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Factors of Information Overload and Their Associations with
News Consumption Patterns: The Roles of Tipping Point
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[. Introduction

Experiencing information overload became a wide-

spread phenomenon during an era where some politi-

+ This study was financially supported by Chonnam
National University (Grant number: 2022-0199). This
work was also partially supported by the Ministry
of Education of the Republic of Korea, The National
Research Foundation of Korea
(NRF-2019S1A3A2099973).

cians and news networks frame world events in incon-
gruent and divisive ways. Increased channel options
and news outlets, especially considering the advances
in technology over recent decades, exacerbate the issue
of information overload. Many people are overwhelmed
by the amount and types of news information they
receive and access daily through various outlets (Holton
and Chyi, 2012). Researchers have examined relevant
issues of information overload such as emotional ex-

haustion and new avoidance (e.g., Fu et al., 2020;
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Guo et al.,, 2020; Lee et al., 2017, Zhang et al., 2020),
but most have focused on a single aspect of this phenom-
enon, such as time perception or technology usage,
rather than multiple dimensions of information overload
simultaneously (Fink et al., 2018). Perception of in-
formation overload surely happens at individual cogni-
tion; however, information overload is a multilayered
phenomenon as Jackson and Farzaneh’s model (2012)
shows; it has both intrinsic and extraneous sources
and various outcomes including further information
seeking and exposure (Roetzel, 2019), which has dy-
namic consequences, particularly in the context of news
consumption.

Previous studies have shown perceptions of news
information overload are related to several patterns
of news consumption such as avoidance, selective ex-
posure, and willingness to pay for contents (e.g., Lee
et al., 2016). News consumption was considered one
of the major forms of communicative outcomes (i.e.,
information seeking and exposure) of information over-
load (Roetzel, 2019). Individual news consumers may
have varying levels of cognitive threshold for tolerating
the amount of information they can process at one
time (i.e., tipping point; Hawes, 1971; Jackson and
Farzaneh, 2012) and various factors and conditions
impact whether they will keep consuming news or
stop and avoid news altogether to not feel overwhelmed
by the amount of incoming news (Lee et al., 2016).

However, a simultaneous examination of the rela-
tionships between such various sources of information
overload (e.g., technology, time constraints, social net-
works) and distinct types of news consumption (e.g.,
active, or passive consumption) has not been ex-
tensively performed. Due to the change in media tech-
nologies and news environment, individual news con-
sumers can now engage in proactive and interactive
news consumption by selectively exposing themselves

to news they need or want and sharing those with

others (Kim and Choi, 2015). This is a significant
change from the previous pattern of news consumption,
which was rather passively receiving news from the
media. Thus, it is necessary to distinguish these two
types (i.e., active vs. passive) of news consumption
along with the changing media landscape. To fill the
gap in existing studies, we first define the practical
components of information overload by discussing key
factors that have been identified, either theoretically
or empirically, as contributing to information overload.
Then, the study examines the relationships these factors
have with news consumption patterns as a communica-
tive outcome behavior (Roetzel, 2019). We examine
multiple sources of information overload, as proposed
by Jackson and Farzaneh’s (2012) factor-based model
that has laid out three unique contributing factors (i.e.,
intrinsic, extraneous, and mixed [intrinsic/extraneous])
to information overload, which would relate to in-
dividuals’ tipping point in news consumption decision.

More specifically, we examine time as an intrinsic
factor, technology as an extraneous factor, and both
size and diversity of social networks as separate mixed
(intrinsic/extraneous) factors of information overload
(Jackson and Farzaneh, 2012). Time is an important
factor of information overload (Guo et al., 2020;
Roetzel, 2019) as being a limited resource, it can create
cognitive burden when news consumers feel like they
spend more time than necessary to search for
information. Various communication technology such
as email, phone call, texting, social media can increase
perceived information overload (Fu et al., 2020) as
news consumers may feel they receive more in-
formation than they need and can handle through all
those outlets (Lee et al, 2017). Individuals’ social
networks can become both direct and indirect sources
of information overload as they provide information
directly in-person or indirectly through mediated chan-
nels such as social media (Koroleva and Kane, 2016;
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Min, 2020; Sasaki et al., 2015).

This study uniquely contributes to understanding
the phenomenon of information overload by first em-
pirically testing relationships among theoretical factors
of information overload (Jackson and Farzaneh, 2012)
in the context of news consumption; and second by
recognizing some factors may increase, not lower, the
information overload threshold or tipping point (Li
and Sun, 2014; Soroya et al, 2021) where an individual
is feeling overloaded and cannot process further in-
formation (Hawes, 1971). Despite feeling overloaded
with information from various sources (i.e., limited
time, technology, and social networks), news consum-
ers may not necessarily stop seeking or receiving news
according to our research findings.

IO. Literature Review
2.1 News Consumption and Tipping Point

News consumption can be understood as one type
of communication behavior associated with in-
formation overload and its related decision-making
outcomes (Roetzel, 2019). Lee et al. (2016) found
that perception of news information overload was asso-
ciated with selective exposure to news and news avoid-
ance, both of which are considered as coping mecha-
nisms of news information overload. Existing studies
have begun to illuminate the effects of news information
overload on news consumption patterns (Holton and
Chyi, 2012). For instance, some news consumers prefer
to access news through their social media as they believe
their network contacts would most likely share the
news, they might be interested in knowing about, a
type of filtering and selective exposure to news (Pentina
and Tarafdar, 2014).

Moreover, several factors of information overload,

theorized by Jackson and Farzaneh (2012), may also

influence both information seeking and news exposure.
Lee et al. (2016, 2017) examined one extraneous factor
of information overload (i.e., technology usage), but
accounting for intrinsic and mixed (intrinsic/extra-
neous) factors causing information overload, suggested
by Jackson and Farzaneh, will provide a more compre-
hensive picture of the overall relationship between
information overload and news consumption, specifi-
cally in terms of news information seeking and
exposure.

