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AEARE 243 28 AcM= XGBoost,
Decision Tree, Random Forest, MLP, SVM, Logistic
delE AZ AT EUT tree 7]REY
XGBoost®] A& =7} 0977, Fl-scoret= 0.976%
7 =3, 1 th3 Decision Treed] F3 ==
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Decision Tree, MLP, Random Forest, SVM, Logistic
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Abstract

A study on improving the accuracy of machine
learning models through the use of non-financial
information in predicting the Closure of operator

using electronic payment service

Hyunjeong Gong" * Eugene Hwang” - Sunghyuk Park™

Research on corporate bankruptcy prediction has been focused on financial information. Since the
company’s financial information is updated quarterly, there is a problem that timeliness is insufficient in
predicting the possibility of a company’s business closure in real time. Evaluated companies that want to
improve this need a method of judging the soundness of a company that uses information other than
financial information to judge the soundness of a target company. To this end, as information technology
has made it easier to collect non-financial information about companies, research has been conducted to
apply additional variables and various methodologies other than financial information to predict corporate
bankruptcy. It has become an important research task to determine whether it has an effect. In this study,
we examined the impact of electronic payment-related information, which constitutes non-financial
information, when predicting the closure of business operators using electronic payment service and
examined the difference in closure prediction accuracy according to the combination of financial and
non-financial information. Specifically, three research models consisting of a financial information model,
a non-financial information model, and a combined model were designed, and the closure prediction
accuracy was confirmed with six algorithms including the Multi Layer Perceptron (MLP) algorithm. The
model combining financial and non-financial information showed the highest prediction accuracy, followed
by the non-financial information model and the financial information model in order. As for the prediction
accuracy of business closure by algorithm, XGBoost showed the highest prediction accuracy among the six
algorithms. As a result of examining the relative importance of a total of 87 variables used to predict
business closure, it was confirmed that more than 70% of the top 20 variables that had a significant impact
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on the prediction of business closure were non-financial information. Through this, it was confirmed that
electronic payment-related information of non-financial information is an important variable in predicting
business closure, and the possibility of using non-financial information as an alternative to financial
information was also examined. Based on this study, the importance of collecting and utilizing non-financial
information as information that can predict business closure is recognized, and a plan to utilize it for

corporate decision-making is also proposed.
Key Words : closure, prediction accuracy, e-commerce, payment service, payment gateway
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