BE4l S 2 2|sts| =F4| Vol. 24, No.1 : 42~50 March. 2023
DOI : 10.23087/jkicsp.2023.24.1.006

o <2

Automated Story Generation with Image Captions and Recursiva Calls

Isle Jeon', Dongha Jo?, Mikyeong Moon?"
'Division of Computer Engineering, Dongseo University
’Dept. of Software, Dongseo University

A 714, WY 714 5 viviel 44 Aol 2H OAY HAE ol o] g, OTT Aulzsh 25
A B Felel thepd e g WelolEsh ey UESDY] $HOE A A4, R 5
3 2 AFOE AHIGOL A7k YRS WGsT BAHOE Wnee 2ENE BHT ATE PEAN0:
B EROIAE oA WM A4 V1SR ZERE & ARS] 58S Bekha, dolRde Fl oloby] 580 A4 *aw
2 5 2e etk BT RO Fo| 137 WAttention & B89 o|v)) B4 A4 7%
Aske £4e A, A WA oluA BAL KoGPT-20] eistel 448 Aze 29 udaﬂ
FET AN AT YRS AAR] AF BUo] AA2YT /1Y o] P 2EE
A%E Fal Arke] o|wE MAY 2ENE A2 T s Tal F4)
2 Azpe] Aukel Sgel Felstel vitlel A3k BB,

N
e

il OW
5
» rlo

o ZH|0] : O[OIX] M, 2ISKIS, KAIXZ], KoGPT-2, EIR1d, OIE|0] X|S3t

Abstract The development of technology has achieved digital innovation throughout the media industry, including production
techniques and editing technologies, and has brought diversity in the form of consumer viewing through the OTT service and
streaming era. The convergence of big data and deep learning networks automatically generated text in format such as news articles,
novels, and scripts, but there were insufficient studies that reflected the author's intention and generated story with contextually
smooth. In this paper, we describe the flow of pictures in the storyboard with image caption generation techniques, and the automatic
generation of story-tailored scenarios through language models. Image caption using CNN and Attention Mechanism, we generate
sentences describing pictures on the storyboard, and input the generated sentences into the artificial intelligence natural language
processing model KoGPT-2 in order to automatically generate scenarios that meet the planning intention. Through this paper, the
author's intention and story customized scenarios are created in large quantities to alleviate the pain of content creation, and artificial

intelligence participates in the overall process of digital content production to activate media intelligence.
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