Information seeking of news refers to individuals
actively pursuing information to both find news sources
and share news with their networks (i.e., active news
consumption). On the other hand, news information
exposure refers to individuals both directly receiving
news and indirectly being exposed to news by reading
social media posts shared by one’s networks for exam-
ple (i.e., passive news consumption; Kim and Choi,
2015). It is possible that news consumers overwhelmed
by the amount of information may avoid additional
exposure to news and decide to just receive whatever
information that comes to their feed (i.e., passive news
consumption; Lee et al., 2016, 2017). However, others
might still engage in active news consumption due
to the desire of finding factual and accurate information
even if they feel information overload.

According to the theoretical concept of tipping point,
or the point where an individual is cognitively over-
loaded and cannot process further information (Hawes,
1971), individuals may not be overloaded although
they may feel overloaded. If they are not actually
overloaded and can still cognitively process in-
formation, then they may seek additional information
to counter anxiety and resolve uncertainty (Soroya
et al., 2021). Other studies also show that intensity
of communication can increase (Li and Sun, 2014)
or decrease (Schneider, 1987) because of information
overload. Tipping points or cognitive thresholds vary
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from person to person or from content to content (Fink
et al., 2018). The point at which an individual feels
overloaded may be distinct from when they are actually
overloaded and cannot process additional information.
For example, Fink et al. (2018) suggest “the decision

threshold is likely to proceed the information overload
threshold for free apps and exceed it for paid apps”
because consumers of paid apps attribute higher im-
portance to their information processing and thus, they
are more likely to experience overload in their decision

(Table 1) Existing Literature on Information Overload and Contrasts with the Current Study

Authors

Focus

Difference from the current study

Holton and
Chyi (2012)

Explores areas of news surplus and overload, examining
factors associated with the degree of perceived overload
across a broad spectrum of news delivery platforms

Focused on a single aspect of information
overload, technology (new access
platforms)

Misuraca and

Perception of time as a measure of the cognitive workload
associated with decision-making types; satisficers adopt

Focused on a single aspect of information

T(ezugizgl;:r a more malleable decision-making process than overload, time.
maximizers.
. Proposes models to capture the characters such as the |Focused on information overload on
Li and Sun . o . .
(2014) network, the user behaviors, and the process of specific platforms, social network sites

information diffusion under information overload

(Facebook-like SNS).

Vacek (2014)

Behavior of email users has not changed much over 12
years and the email overload still occurs and causes many
hours being used inefficiently

Focused on communication overload via
a specific channel, email.

Pentina and

Factors influencing news consumption and the role of

Applied information processing lens and
sense-making theory to analysis of

T(e;rgfie)lr isr?fc;il::tlii(::aoxrﬂ)?ésmg strategies for addressing qualitative data; highlighted the role social
media filtering information
Sasaki et al. |Analyzed the number of tweets received, number of |Focused on information overload on a
(2015) friends, and density of a user’s egocentric network |specific platform, Twitter
Lee et al. |Antecedents of news information overload and news Focused on three antecede.nts: news
(2016) consumption consumptions through multiple platforms,
P news attention and interest.
Lee et al. |News access through social media and moderating role Fg;isi?osrgfh%‘;s;ﬁ;i ?Sle;l]l(il d:rsa?tzsd b
(2017) of information overload perception pereeption ot Jo . Y
their perceived information overload level
Fink et al. |Maximum cognitive load is experienced at lower review | Focused on a single aspect of information
(2018) lengths for paid apps than for free apps overload, time.

Fu et al. (2020)

Examined how system feature, information, and social
overload adversely affects users’ social media

discontinuance

Focused on information overload on
specific platforms, social network sites
(Facebook) and applied the
stressor-strain-outcome framework

Focused on information overload and

Guo et al. |Social network fatigue partially mediates the impact of avoidance on specific olatforms. social
(2020) information overload on information avoidance behavior. . P p >
network sites.
Developed an integrated model to determine the Focused on a spe(;lflc plat_f orm, WeChat;
Zhang et al. X consequences of information overload
antecedents and consequences of WeChat users . .
(2020) were negative emotions and

perceived information overload

discontinuance.

Soroya et al.
(2021)

Factors leading to information avoidance during
COVID-19 pandemic; only social media exposure results
in information overload and information anxiety

Applied stimulus-orientation-response
model and focused on information seeking,
overload, and avoidance during COVID-19

Note: The list is organized by the year of publication and alphabetic order of authors’ last names.
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making (p. 34).

This study aims to examine how various factors
of information overload, proposed by Jackson and
Farzaneh (2012), are simultaneously associated with
both active and passive news consumption behaviors.
In the following, we discuss each factor of information
overload, their relevant research findings (see <Table
1> for a summary of existing literature since 2010
and their distinct foci), and how they relate to the
two types of news consumption with a special attention
to the concept of tipping point.

2.2 Time as an Intrinsic Factor of
Information Overload

Intrinsic factors of information overload are
“fundamental elements of the information overload
problem and directly influence information overload”
(Jackson and Farzaneh, 2012, p. 525). Some empirically
supported examples of intrinsic factors are quantity
of information (Fink et al., 2018; Fu et al., 2020;
Miller, 1994), time constraints (Guo et al., 2020), and
information processing capacity (De Jong, 2009).
According to Roetzel (2019), time-related perceptions
such as feeling pressure or constraints are an important
condition that affects further information search and
exposure, decision-making, and the occurrence of in-
formation overload. Prior research has shown that per-
ception of time can vary by decision-making types
(e.g., Maximizer vs. Satisficers) as cognitive workload
is different by those types (Misuraca and Teuscher,
2013). However, previous studies did not consider
time-related information overload in the context of
news consumption along with other sources of in-
formation overload.

