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A Study on the Development of Emotional Content through Natural
Language Processing Deep Learning Model Emotion Analysis

OlF 4, 210l Bhs, MA|2rs, ZIEOfwss

o

Hyun-Soo Lee*, Min-Ha Kim**, Ji-won Seo**, Jung-Yi Kim***

2 o ¥ A Aol el Yed mue] AR YL HAAARI o 4 Tulx Al BEFHES A
Qreith GPT-3mdle] |88 Aol F Aihubold AFsH: 8% tiA dlold oF 6000718 Qeista W, EE
B R P, wW, E, AW, BE F oM 44 TR ERekL. olF Ade] el wad Hoh 1
Wel AoE, AUE, AL, Flscore o BAEE B8t A5h7tE AAselch 2424 23 91% o] e
AEe wglon FUEY P BB e FAE nth AWEe] P9 EF, W, WG ge ¥
A NN e FA7b dehta 58 @e'e A% oy o BEoE ol ex} Ve Ao® Hed
oolE ATl A9 AAENS B4, P4, FYSR s RN F2 Agso] 1 544 WS g
AR ALEEE RA QA B ATE 44RAS 94 WFEE $45] /18 dAdARY oF ned s
Fal A, AA, B, B, TR, AFE, vl Folx 3 Tex vl $88 4 e AdATh F5
ATE Fol US R WY gES IR FPsel AARAL AIVTHA OS FAF AAE A+ 9
S oz Jgdn

FRO| . GPT-3, A4 Az, #AARA, #AdZd=

Abstract We analyze the accuracy of emotion analysis of natural language processing deep learning model and
propose to use it for emotional content development. After looking at the outline of the GPT-3 model, about
6,000 pieces of dialogue data provided by Aihub were input to 9 emotion categories: 'joy', 'sadness', 'fear',
‘anger', 'disgust', and 'surprise'. ', 'interest', 'boredom', and 'pain'. Performance evaluation was conducted using the
evaluation indices of accuracy, precision, recall, and Fl-score, which are evaluation methods for natural language
processing models. As a result of the emotion analysis, the accuracy was over 91%, and in the case of
precision, 'fear' and 'pain’' showed low values. In the case of reproducibility, a low value was shown in negative
emotions, and in the case of 'disgust' in particular, an error appeared due to the lack of data. In the case of
previous studies, emotion analysis was mainly used only for polarity analysis divided into positive, negative, and
neutral, and there was a limitation in that it was used only in the feedback stage due to its nature. We expand
emotion analysis into 9 categories and suggest its use in the development of emotional content considering it
from the planning stage. It is expected that more accurate results can be obtained if emotion analysis is
performed by additionally collecting more diverse daily conversations through follow-up research.
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Figure 1. GPT Natural Language Processing Flow
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Table 1. 9 Examples of Sentiment Analysis Data
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