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ABSTRACT

Purpose: The purpose of this study is to enable users to conveniently report risks by automatically
classifying risk categories in real time using Al for images reported in the life safety prevention service
app. Method: Through a system consisting of a life safety prevention service platform, life safety
prevention service app, Al model serving server and sftp server interconnected through the Internet, the
reported life safety images are automatically classified in real time, and the Al model used at this time
An Al learning algorithm for generation was also developed. Result: Images can be automatically
classified by Al processing in real time, making it easier for reporters to report matters related to life
safety.Conclusion: The Al image automatic classification system presented in this paper automatically
classifies reported images in real time with a classification accuracy of over 90%, enabling reporters to
easily report images related to life safety. It is necessary to develop faster and more accurate Al models
and improve system processing capacity.

Keywords: Al Classification, Model Serving, Model Serving Server, Sftp Server, Internet, Synchro-
nization
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Table 2. Classification accuracy of classified images according category
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el 300 276 92.0
7| 300 262 87.3
Bt e 90.9
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