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{Abstract)

Image processing and computer vision technologies are becoming increasingly
important in a variety of application fields that require techniques and tools for
sophisticated image analysis. In particular, image segmentation is a technology that
plays an important role in image analysis. In this study, in order to identify recent
research trends on image segmentation techniques, we used the Web of Science(WoS)
database to analyze the R&D topography based on the network structure of the
author's keyword co-occurrence matrix. As a result, from 2015 to 2023, as a result of
the analysis of the R&D map of research articles on image segmentation, R&D in this
field is largely focused on four areas of research and development: (1) researches on
collecting and preprocessing image data to build higher-performance image
segmentation models, (2) the researches on image segmentation using statistics-based
models or machine learning algorithms, (3) the researches on image segmentation for
medical image analysis, and (4) deep learning-based image segmentation-related R&D.
The scientometrics-based analysis performed in this study can not only map the
trajectory of R&D related to image segmentation, but can also serve as a marker for
future exploration in this dynamic field.
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