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Color Pattern Recognition and Tracking for Multi-Object
Tracking in Artificial Intelligence Space
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(Abstract)

In this paper, the Artificial Intelligence Space(Al-Space) for human-robot interface is
presented, which can enable human-computer interfacing, networked camera conferencing,
industrial monitoring, service and training applications. We present a method for
representing, tracking, and objectsthuman, robot, chair) following by fusing distributed
multiple vision systems in Al-Space. The article presents the integration of color
distributions into particle filtering. Particle filters provide a robust tracking framework
under ambiguous conditions. We propose to track the moving objectsthuman, robot,
chair) by generating hypotheses not in the image plane but on the top-view
reconstruction of the scene.
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