Time has been found to be a key factor that influences
information overload due to increased cognitive burden
when the amount of information is vast and time to

process such information is limited (Guo et al., 2020).
With more strain on cognitive capacity, individuals
will experience increased mental exhaustion when time
is limited. Therefore, among various intrinsic factors
of information overload, the current study first focuses
on time-related aspects. Generally, we can expect that
the time constraints imposed by the environment, in-
dividual, or some other factors contribute to a height-
ened perception of information overload. In that sense,
time-related information overload refers to a perception
of time as a limited resource while engaging in in-
formation search activities such as news seeking.

However, how news consumers feel about their
spending time while searching for information they
need, whether they can quickly identify information
with little time, or they spend more time than necessary
due to the sheer quantity of information available to
them can vary by individual and group contexts. In
other words, news consumers may feel more con-
strained in their time while actively seeking for in-
formation they need; but it is unclear how such feeling
of information overload caused by time pressure would
be related to passive news consumption such as receiv-
ing and being exposed to news without necessarily
seeking them. Particularly, time-related information
overload is likely to alter the way individuals seek
or avoid news as time pressure (defined as “the percep-
tion that there is an inadequate amount of time available
to do all that needs to be done”; Guo et al., 2020)
strengthens the effect of social network fatigue on
information avoidance behavior.

In addition, it is noteworthy that Jackson and
Farzaneh’s (2012) theoretical assumptions involve a
tipping point. They further proposed individuals would
choose between pushed and pulled data depending
on the level of information overload and control they
want to have over it. When individuals begin to experi-
ence cognitive discomfort, they may begin to cease
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pulling data, and instead only receive information push-
ed to them. Applied to the context of news consumption,
individuals may engage in passive news consumption
more than actively seeking news once they start feeling
overloaded by the amount of news information with
a limited time.

While it would be challenging to accurately measure
individually varying levels of cognitive threshold for
information overload, it is important to note that the
tipping point will influence individuals® decision about
active and passive ways of news consumption. Thus,
depending on the individually varying tipping point,
time-related information overload may be positively
or negatively related to news consumption patterns.
News consumers may stop actively seeking information
once they feel overloaded; but they may not stop receiv-
ing news (i.e., passive news consumption) until they
actually reach the tipping point. Thus, we ask the follow-
ing research question:

RQ1: How is time-related information overload asso-
ciated with (a) active and (b) passive news

consumption?

2.3 Technology as an Extraneous Factor
of Information Overload

Extraneous factors also lead to perceptions of in-
formation overload, but only to the extent they influence
intrinsic factors (Jackson and Farzaneh, 2012). Exam-
ples of extraneous factors include information charac-
teristics (Vacek, 2014), information quality (Guo et
al.,, 2020, Slawson et al., 1994), task and process param-
eters (i.e., boundary conditions; Bawden, 2001), and
personal conditions (Owen, 1992). These factors likely
play a role in information overload by altering the
level of intrinsic factors’ influence.

Specifically, what some scholars would refer to as

media control, Jackson and Farzaneh (2012) classified
them as pulled and pushed data. When individuals
have more control over the presentation of data, it
is pulled. An example of pulled data is an interactive
website because visitors of the website control the
hyperlinks they click on. Pushed data, on the contrary,
are media forms where the user has little control over
the presentation of data, such as a traditional news
broadcast, as the only control the user has is changing
the channel. Accordingly, pulled data might be more
relevant to active news consumption with more control
by individual news consumers and pushed data to pas-
sive news consumption with less control by them.

The amount of pushed or pulled data influences
not only the extent of information overload individuals
experience, but also which media consumers choose
to use, based on the degree of control they desire.
Technologies therefore impact information source de-
sign (Lee et al., 2016; Sasaki et al., 2015) or can
become sources of stress in the environment when
news consumers rely on them too much (D’Arcy et
al., 2014; Kim and Kim, 2014; Tarafdar et al., 2010).
Technologies vary in forms, quality, and personal pref-
erences leading to potentially increased or decreased
information overload depending on their usage. If in-
dividuals use multiple platforms simultaneously to ac-
cess information and let technologies interrupt their
tasks (i.e., multi-tasking), their information processing
capacity might decrease (Jackson and Farzaneh, 2012).

However, technology itself does not directly influ-
ence information overload, but rather moderates or
mediates the amount of information available to
individuals. Therefore, technology is an “extraneous”
rather than an “intrinsic” factor of information overload
(Lee et al., 2017). Among various extraneous factors
of information overload, the current study focuses on
technology-related information overload considering
its importance in the digital age. Increasingly, our daily
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communication including news consumption is medi-
ated through some sort of technology, be it mobile
phone or computer; and people rely heavily on those
internet-enabled devices for their various information
activities such as news search, news reading, and social
communication. Individual news consumers may vary
in their extent of using diverse technological platforms
and the more varied types of technology they use simul-
taneously for receiving and retrieving information (e.g.,
passive, and active news consumption), the more over-
loaded they may feel.

Technology-related information overload refers to
how individuals feel overloaded based on the amount
of information they access through various techno-
logical outlets, such as social networking sites (Guo
et al., 2020; Koroleva and Kane, 2016; Li and Sun,
2014) or mobile applications (Fink et al, 2018), which
is likely to change the amount of news received or
retrieved through the time it takes to process information
in the news. The level of technology-related information
overload may then affect both active and passive news
consumption patterns indirectly through its association
with time-related information overload. While prior
studies mostly examined information overload experi-
enced through a specific channel like Twitter (e.g.,
Sasaki et al., 2015) or Facebook (e.g., Fu et al., 2020),
it became necessary to consider multiple types of tech-
nologies news consumers use to access news and how
overall feeling of overload might be connected to their
perception of time constraints. Thus, we propose the
following mediation hypothesis between technol-
ogy-related information overload on news consumption
patterns through the perception of time-related in-

formation overload:

H1: The relationships between technology-related
information overload and both (a) active and
(b) passive news consumption will be mediated

through time-related information overload.

