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(Analysis of Pitching Motions by Human Pose Estimation Based on RGB Images)
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Abstract

Pitching is a major part of baseball, so much so that it can be said to be the beginning of
baseball. Analysis of accurate pitching motions is very important in terms of performance
improvement and injury prevention. When analyzing the correct pitching motion, the currently used
motion capture method has several critical environmental drawbacks. In this paper, we propose
analysis of pitching motion using the RGB-based Human Pose Estimation (HPE) model to replace
motion capture, which has these shortcomings, and use motion capture data and HPE data to verify
its reliability. The similarity of the two data was verified by comparing joint coordinates using the
Dynamic Time Warping (DTW) algorithm.
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