OXEMHTERY =2X] H192 H3L-2023H 93
http://dx.doi.org/10.17662/ksdim.2023.19.3.213

SIAT|E DANOl UE AE AAH &
AHA Aoy g E

Design of an efficient learning-based face detection system
Kim Hyunsik - Kim Wantae - Park Byungjoon

{Abstract)

Face recognition is a very important process in video monitoring and is a type of
biometric technology. It is mainly used for identification and security purposes, such as ID
cards, licenses, and passports. The recognition process has many variables and is complex, so
development has been slow. In this paper, we proposed a face recognition method using
CNN, which has been re-examined due to the recent development of computers and
algorithms, and compared with the feature comparison method, which is an existing face
recognition algorithm, to verify performance. The proposed face search method is divided
into a face region extraction step and a learning step. For learning, face images were
standardized to 50<50pixels, and learning was conducted while minimizing unnecessary
nodes. In this paper, convolution and polling-based techniques, which are one of the deep
learning technologies, were used for learning, and 1,000 face images were randomly selected
from among 7,000 images of Caltech, and as a result of inspection, the final recognition rate
was 98%.

Key Words @ Image Processing, Pre Processing, Machine Vision, CNN, Face Detection
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