2.4 Social Networks as Mixed
(Intrinsic/Extraneous) Factors of
Information Overload

This last category contains factors influencing in-
formation overload directly and other factors that lead
to information overload indirectly (Jackson and Farzaneh,
2012). The main variable considered intrinsic/extra-
neous is the source of information (Edmunds and
Morris, 2000). For example, a speech presented by
a country’s leader may have both a direct influence
on information overload and an indirect influence
through the way it is presented and discussed by other
sources like news media. Several dimensions of in-
formation source such as databases, social networks,
source design, and source preferences have been studied
(Roetzel, 2019). Each of these dimensions also has
various sub-factors contributing to information over-
load, and the current study focuses on the aspect of
social networks as sources of information considering
the significant role of social networking sites in news
exposure and circulation (Lee et al., 2017; Pentina
and Tarafdar, 2014).

The number of connections people have (i.e., net-
work size), and the diversity of such connections could
be influential characteristics of information sources
that would impact both intrinsic (e.g., time) and extra-
neous (e.g., technology) factors of information overload
(Koroleva and Kane, 2016; Sasaki ef al., 2015). For
example, the larger an individual’s social network is,
the more likely one is to hear about various world
events more frequently via in-person or mediated
communication. Sasaki et al. (2015) found that Japanese
Twitter users” number of friends (i.e., network size)
had a positive effect on perceived tweet overload.

Furthermore, the more diverse an individual’s network
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is, in terms of social and demographic orientations
(e.g., politics, religion, sex, age) and tie strength compo-
sition (i.e., ratio of strong and weak ties), the more
likely one is to hear diverse reports and perspectives
of news, which may be contradictory to one another
(Siegel, 2009).

Social network literature shows that weak ties (i.e.,
contacts in one’s social network with whom one com-
municates sparingly and feels less emotional closeness
compared to strong/close ties) tend to be larger and
more diverse compared to strong ties (Siegel, 2009).
News consumers who appreciate the exposure to diverse
perspectives may keep relying on their social networks,
especially weak ties, for receiving news (Koroleva
and Kane, 2016); but others who feel overloaded with
the amount of news and conflicting perspectives coming
from diverse contacts may end up reducing the amount
of exposure, rely only on strong ties, or avoid the
sources altogether (Guo et al., 2020; Lee et al., 2016).
Thus, social networks, as a type of information source,
likely play an important role in the occurrence and
management of information overload. As Pariser (2011)
discussed the idea of filter bubbles, Facebook and
Google users get to interact with like-minded others
in the network depending on personal orientations (e.g.,
politics, preferences, tastes; Kang et al, 2015) and
computer algorithms (e.g., search history). Thus, the
composition of an individual’s social networks in their
size and diversity would influence, at least partially,
the type of news they are exposed to (i.e., passive
news consumption).

Individuals with larger social networks are likely
to be exposed to a greater amount of news with varying
viewpoints and these various viewpoints may not only
influence news consumption patterns directly but also
have indirect effects via time-related information
overload. Large network size was associated with in-

formation overload in previous studies (Koroleva and

Kane, 2016; Sasaki et al., 2015; except for Zhang
et al., 2020, as their study found number of WeChat
subscriptions followed was not associated with in-
formation overload) due to the large volume of in-
formation brought in by many sources in social
networks. Thus, it may take more time for individual
news consumers to process such volume of information
coming from their large networks, which may con-
sequently influence their active and passive news con-
sumption frequency. Research shows large network
size is associated with higher levels of social capital
(i.e., resources embedded in social networks) and civic
engagement (Gil de Zaiiiga et al., 2012); hence, we
propose positive relationships between network size
and both types of news consumption as engaged citizens
will actively seek and receive information relevant

to their local and political issues.

H2: Network size will be positively associated with
(a) active and (b) passive news consumption
H3: Time-related information overload will mediate
the relationship between network size and (a)

active and (b) passive news consumption.

Because news consumers with a more diverse social
network are more likely to see news from both liberal
and conservative channels, in terms of political ori-
entation for instance, they may feel the need to seek
out additional information to verify factuality of certain
news or have a balanced viewpoint on issues, an active
news consumption. Due to the diverse networks that
usually accompany a large network size, they would
also receive and be exposed to greater amounts of
news (thus, passive news consumption) compared to
those who have less diverse networks. Along with
network size, individuals’ network diversity is consid-
ered as a mixed factor, which means it could affect

information overload both directly and indirectly
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(Koroleva and Kane, 2016; Sasaki et al., 2015). Thus,
it is also expected that network diversity will be related
to news consumption patterns through its association

with time-related information overload:

H4: Network diversity will be positively associated
with (a) active and (b) passive news consump-
tion.

HS: Time-related information overload will mediate
the relationship between network diversity and

(c) active and (d) passive news consumption.

In addition to the RQ1 and three sets of hypotheses,
this research also assesses a theoretical model of in-
formation overload and the associations between multi-
ple factors of information overload and both types
of news consumption. The model of Jackson and
Farzaneh (2012) with various sources of information
overload and the theorization of their relationships
with social networks and news consumption were uti-
lized as a guide to develop the following research
model of information overload and news consumption
patterns (see <Figure 1>).

In this model, we theorize technology-related in-

formation overload as an extraneous factor and social
networks (size and diversity) as mixed factors (intrinsic/
extraneous) will be associated with both types of news
consumption patterns through the mediation of time-re-
lated information overload, an intrinsic factor. Social
networks components would also have direct associa-
tion with both active and passive news consumption
as they are theorized as both intrinsic and extraneous
factors of information overload.

. Methodology

The sections to follow detail the participants and
procedures of this study. Participants were compen-
sated for completing an online survey by the rate de-
termined by a South Korean survey company,
Macromill Embrain. The research team hired the
company and paid $5 per survey response gathered
by them. The study was approved by the Institutional
Review Board of the first two authors’ school of af-
filiation when data was collected during August 2015.
The response rate was not provided to the researchers
as the survey company recruited participants from
their panel.

Hla&b

Time-related
Information
Overload™

Technology-related
Information Overload”

H3a &b

Social Network Size”

H5a &b

Social Network
Diversity

Note: Symbols represent ~ = intrinsic factor, +

extraneous factor,

RQla

Active News
Consumption

Passive News
Consumption

H4b (+)

N

= intrinsic/extraneous factor.

