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Recently in Korea, YouTube stock channels increased rapidly due to the high social interest in the stock market during the

COVID-19 period. Accordingly, the role of new media channels such as YouTube is attracting attention in the process of generating

and disseminating market information. Nevertheless, prior studies on the market forecasting power of YouTube stock channels

remain insignificant. In this study, the market forecasting power of the information from the YouTube stock channel was examined

and compared with traditional news media. To measure information from each YouTube stock channel and news media, positive

and negative opinions were extracted. As a result of the analysis, opinion in channels operated by media outlets were found

to be leading indicators of KOSPI market returns among YouTube stock channels. The prediction accuracy by using logistic

regression model show 74%. On the other hand, Sampro TV, a popular YouTube stock channel, and the traditional news media

simply reported the market situation of the day or instead showed a tendency to lag behind the market. This study is differentiated

from previous studies in that it verified the market predictive power of the information provided by the YouTube stock channel,

which has recently shown a growing trend in Korea. In the future, the results of advanced analysis can be confirmed by expanding

the research results for individual stocks.
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TAshH, o A e] 92023 59 715 2319kl oS5 o QA LSTM VIt | dSEES S AT
TEAS BAreta T 23 oF 109 Ae @Aske silon], Ha 2%dA A 61%2] 95 A4EE 1Y
S A Azt Al ddet GgES A ek o] WL Jeong et al[6]> /NE 7199 w2 VAF BT HIAE
A3t Song and Park[15]> AH[AFEO] Q7] frFH A o] IS FE3te] 7IAF B8 B F7t T8 dAE=A]
gl oS AaHoR Hgsrta Wtk A4 2021 d 55 vtk F, 54 T& dis] 71Ake Aol
69 24 AEZETVE] A AlZE A AARE WEolA B SEA 3AY B A, FAY A s dSs A9 g
e 2rEV} B F5S FHT o]F, T TE5 AY 56%9 = AFEE Btk Kim et al[7]S NE FE5
ol A7 5U it tiv] 458 FUFeHE e Btk s AL 2Ry EQY HAES i) AEd Y
aEy 2 FRE FAAE Y] B Eetal f FEE AT Y 7 S49S dESseA dSst
FE FAAEY A Jggoly oS8l tist sh=d don, X2 AR T 7ASE SR A&t
A= A9 o]FojAa glA] etk wEkd B Aol dE A oF 80% A= AFEES el
Skt Al A HE N EA FEEL s FRE T ol Fal M 71 F71e TS dSehe AT
o] A o FHel dial HAsstaat st ojelo &, T3 FIHAFY TS oSt AT ek A
AT E o 2ol FAE Atk 2 = d8 FHATE Kim et al[10]> 2A 2 AR S Tl 4
AT AFZ AN S, 3FeIME AR HHES Ay A 720 o) wel FIHA R ko] o =88 vus)
3t} 4ol e FRE FAAYY S niger Qo Ag . A s BEO F - B 7hde] 7 W
KOSPI A|AA| 4= o Smde] Aus Hrieith 542 24 58 AWt o2 eyt 53 F4A4% 13 4
25 AA s e Al - AT g G FUHAF T d 5]
74.6% = 77227t AVGA T WsS oS 7hsettha 738t
k.
2. O|C|ofe} 28 AlE AYAT Avbe 74 7HE A gk &4 o
o} w72~ mto] 9] 58S ATt sloy, 54
HolBlE &3l w& A Wsts o Setauxt o= Al Al =uhs o] &3 AY A9 AdtE T8 FAE O
L ey A&Ho] gk A FoAAdEL A T oz §7] uio] AxE UAutalslr) ) o Hk B3k o
7HA] A o] B Sl AAE dSstaat stdEd, 0 2o ALES AR AR wme A we) g S oy
A 7HA e A FAHde FESFeta v 7S ASe kel ] wiell, vlo]e] zHAdo] F4] 717 e AF A
= 714 #4(technical analysis)@} 7199 WAZIAE 70X oRE Fdslr] ofHo)
A taAl b= 7]4 B4 (fundamental analysis)©]Ch. 3, AAu|t)o] e} Fauto] o]9oE HZdE F
E3] 7184 EMo M= AY dlo|E(structured data), =, A AR TS 93 AR FEH A sdo] A=A
7199 v, dusE, 7@ v o ARV T4 7 diFHa k. fREE 9 94 FHE Hol dA
A WMES o537 9lste] AREH ST AR AAE 98 7HE dE] 2ol Al fAto] Eoltt
F o= ddlolE 7l&e Adste 4 AEed 4 [1, 12]. FFEE AE T S(subscribe) AR AE S Ad
dlo]Efel| A 1 BAE 5o nAY volE(unstructured = A TR A} 7F AEAES o3, FolQ(Like)
data) & &-8sto] AlS o Sstaat ab Alert o] Folx] |l 2o 8 (Dislike)oF 2 B7F Al2ElS F3l Hl= A
itk 53], W T S d5ety] flal §AEd] At 7HA] Qe ARE ASE 79, F FaHE S
Ut 34 £E 54 2A4S FE8E AR FE Y FES JMsA duE E40] Ui, 13]. E3] fr
ol ETHS]. &4 HHolu} 7 wtole] HAES 8% FH AN WES A5 uid o] Fr dd gy
A7F A=Y, 24 vgols o] EAEe] WAAE B FXE SAl dat 75 28-S B I Al
AR A, ARE F55H= A R oy} o] &7 Aer AR 7 A A AES STHAIZITHAL
A ARE BT F o] FHFH 5HS 7HIT14]. e AdstE 542 72 Ao AR A A
T ARE A& ALsta T 5 vk AolA & TR oA Al Qo] % AEs FAE Ao
24 vholg B3 A ARE A ke oAyt E VIgiEHI itk 2l ® Eehal fRE 74 A
Sofubar giThs, 15]. webA] 72 71 A el vigk 28 ARY B 45 gieid e e A7 AY o) F
Htjofel 72 wro]o] o8-S A AUt v AA XUTE kA 2 A e fRE FAAE Y
o]Fo ATk Kim et al[9]> U] LHAPIE FAERN 58S 4S8t sty FALCRE fFRFE T2 4
A A oJZo] A7 o] F A F4 74 MES  de FH &2 A o] may A FYES o =T
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[e) 1

