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LLM-based Question Generation Learning System for Improve Users” Literacy Skills
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ABSTRACT

Due to the recent development of video media and the popularity of short and stimulating content, the frequency of
exposure to text media such as books and newspapers has decreased. As a result, literacy skills among consumers in their
teens and twenties have significantly declined, leading to various social problems. In this study, we propose a solution by
developing a problem generation system based on a Large Language Model (LLM) aimed at improving users’ literacy skills.
The system allows users to select a question type (reading, speaking, listening) and input part of a desired text (e.g., news
articles, literary/non-literary passages, research papers), based on which it automatically generates the selected type of
question. Additionally, when the user inputs an answer, the system generates feedback on the correctness of the response
along with a detailed explanation. The system’s high accessibility and personalized problem generation make it distinctly
different from existing literacy education methods and is expected to present a new direction for literacy learning.
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