(Figure 1) Theoretical Path Model of Information Overload.

2023. 8.



ol M & - William Howe - 24 & %

3.1 Participants

Out of 1166 total participants, 50.7% were males,
and their age ranged between 20 and 64 (M = 42.2,
SD = 12.1). College graduates were 62.3% of the sam-
ple, 27.3% reported less than a college degree as the

(Table 2 Participant Demographics

highest level of education, and 10% of the sample
had some graduate school or a graduate degree. The
education level of this sample was rather high; but
considering the percentage (32.2%) of adults (between
25 and 64 years old) who obtained a college degree
or equivalent education in South Korea was highest
among 46 OECD countries in 2020, the sample repre-
sented the South Korean population to a certain extent.
In addition, the tertiary education attainment among
younger generations (25 to 34 years old) of South
Korea was also the highest among the same comparison
group (69.8%). Less than a quarter of the sample
(24.2%) earned $2000 or below per month as their
income, while 40.2% eamed between $2001 and $4000.
About a quarter of the sample (25.1%) earned between
$4001 and $6000 and the rest (10.5%) earned over
$6000 as their monthly income.

Among major cities and administrative districts of
South Korea, residents in Kyungki-do were represented
by 22.8% and Seoul, the capital, was represented by
19.3% of the sample. Residents of Busan, Daegu,
Inchon, Kyoungbuk, and Kyoungnam were each over
5% of the sample, and the rest of the areas such as
Gwangju, Daejeon, Ulsan, Gangwon, Chungbuk,
Choongnam, Chonbuk, and Chonnam each represented
about 3.5%. Many participants (41.5%) worked for
an office-based/clerical job, other reported job catego-
ries were full-time homemakers (15.3%), professionals
(12.2%), services/sales (10.6%), students (8.3%), pro-
duction (2.7%), technicians (2.1%), and others (3.5%).

3.2 Procedures

An online survey was used to collect data from
South Korean citizens, and participants were asked
to complete measures of information overload, news
consumption, network size and diversity. The data were
checked for common method bias using Harman’s sin-

Variable %
Sex
Male 50.7
Female 49.3
Education
College graduates 62.3
Less than a college degree 27.3
Some graduate school 10.0
Income
$2000 or less 24.2
$2001 and $4000 40.2
$4001 and $6000 25.1
$6001 and higher 10.5
Geographic Location
Kyungki-do 22.8
Seoul 19.3
Busan, Daegu, Inchon, > 50
Kyoungbuk and Kyoungnam
Gwangju, Daejeon, Ulsan,
Gangwon, Chungbuk, - 35
Choongnam, Chonbuk and
Chonnam
Occupation
Office-Based/Clerical 41.5
Homemaker 15.3
Professional 12.2
Service/Sales 10.6
Students 8.3
Production 2.7
Technician 2.1
Other 35
M SD
Age 422 12.1
10
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gle factor score (28.71%), which indicates common
method bias is not present (Podsakoff et al., 2003;
2012). Data were also checked for systematic missing
data and the missing values analysis with SPSS in-
dicated that data were missing completely at random
as Little’s MCAR test result was insignificant (p >
.05; Bose, 2001).

3.2.1 Information Overload

Participants rated their perceived information over-
load on a total of twelve statements regarding in-
formation overload, adapted from Lee et al. (2016).
Lee et al. identified two types of information overload
from their study: general and news information
overload. The current research utilized measurement
items of general information overload and further ex-
plored whether there were any sub-dimensions by per-
forming an exploratory factor analysis (EFA). Partici-
pants rated on a 7-point scale (I = strongly disagree,
7 = strongly agree) how well each of the statements
represented their recent experiences of information
overload. Based on the EFA from these initial 12 items,
two factors were generated and named as the following:
Time-related information overload and technology-re-
lated information overload.

Time-related information overload included four
items (M = 3.79, SD = 1.20, Cronbach’s alpha = .87)
such as “T often felt that I spent too much time searching
for information I need.” Technology-related in-
formation overload included five items (M = 3.35,
SD = 1.30, Cronbach’s alpha = .90) such as “I often
felt that I received more instant messages (texts, instant
messenger, WhatsApp) than I could handle.” Three
items were removed from further analysis due to them
being cross-loaded over two factors. The two factors
of information overload explained a total of 73.02%
of variances and the Kaiser-Meyer-Olkin measure of
sampling adequacy was .94 with Barlett’s test of spher-

icity being significant (Approximate Chi-square value
= 12292.18, df = 66, p <. 001; see Appendix for more
detailed factor analysis results).

3.2.2 News Consumption

A total of 11 items measuring various activities
related to news consumption were used with a 7-point
scale (I = not at all, 7 = very well; Kim and Choi,
2015). Participants were asked how well each of the
statements represents their news consumption
behaviors. Based on an EFA, with varimax rotation,
of these 11 items, two factors were generated: active
and passive news consumption. The two factors ex-
plained 71.6% of the variance. Active news con-
sumption (M = 2.94, SD = 1.40, Cronbach’s alpha
= .89) included five items such as “I have shared
news links through social media.” Passive news con-
sumption (M = 2.64, SD = 1.35, Cronbach’s alpha
= .92) also included five items such as “I have received
news/headlines through webpages or RSS”.

3.2.3 Network Size

Participants’ network size was measured by nine
different categories of relationships, and then classified
into three broader groups (i.e., strong ties, weak ties,
and mediated ties). The sum of strong ties (i.e., close
friend, family, sibling) average was 19.27 (SD = 27.21,
range 0 - 508), weak ties’ (i.e., relative, coworker,
neighbor, voluntary organization members) average
was 4092 (SD = 90.27, range O - 1180), and mediated
ties’ (i.e., SNS and cell phone contacts) average was
127.35 (SD = 183.60, range O - 1800). A total network
size variable was calculated aggregating all three
groups’ average numbers (M = 187.53, SD = 249.40,
range 0 - 2716).