A3 HMAE B G dolHE T8 A%
[e]

ZRIaWGE Tt VAL AlE, FH4, A, A 2T
dAES S ofF £ 9AES AAlsta, &
Z3Htokenizing), FEhA T4, =80l Al T HHE
AR A AR = EF AA sl

FrirE FAAE 2aHES vloly S w2A7|AF &
T T olF, FHg dAEdA IS e 2ol F
=tk A4 FE01= Cho et al[2, 3]0] AlQFe AlF
E3} 7+2dALHd KOSELF(Korean Sentiment Lexicon for
Finance)E WM o2 thojdl 714 S 53819t A
ool disl] dee oF 196N FHAL e de ~E B
A BEo| tate] FAH e YA F 7K HER R

=)
o] E] 24+ FnGuideS 3] Z23200 A= 4 Al &4 th <Table 2> wro]d 7HA 3ol X183k 3h¢5 o
7y, A7E E7E AAUE B FE dHolHE st 9 7S YEith IR MEE BT dEks
3 FEE SA¢ vlo]H &= <Table 1>3 Zo] 72 54 (dTPRC)Q| eyt Bux SAlH o] 29 24 234
Ad TG Td ok AR7IE TN FFE E(CAR[0,+1])9] WaFo] BF oK+)e] Wl A¢E 9
FAAE A2 Ny FANTA} dukelo] AT Q1 mEh, MR B &) Wl Ae R UFE
7] R A 2 AR Aol7h Qe ALE B ougit o] 54 wofrt AP WFA HHe WE
A ok G Wt 23 7N g9 S AASSl R 3 WFelA Fde Niest o Be A9 8T
o}, olef wet ghm A A A gt ATV, 18] dolE g WFEE EFaArh
37 AE AZRTVE ARSI B 2 fRE
Ad 54 4 FAAHRG Fae 5940 g 23 o <Table 2> Two Classes used to Train Sentiment
90 AN 7)Mo APk AA - 4 B 4 — — Ye—
AZE S ARl 5 B 235 7 Y 94 EEE Criteria Sentiment Sentiment
T ez Sk B8 V7o R = 2022 9 1H Direction of dTPRC Positive Negative
H 2023 2 289744 & 67129 dHolHE 38t Direction of CARjo. Positive Negative
A oo BA fRE A g4 dolHol ] wE
ol 3 F=& sl 99 54 HolgE 9AE ) M o] o] AWz OPNE TS} o] aj &
ol 2AREGeripy e AL AL7F 2k =, AClE) A7) 349 Sueos)dlA T BAZF 24U HE
3t 24 <12 (Speech Recognition; Speech-to-Text; STT) (NEG) 7t 2ol A olatsir.
AAe7h dasty, & AgolAM= Python R Naver
CLOVA Speech #]a2E gh-gsto] 7} oA ~2aHE POS— NEG
£ 3% 9 925 Agadrh Sd AE7IAHE Python OPN="TENGTH
<Table 1> Data Collection for Sentiment
Criteria — YouTube — News
Institution Individual
Channel Name/Source HanKyungTV SamproTV Naver Finance
Channel Set Up Date Oct. 25, 2011 Jan. 17, 2019 None
Number of Subscribers 1.05M 231IM None
Selected Sample Finish up E;Z:ﬁ::ty and Stock Market Inside Market Condition and Outlook News
Broadcasting Time Mon. to Thu. 17:00 Mon. to Fri. 07:30 )
Features | Average Video Length 50 min. 30 min. ilizzlrlzgzdo]f)yl 0152 tf;\jfssse;osts per day
Average Views 78K 250K
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o714 FA7F SAFR) Y GES A U =8 N
H oo SA(FA) SES BT et Aottt =
gk OPN W= 7 Al e] Zolo] g 5 - §-4 gge
AxE BAE7] flste] /i A9 Ao|(LENGTH)=
Fstate] AHg-shAd
33 AT £2E SE oS 2

