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Abstract Korean local governments operates the participatory budgeting system autonomously. This study is to
classify these entities into clusters. Among the diverse machine learning methodologies(Neural Network, Rule
Induction(CN2), KNN, Decision Tree, Random Forest, Gradient Boosting, SVM, Naive Bayes), the Support
Vector Machine technique emerged as the most efficacious in the analysis of 2022 Korean municipalities data.
The first cluster C1 is characterized by minimal committee activity but a substantial allocation of participatory
budgeting; another cluster C3 comprises cities that exhibit a passive stance. The majority of cities falls into the
final cluster C2 which is noted for its proactive engagement in. Overall, most Korean local government operates
the participatory busgeting system in good shape. Only a small number of cities is less active in this system.
We anticipate that analyzing time-series data from the past decade in follow-up studies will further enhance the
reliability of classifying local government types regarding participatory budgeting.
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Table 2. Definition and descriptive statistics
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