3.2.4 Network Diversity
A total of 10 categories of social orientations (i.e.,
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gender, politics, sexual orientation, religion, education,
occupation, nationalities, age, ethnicity/race, socio-eco-
nomic status) were used to measure participants’ net-
work diversity on a 7-point Likert-type scale (I =
not at all, 7 = very frequent interaction). Based on
a scale reliability test (Cronbach’s alpha = .90), an
aggregated score of total network diversity was created
(M = 41.67, SD = 10.00, range 10 - 70). <Table 2>
provides a bivariate correlation analysis of all key
variables of the study.

IV. Results

4.1 Results for Active News Consumption
(RQ1a, H2a, and H4a)

A stepwise linear regression was performed to an-
swer RQla and test H2a through H4a, except Hla
(tested later; see section 5.3.) with time-related in-
formation overload (RQla), network size (H2a), and
network diversity (H4a), as independent variables to
predict active news consumption. This test was per-
formed using three blocks. The first block included
the control variables of participants’ sex, age, education,
and monthly income. Block two added time-related

information overload and technology-related in-
formation overload. Block three added network size
and diversity. Combined, all predictors explained 30%
of the variance in active news consumption. Results
showed significant relationships between active news
consumption and age (5 = -.08, p < .01), sex (8 =
-07, p < .01), income (8 = .06, p < .05), time-related
information overload (3 = .16, p < .001), technology-re-
lated information overload (3 = .27, p < .001), network
size (3 = .08, p < .01) and diversity (3 = .20, p
< .001). Participants’ education (3 = -.05, p > .05)
did not show a statistically significant relationship with
active news consumption (see <Table 3> for full sta-
tistics).

RQIla asked how time-related information overload
would be related to active news consumption. The
analysis result showed active news consumption had
a statistically significant and positive relationship with
time-related information overload after controlling for
the effects of demographic variables (see Model 2,
<Table 3>). The results meant the higher the level
of time-related information overload perceived, the
more actively participants consumed news.

Technology-related information overload was theor-

ized as an extraneous factor, which meant no hypotheses

(Table 3) Descriptive Statistics and Bivariate Correlations between Major Variables

Variables M (SD) 1 2 3 4 5 6 7 8 9
1. Passive NC 2.64 (1.35)| 1.00
2. Active NC 294 (1.40)| 707 | 1.00
3. Age 42.19 (12.14)| .04 | -07" |1.00
4. Gender 1.49 (0.50)| -.15""| -.10™"| -.02 | 1.00
5. Education 3.74 (1.08)| 087 | 03 | -03 | -16]1.00
6. Monthly income 3.87 (1.76)| 237 1477 177 -087 | .18™| 1.00
7. Network Diversity 41.67 (10.01)| 397 3777-005 | -1177 14" .1677| 1.00
8. Network Size 187.53 (249.40)| 2177 1777 097 | -1777] 07| 1977 2777 1.00
9. Time Info Overload 3.85 (121 4177 4377 -14™ -00 | .03 | 07" | 2877 .09 1.00
10. Tech Info Overload 3.35 (1.30)| 49| 4777 02 | -01 | .04 | 21477 3377 17| 717
Note: NC = News consumption, Info = Information. *p < .05, Hp < .01, *Hp < .001.
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of direct relationships were advanced regarding its
relationships with active news consumption (see Hla
and b). However, technology-related information over-
load was found to have a significant direct and positive
relationship with active news consumption according
to the regression result (see Model 2, <Table 3>);
furthermore, this relationship had the highest standard
coefficients among all predictor variables. Thus, it
seemed technology-related information overload did
not just operate as a purely extraneous factor (indirect
effect).

H2a proposed that network size would have a positive
relationship with active news consumption. This hy-
pothesis was supported as network size predicted active
news consumption significantly and positively in the
last step of the regression (see Model 3, <Table 3>).
The result meant that the larger the participant’s network
size was, the more frequent active news consumption
was reported.

H4a proposed that network diversity would have
a positive relationship with active news consumption.
This hypothesis was also supported as network diversity
predicted active news consumption significantly and
positively after controlling for the effects of demo-
graphic and two information overload variables
(technology- and time-related).

4.2 Results for Passive News
Consumption (RQ1b, H2b, and H4b)

The second stepwise linear regression was conducted
to examine RQ1b and test H2b through H4b, except
H1b (tested later; see section 5.3.) with the same set
of control and independent variables as the earlier
regression to predict passive news consumption. This
test was also performed in three blocks. The first block
included the control variables of demographics. Block
two added time-related information overload and tech-

nology-related information overload. Block three added
network size and diversity. Combined, all predictors
explained 34% of the variance in passive news
consumption. Results showed that several variables
had significant relationships with passive news con-
sumption including sex (5 = -.11, p < .001), income
(8 = .12, p < .001), time-related information overload
(8 = .12, p < 01), technology-related information over-
load (8 = .31, p < .001), network size (3 = .07, p
< .01) and diversity (3 = .21, p < .001; see <Table
4> for complete statistics report).

RQ1b asked how time-related information overload
would be related to passive news consumption. The
results of analysis showed that time-related information
overload had a statistically significant and positive
relationship with passive news consumption after con-
trolling for the effects of demographic variables (see
Model 2, <Table 4>). The results meant higher levels
of time-related information overload perception was
associated with participants’ report of receiving and
being exposed to more news.

H2b proposed that network size would have a positive
relationship with passive news consumption. This hy-
pothesis was supported as network size predicted passive
news consumption significantly and positively after con-
trolling for the demographic and other types of in-
formation overload effect (see Model 3, <Table 4>).
The result meant that the larger the network size was,
the more frequently the participant was exposed to news.

H4b proposed that network diversity would have
a positive relationship with passive news consumption.
This hypothesis was supported as network diversity
predicted passive news consumption significantly and
positively after controlling for the demographic and
other types of information overload effect (see Model
3, <Table 4>). The result indicated participants with
more diverse social networks tended to receive and

be exposed to news more frequently.

