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Abstract

Fashion trends are actively disseminated through social media, which influences
both their propagation and consumption. This study explored how users
perceive subversive basic fashion in social media videos, by examining the
associated concepts and characteristics. In addition, the factors contributing to
the style's social media dissemination were identified and its distinctive features
were analyzed. Through text mining analysis, 80 keywords were selected for
semantic network and CONCOR analysis. TF-IDF and N-gram results indicate
that subversive basic fashion involves transformative design techniques such as
cutting or layering garments, emphasizing the body with thin fabrics, and
creating bold visual effects. Topic modeling suggests that this fashion forms a
subculture that resists mainstream norms, seeking individuality by creatively
transforming the existing garments. CONCOR analysis categorized the style into
six groups: forward-thinking unconventional fashion, bold and unique style,
creative reworking, item utilization and combination, pursuit of easy and
convenient fashion, and contemporary sensibility. Consumer actions, linked to
social media, were shown to involve easily transforming and pursuing
personalized styles. Furthermore, creating new styles through the existing
clothing is seen as an economic and creative activity that fosters network
formation and interaction. This study is significant as it addresses language
expression limitations and subjectivity issues in fashion image analysis, revealing
factors contributing to content reproduction through user-perceived design
concepts and social media-conveyed fashion characteristics.
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Figure 1. Trends Keyword Search for Subversive Basics
(drawn by the author)
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Figure 2. Word Cloud Results
(taken by the author)



olold / HIAE O1o|Y(text mining) 7| &2 MEHA|E H|o|Al(subversive basics) TjAe| EA 83
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Table 1. Results of Frequency Analysis and TF-IDF

o Table 29} %ol
SHE7E 05007471 7P B4 Uit E
oY 719= == A7} Table 32 MDS (Multidimensional

Scaling)& 85 A1t Ak Figure 37 2k

&7}

Word TF Word TF-IDF Word RAKE
fashion 510 design 0.024 fashion 0.615
subvers 379 bodi 0.022 trend 0.558

basic 325 y2k 0.022 style 0.538

trend 278 amsterdam 0.021 well 0.462
design 231 garment 0.021 look 0.442

style 227 trend 0.020 way 0.423

look 150 cut 0.019 body 0.385
cloth 142 people 0.019 see 0.385
top 125 fabric 0.019 tiktok 0.365
piec 104 say 0.018 one 0.365
new 100 dystopia 0.018 also 0.365
cut 97 unique 0.018 point 0.346
make 96 sheer 0.017 basics 0.327
dress 96 tiktok 0.017 want 0.308
take 93 out 0.017 cut 0.308
tiktok 85 crochet 0.017 rise 0.308
brand 84 layer 0.017 make 0.308
year 82 basic 0.017 like 0.308
people 81 convent 0.016 clothes 0.288
one 81 top 0.016 take 0.288
wear 77 normal 0.016 need 0.288
bodi 75 tank 0.015 time 0.269
creat 70 cutout 0.015 world 0.269
way 69 express 0.015 seen 0.269
cultur 68 style 0.015 pair 0.269
use 65 need 0.015 pieces 0.250
aesthet 64 social 0.015 people 0.250
garment 62 silhouette 0.015 back 0.250

collect 61 reveal 0.015 year 0.250

fabric 60 year 0.015 cutouts 0.250

layer 59 aesthet 0.015 layering 0.250
become 58 challeng 0.015 rebel 0.250

say 58 show 0.015 utility 0.250

mani 57 tight 0.015 outs 0.250

show 57 new 0.014 used 0.250

often 54 ottolinger 0.014 past 0.231

inspir 54 2022 0.014 wear 0.231

y2k 52 subcultur 0.014 runway 0.231
work 52 dress 0.014 Create 0.231
time 51 feel 0.014 become 0.231

movement 51 avant 0.014 know 0.231

want 51 inspir 0.014 wardrobe 0.212
cutout 51 high 0.014 lot 0.212

social 50 wear 0.014 even 0.212
express 50 cultur 0.014 mugler 0.212
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Table 2. Results of Topic Modeling

No Perplexity Coherence
10 273.24502 0.39557
9 269.60558 0.41179
8 268.57040 0.41407
7 263.58714 0.43002
6 265.66807 0.48947
5 262.98609 0.47683
4 257.67989 0.44001
3 25487918 0.50074
2 256.81256 0.33888
1 254.15074 0.41630
Table 3. Results of Latent Dirichlet Allocation
Topic1 Weights Topic2 Weights Topic3 Weights
1 fashion 0.02260310 fashion 0.03183550 fashion 0.01279650
2 subvers 0.02126870 design 0.01518420 design 0.01124980
3 basic 0.01793820 amsterdam 0.01296360 basic 0.01022810
4 trend 0.01447170 subvers 0.00668473 subvers 0.01022810
5 style 0.01387190 week 0.00597562 trend 0.01009110
6 look 0.00698352 sustain 0.00471610 top 0.00664038
7 cloth 0.00671334 cloth 0.00466643 look 0.00627183
8 design 0.00541156 citi 0.00417361 style 0.00535995
9 new 0.00537251 van 0.00390281 one 0.00488214
10 cut 0.00506396 dutch 0.00366583 dress 0.00481059
11 tiktok 0.00480625 movement 0.00346114 cloth 0.00461109
12 top 0.00476044 cultur 0.00345880 make 0.00444542
13 piec 0.00472795 scene 0.00338659 year 0.00431762
14 take 0.00414399 brand 0.00281613 piec 0.00425887
15 make 0.00399102 tradit 0.00273147 wear 0.00425725
16 express 0.00383350 time 0.00271882 brand 0.00381861
17 layer 0.00380900 often 0.00265912 say 0.00377352
18 peopl 0.00381700 new 0.00259959 take 0.00358077
19 dress 0.00380900 style 0.00250489 work 0.00356376
20 body 0.00355097 show 0.00242563 people 0.00353629
21 creat 0.00344806 take 0.00239969 cut 0.00350258
22 y2k 0.00337258 der 0.00226840 show 0.00322637
23 use 0.00313585 lantink 0.00225685 aesthet 0.00321452
24 social 0.00308687 work 0.00220940 collect 0.00320666
25 subcultur 0.00306002 90 0.00216440 garment 0.00315719
BN tEsts YRS Hel BN g BAS v BT 302e OARleR dothl BdE: V2 oRE
EQ 12 FREste] ddshs siolestEzAe AEHAE FA= st it} olF Tl EFL ShlEst FH =AY
Ho]dl mjd, BN 2= dAHEH(Amsterdam) WA A A, AFxE g4 28, 712 979 ddRtw A2

