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Abstract

As many different over-the-top (OTT) services become ubiquitous, demands for high-quality content are increasing. However,
high dynamic range (HDR) contents, which can provide more realistic scenes, are still insufficient. In this regard, we propose a
new HDR video reconstruction technique using multi-exposure low dynamic range (LDR) videos. First, we align a reference and
its neighboring frames to compensate for motions between them. In the alignment stage, we perform content-based alignment to
improve accuracy, and we also present a high-resolution (HR) module to enhance details. Then, we merge the aligned features to
generate a final HDR frame. Experimental results demonstrate that our method outperforms existing methods.
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