2023. 8.
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(Table 4) Multiple Regression Analysis Predicting Active News Consumption.

. Model 1 Model 2 Model 3
Variable
B SE B B SE B B SE Yé;
Age 017 | .00 -107 | -o1” .00 -07" | -o1 .00 08"
Sex -26" .08 -09" | -26™| 07 -09""| -20" 07 -07"
Education -.02 04 -01 -03™ .03 -03 -.06 03 -05
Monthly Income 127 02 A5 07 02 097 05 .02 06"
Time information P o4 18 197 04 16
overload
Technology information 357 04 30" 29" 04 P
overload
Network Size 00" .00 08"
Network Diversity 03| .00 207"
F 11.03™ 66.21"" 62.78"
Adjusted R 03" 25" 30"
7 ’ e 05

Note: N = 1166. p < .05, "p < .01, ~'p < .001.

4.3 Results for Mediation Analysis (H1a
and b, H3a and b, and H5a and b)

PROCESS macro version 4.1 (Hayes, 2022) was
used to test the mediation between technology-related
information overload and news consumption patterns
via time-related information overload (H1s). Time-re-
lated information overload did significantly mediate
the relationship between technology-related in-
formation overload and news consumptions (indirect
effect size = .15, SE = .03, CI [.09 - .21] for active
news consumption; indirect effect size = .09, SE =
.03, CI [.04 - .15] for passive news consumption),
with a partial mediation due to the direct effects pre-
viously mentioned. Thus, Hla and b were supported.

However, no significant direct relationship was
found between network size and time-related in-
formation overload, meaning H3a and b were un-
supported and network size functioned solely as an
intrinsic factor of information overload. Time-related
information overload significantly mediated the rela-

tionship between network diversity and news con-
sumption (indirect effect size = .01, SE = .002, CI
[.01 - .02] for active news consumption; indirect effect
size = .01, SE = .002, CI [.01 - .02] for passive news
consumption), which supported H5a and b. These medi-
ation analyses were based on 5000 bootstrap samples
at the level of confidence, .95 for ClIs.

Significant direct paths to active news consumption
from time-related information overload (5 = .12, SE
= .03, p < .001), technology-related information over-
load (8 = .31, SE = .04, p < .001), network size
(8 = .06, SE = .03, p < .05) and diversity (3 = 21,
SE = .03, p < .001) were identified in addition to
those from demographic variables (i.e., sex, income).
Also, significant direct paths to passive news con-
sumption from time-related information overload (&
= .16, SE = .03, p < .01), technology-related information
overload (6 = .27, SE = .04, p < .001), network size
(8 = .06, SE = .02, p < .05) and diversity (5 = .21,
SE = .03, p < .001) were identified in addition to
the significant paths from demographics (i.e., age, sex,

14

ZEEE ST, H26d H3Z



Factors of Information Overload and Their Associations with News Consumption Patterns

(Table b) Multiple Regression Analysis Predicting Passive News Consumption.

. Model 1 Model 2 Model 3
Variable
B SE B B SE 8 B SE B
Age .00 .00 .00 .00 .00 03 .00 .00 02
Sex -357 .08 1370 236 07 137 -29™ 07 11
Education .02 04 02 01 .03 01 .02 03 .02
Monthly Income 1677 .02 27 127 m A5 097 2 127
Time information 16 04 157 4T 04 127
overload
_ Technology 387 04 367 27| o4 317
information overload
Network Size 00™ .00 07"
Network Diversity 037 00 217
F 21957 79.47"" 74337
Adjusted R 07" 29" 34
i : P 05

Note: N = 1166. p < .05, "p < .01, ""p < .001.

Age Time
Informatic 495 (.020)
Overload
1123 (.034)
Active
Sex -.103 (.024) e ey 660 (027)
onsumption
305 (.035)
[Education| .122 (.025)
213 (.026)
064 (.025
Income 392 (.023)
1049 (.023) 160 (035)
Network : ’
Diversity 2068 (.025)
.062 (.026)

N . 212 (.027) <067 (.023) —

Wi

Pk 1056 (.026) News  le—¥.698 (.029)

Size / Consumption

269 (.036)
1693 (.022)

Technology
Information

Overload

Note: All paths listed were significant at p < .05 or greater (see <Table 5> for complete descriptions). Values
in parentheses are standard errors. Model fit indices: x2(4) = 54.49, p < .001, CFI = 0.98, TLI = 0.86, RMSEA
= .10, SRMR = .03.

(Figure 2) Test of the Theoretical Path Model of Information Overload
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and income). Although some portions of the original
hypotheses (H3a and b) were not supported, according
to this path analysis, the overall model functioned most-
ly as hypothesized (see <Figure 2>).

V. Discussion
5.1 Theoretical Implications
This study was based on Jackson and Farzaneh’s

(2012) distinctive conceptualization of intrinsic, extra-
neous, and mixed factors of information overload and

identified differential association of such factors (e.g.,
time, technology, and social networks) with news
consumption. The research model was held true in
many cases although some of our results called for
reconsideration of earlier assumptions. The intrinsic
factor of time did have a direct relationship with both
active and passive news consumption. The extraneous
factor of technology was found to have a mediating
relationship with active and passive news consumption,
via time-related information overload, as predicted by
the theoretical model. However, technology-related in-

formation overload also had a direct association with

(Table 6) Standardized Estimates for Theoretical Model in (Figure 1> (N = 1166)

Estimates SE

Active News Consumption

Time-related Information Overload 127 .03

Technology-related Information Overload 317 .04

Network Size 06" .03

Network Diversity 217 .03
Passive News Consumption

Time-related Information Overload 16" .03

Technology-related Information Overload 277 .04

Network Size 06" 02

Network Diversity 217 .03
Time-related Information Overload

Technology-related Information Overload 69 .02

Network Size -.00 .02

Network Diversity 05 .02
Passive News Consumption

Active News Consumption 397 .02
Residual Variances

Time-related Information Overload 50" .02

Active News Consumption 707 .02

Passive News Consumption 66" .02

Note: Estimates for the demographic variables are omitted due to the limit of space and overlap with the regression
tables. X’(4) = 54.49, p < .001; CFI = 0.98; TLI = 0.86; RMSEA = .10; SRMR = .03. p < .05, "p <

.01, "p < .001.
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both active and passive news consumption, which was
not predicted by the initial model, meaning technology
acted as a mixed (intrinsic/extraneous) factor.

