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Abstract

Metaverse is attracting attention as the development of virtual environment technology and the
emergence of untact culture due to the COVID-19 pandemic. In this study, by analyzing users’ reviews
on the “Zepeto” application, which has recently attracted attention as a metaverse service, we tried to
confirm changes in the requirements for the metaverse after the COVID-19 pandemic. To this end,
109,662 reviews of “Zepeto” applications written on the Google Play Store from September 2018 to
March 2023 were collected, topics were extracted using LDA topic modeling technique, and topics were
analyzed using the Causal Impact technique to examine how topics changed before and after based on
"March 11, 2020” when the COVID-19 pandemic was declared. As a result of the analysis, five topics
were extracted: application functional problems (topicl), security problems (topic 2), complaints about
cryptocurrency (Zem) in the application (topic 3), application performance (topic 4), and personal
information-related problems (topic 5). Among them, it was confirmed that security problems (topic 2)
were most affected by the COVID-19 pandemic.
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