmentation
of training data.
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(prompt input) /g ol 01 Fa% 9o F K F VEY

Meat restaurant, S22 ANA &3t FqF = viAE w2

company  dinner of UdF BAHAH FWE MHAT F de Fag
recl(?r?inUerll(,ied Heks AT 5 gl

restaurant gy AbdEk s Rde] Ry g "9iE A

845 FAAT7] SElA EFdHolH ALY

o SHE7 a9

Boneless, low-salt
boneless fish,
boneless mackerel

2 ox o o\ ox
i

Are you looking for
a bar with delicious
thin ice beer and
value for money? A
beer restaurant in
Sogong-dong!

A popular snack
these days, peeled
nuts, Honeybee
roasted shell
macadamias are
recommended.
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