B ATl frRE FAANE B aTAF s

o tall F2 714 dFo] EAg=A AFE A5
flsto] 23] A T2 oS BYS A # A
T9] o BPEL ALY %]zl\‘gﬂlg(}?eturn,)%%jﬂr s
o= FEH ot & o]xl - (Binary Classification)
& BxE dth B VATFAA ol &R EA
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Regression Model)S AH8-3FS1TH.
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Accuracy= I+ IV '
TP+ FP+ TN+ FN
Precision— TP
recitsion— W
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TP
Recall = i
Fl— __ 2XPrecision X Recall
seore (Precision+ Recall)

*TP: True Positive; TN: True Negative; FP: False Positive; FN: False
Negative

o] 714 <A (Positive)’ 2 24 (Negative)’ & 2 o] 4

=3} ‘?.ﬂ-?—% YER™, “ZH(True) 2 <A #l(False) & 23
3 M7 AAet sdEA] oFE vERATH

4.1 A[HE R 24

WA 7k A 9] 7HAo] KOSPI 714 Wgol Aaat=A|
o5 AAE a2 S Fel ettt & AellM =
WA e V17 RS Ageln glo] F4 HAL
98l 7} W4re] 59 o] B I HS AL8-5kd ) <Figure 1>
S FRE SATV 2] I 724 '}F(OPN)Q} KOSPI
Qselse] A FolE vehdth o] A% ATV A
do] 714o] KOSPI U2 Eof oF d5d Ali g 71
Aegsta ot W E <Figure 2> YERH fiFE 4
2TV Ao e A Fo 8l 2387 FYste 4%
S BRIt} <Figure 3> A] vlolH 729] 7S L]
X3 Qo] AATro. 7} 401 7 $79l0] GAte

HE S ®lth

—— 5-day moving average of daily opinion(Z+ZTV)

—— 5-day moving average of daily KQSPI return
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<Figure 1> Daily OPN from HanKyungTV YouTube Channel and KOSPI Index Return
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<Figure 2> Daily OPN from SamproTV YouTube Channel and KOSPI Index Return
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<Figure 3> Daily OPN from Naver Finance News and KOSPI Index Return
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<Table 3> Correlation Coefficient between KOSPI Index and Opinion from HanKyungTV YouTube before t-days

Index t=0 t=1 t=2 t=3 t=4 t=5 t=6 t=7
Opening Price 0.124 0.157 0.203" 02617 0325 0386 " 0.445™" 0.494"
Highest Price 0.128 0.168 0.216" 0277 0342 0.403™" 0457 0.502""
Lowest Price 0.135 0.173 0.220" 02817 0347 0.408"" 0464 051"
Closing Price 0.142 0.189" 0.237" 0.300"" 0364 0.420™" 0.470"" 0513
Return Rate 0.083 0.234" 0.287" 0359 0386"" 0345 0308"" 0.262"

Trading Volume -0.094 -0.086 -0.063 -0.009 0.000 -0.010 -0.059 -0.111

Index t=8 t=9 t=10 t=11 t=12 t=13 t=14 t=15
Opening Price 0.528"" 0.540"" 0532 0.503"" 0.461"" 0.420™" 0.383"" 03617
Highest Price 05277 0534 0.520™" 0.489"" 0.446"" 0.409™" 0375 0359
Lowest Price 0541 0549 0539 0509 0467 0426 0392 0373
Closing Price 0533 05377 0.524"™" 0492 0452 0417 0386 0371
Return Rate 0.146 0.034 -0.065 -0.194 02717 -0.286" -0.266" -0.200

Trading Volume 0.209° 0.273" 0367 0453 0537 05717 0614 0.598""
p<0.1, "p<0.05, "p<0.01.

AAE FA4 gl 7.%?% OSPI Ao Addst Aoz sk Zo® YEhuth T3 ol A& - A e
o E= FrFE ATV 36l disia] Al e 13 —8— KOSPI 791 & ®&¥ AlAF §lo] st &4 0]
S 71859tk <Table 3>— KOSPI ARt fFH &= Zoz yepyh
ATV Ad AR F A AR daaAE Jeda 9l
ok 53] FRE A4 A A8 ol 5 ERlsr] gt 4.2 HISEH Ml "I}
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