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Contents Recommendation Scheme Applying Non-preference Separately

Yoon Joo—young - Lee Kil=hung

{Abstract)

In this paper, we propose a recommendation system based on the latent factor model
using matrix factorization, which is one of the most commonly used collaborative filtering
algorithms for recommendation systems. In particular, by introducing the concept of creating
a list of recommended content and a list of non-preferred recommended content, and
removing the non-preferred recommended content from the list of recommended content, we
propose a method to ultimately increase the satisfaction. The experiment confirmed that
using a separate list of non-preferred content to find non-preferred content increased
precision by 135%, accuracy by 149%, and F1 score by 72% compared to using the existing
recommendation list. In addition, assuming that users do not view non-preferred content
through the proposed algorithm, the average evaluation score of a specific user used in the
experiment increased by about 35%, from 2.55 to 3.44, thereby increasing user satisfaction. It
has been confirmed that this algorithm is more effective than the algorithms used in existing
recommendation systems.

Key Words : Contents Recommendation, Collaborative Filtering, Matrix Factorization, Latent
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