dol ST 71E RS W A2 Ao e
H

oz
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Table 4. Results of Topic Modeling Analysis
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Figure 3. Topic Modeling MDS Visualization

(taken by the author)

No. Topic title Representative original text
Topic 1 Fashion as a subcultural ¢ Subversive style 2023: how to get this trendy aesthetic
b expression e Your guide to the subversive basic trend(& why we love the edgy pieces
e |s Amsterdam the most subversive fashion designer like Ronald van der
Topic 2 Recreated fashion style kemp, duran lantink, Elza

Amsterdam fashion: the city that owns subversive clothing so you like my
style

Diversification of basic

Topic 3 clothing

From “subversive” to “avant”: when did basic get so complicated?
A plain white tee will no longer suffice

wear

tops

[ make
clothes

Tooks ]
Jinew 7 ook

/  clothing

asic:

piaces.

7 Ppeople

P = basics . s
take 7 ) N\ koK

dress 201 top \

/ amsterdam
often
vear

designer designs

trends

aesthetic

Figure 4. N-gram Network Analysis Results

(taken by the author)
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T3 (bigram) w4 sIqlth. & 7o) A%E vio]Tiglo] of
3 oj7fH4E threshold: 3, window size: 12, frequency
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AS AZSstgckFigure 5. 1 Ax, £ 17719 =t¢)
32709 A7t ABAEYCH subvers basicE FACR
subverse style, fashion trend, basic trend, y2k fashion,
fashion design, tank top, cut out, high fashion, sheer
fabric, point lose, statu quo, point lose’t AAH 7= &
g 4= k. Hio]aH YELR k& 7+ dF H=E £
ool U Rt olie mASGE opRs
threshold: 3, window size: 15, frequency threshold: 10&
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Table 5. Results of Subversive Basic Fashion Trend N-gram Network Analysis

Label Proj-x Proj-y Weight
subvers basic 0.111673 0.0560562 211
earli 2000 0.0154676 -0.0418536 11
dystopian fashion 0.344469 0.128532 10
cut out 0.178551 0.0694605 37
sheer fabric 0.251599 0.10551 16
social media 0.152816 0.248193 18
rick owen -0.0133394 -0.138165 14
avant gard 0.0226732 0.165736 11
tank top 0.221175 0.0422296 30
fashion industri -0.0872465 -0.0560592 14
high fashion 0.0475798 -0.124734 22
fashion trend 0.135108 0.111273 33
fashion scene -0.244961 0.219744 14
basic trend 0.092913 0.11564 31
new york -0.23985 -0.0236284 15
fashion design -0.0677186 0.239589 15
subvers fashion -0.0599496 0.10646 28
fashion week -0.21005 0.125023 25
antifashion design -0.0597054 -0.304419 10
fashion forecast 0.234212 -0.072328 12
basic rebel 0.0978656 -0.0132413 14
rebel point 0.220627 -0.014045 13
point lose 0.164029 -0.0107353 15
lose util 0.138399 -0.0503483 14
little black 0.138795 -0.137593 11
black dress 0.19864 -0.129183 11
basic piec 0.241474 0.21679 10
statu quo -0.039412 0.0230445 15
y2k fashion 0.0534781 0.282474 17
subvers style 0.0427249 0.0624411 59
amsterdam_fashion -0.268809 0.142793 26
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Figure 5. N-Gram Network Analysis Node 17 & Edge 32 (taken by the author)
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Figure 6. N-Gram Network Analysis Node 31 & Fage 75
(taken by the author)
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Figure 7. CONCOR analysis of keywords related to subversive basics
(taken by the author)
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Table 6. Semantic Network Analysis Results

No Keywords Group name

antifashion, approach, amsterdam, basics, create, culture
deconstructed,  different,  dystopian, future, trend, high,

Future-oriented anomalous

! movement, people, political, protest, social, statement, subversive, (23) fashion
sustainable, tiktok, unconventional, utility, culture
avant, body, black, bold, clothing, diy, design, designer, fabric,

2 fashion, layering, cutouts, piece, punk, silhouettes, style, shapes, (20) Bold and unique fashion style

sheer, white, wardrobe

making, work, taking, cut, part, used, past, place, show, things,
point, last

Creative reconstruction

clothes, dress, garment, pants, shirts, tank, tights, top, mesh,
wearing

(10)

Utilization and combination of
items

5 easy, get, look, make, take, use, want, way, think, feel

(10)

Pursuit of easy and convenient
fashion

6 2000, 2021, 2022, era, y2k

Sensibility of the times
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