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Logistic Regression 0.516 0.602 0.519 0.648 0.545 0.659 0.659
Naive Bayes 0.653 0.500 0.503 0.757 0.644 0.652 0.762
Decision Tree 0.600 0.706 0.497 0.706 0.509 0.675 0.675
Random Forest 0.669 0.655 0.530 0.681 0.676 0.644 0.624
SVM(support vector machine) 0.547 0.516 0.503 0.679 0.603 0.556 0.647
DNN(deep neural network) 0.717 0.710 0.691 0.746 0.737 0.741 0.752
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Logistic Regression 0.748 0.756 0.707 0.764 0.732 0.780 0.780
Naive Bayes 0.756 0.740 0.699 0.805 0.772 0.740 0.813
Decision Tree 0.724 0.805 0.675 0.805 0.724 0.789 0.789
Random Forest 0.780 0.789 0.740 0.813 0.805 0.789 0.789
SVM(support vector machine) 0.764 0.748 0.699 0.764 0.772 0.748 0.748
DNN(deep neural net) 0.789 0.764 0.699 0.813 0.772 0.780 0.821
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<Abstract>

Fake News Detection on Social Media using Video Information:
Focused on YouTube

Chang, Yoon Ho - Choi, Byoung Gu

Purpose

The main purpose of this study is to improve fake news detection performance by using video
information to overcome the limitations of extant text- and image-oriented studies that do not reflect
the latest news consumption trend.

Design/methodology/approach

This study collected video clips and related information including news scripts, speakers’ facial
expression, and video metadata from YouTube to develop fake news detection model. Based on
the collected data, seven combinations of related information (i.e. scripts, video metadata, facial
expression, scripts and video metadata, scripts and facial expression, and scripts, video metadata,
and facial expression) were used as an input for taining and evaluation. The input data was analyzed
using six models such as support vector machine and deep neural network. The area under the
curve(AUC) was used to evaluate the performance of classification model.

Findings

The results showed that the ACU and accuracy values of three features combination (scripts,
video metadata, and facial expression) were the highest in logistic regression, naive bayes, and
deep neural network models. This result implied that the fake news detection could be improved
by using video information(video metadata and facial expression). Sample size of this study was
relatively small. The generalizablity of the results would be enhanced with a larger sample size.

Keyword: Fake News Detection, Video Information, Video Metadata, Facial Expression, Machine
Learning, Deep Learning
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