Both network size and diversity were hypothesized
to be intrinsic/extraneous factors, and they did have
a direct relationship with both active and passive news
consumption patterns. However, network size did not
have any indirect relationship with news consumption
via time-related information overload, while network
diversity did, meaning network size acted solely as
an intrinsic, not as a mixed factor of information over-
load in this study. This finding makes sense considering
social networks literature showing large network size
increases network diversity (Siegel, 2009). Participants
with large social networks may seek news actively
and also receive many; but they may not necessarily
feel like they spend too much time on searching for
information unless their networks are composed of
diverse others.

Those who are embedded in diverse networks will
be exposed to various perspectives and opinions about
social issues and may feel more confused and stressed
due to spending much time for verifying large volume
of information they see.

Although participants reported feeling overloaded
with information, they still continued consuming news
in both active and passive ways. According to Jackson
and Farzaneh’s (2012) model, this finding meant partic-
ipants had not yet crossed their tipping point or cognitive
threshold, for if they had they would not have been
able to process or seek out more information. According
to their model of information overload, when news
consumers do not reach their tipping point, they can
search and consume more information.

The findings of this study empirically supported
the theoretical components of Jackson and Farzaneh
(2012); however, results showed that information over-

load was associated with increased rather than de-

creased amount of news that was sought and received.
Due to the possibility of a reverse direction of influence
from news consumption to information overload, it
is critical to include an empirical examination of in-
dividually varying cognitive thresholds for information
overload in future research.

It is apparent that both network size and diversity
are strongly associated with both active and passive
news consumption behaviors. Participants who were
connected to a large and diverse group of people re-
ceived more news information. This large volume of
information might have brought higher uncertainty of
issues and situations, due to potential inconsistency
and contradiction among them, which may motivate
individuals to seek more news and information. They
might have wanted to check the factuality of certain
news and form a balanced viewpoint on issues that
polarize the public’s attitudes and opinions. It is possible
those who are the most overloaded might be hyper
aware of the amount of information their social net-
works contacts are providing.

This tension between information overload and in-
formation uncertainty will most likely be handled differ-
ently by individuals depending on their cognitive tip-
ping point. Such a tension could lead individuals to
either actively seek or actively avoid information (Fu
et al., 2020). For example, Guo et al. (2020) showed
social media fatigue partially mediated the relationship
between information overload and information avoid-
ance behavior and fully between social overload and
information avoidance. The vast amount of information
and social support requests on social media can make
one feel tired and want to avoid further exposure to
information.

On the other hand, Fink et al. (2018) found a curvi-
linear relationship between variation in information
overload and information usage from studying online
review lengths. Their participants experienced the high-
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est cognitive load when reviewing shorter lengths for
paid applications than for free applications, which dem-
onstrated product-related differences in information
processing motivations matter. The researchers also
provided explanations based on the elaboration like-
lihood model (Petty and Cacioppo, 1986) that partic-
ipants were more elaborated in using paid applications,
so their information processing route was rather central
than peripheral, which made them feel more overloaded
even when they read shorter reviews compared to using
free applications. This finding highlights the importance
of not only product-related differences, but also in-
dividually varying motivations related to tipping point
in examining information overload. Even while experi-
encing information overload, motivated individuals
with higher cognitive thresholds may seek further in-
formation for clarifying and strengthening their
viewpoints.

In summary, our analysis results confirmed that all
three factors of information overload were indeed influ-
ential in their associations with news consumptions;
however, the test of mediation results indicated technol-
ogy-related information overload seemed to function
as a mixed factor whereas network size as an intrinsic
factor. These results meant that experiencing time-
or technology-related information overload did not nec-
essarily decrease the level of active or passive news
consumption, and the theoretical concept of tipping
point (or cognitive threshold) of information overload
might indeed exist. Large and diverse social networks
did not seem to abate news consumption, either, as
long as news consumers’ threshold is not crossed.
The results of mediation analyses were particularly
meaningful for potential revision of the original theoret-
ical model as they suggested feeling overloaded by
uses of various communication media could not only
influence news consumption directly but also indirectly

by affecting one’s feeling of time-related overload.

Considering the prevalence and magnitude of news
access through multiple channels, the direct effect of
technology-related information overload on news con-
sumption seemed reasonable. However, why individual
news consumers still actively sought out news even
when they felt time-related information overload, con-
nected to various technology usage, needs to be exam-
ined further.

5.2 Practical Implications

Practical application of the current research findings
can be discussed at multi-levels and multi-disciplines.
First, the implications will be discussed for both in-
dividuals and organizations.

Based on the positive and significant associations
between technology- and time-related information
overload and news consumption patterns identified in
this study, we can infer if individual news consumers
decrease their active and passive news consumptions,
they may feel less overwhelmed by the amount of
information available through various technological
venues and by the lack of time available for their
information processing. Due to the limitation in in-
dividuals’ cognitive capacity and time, selectively ex-
posing oneself to trusted news sources and maybe
paying for quality news contents can be considered
coping strategies for information overload (Lee et al.,
2016). Some news consumers use social media to access
news as they believe contacts in their social networks
would operate as filters for finding and sharing interest-
ing and meaningful information for them (Pentina and
Tarafdar, 2014).

An organization consists of many members who
contribute to adding information and iteratively updat-
ing and retrieving information from the organization’s
information sources (Jackson and Farzaneh, 2012). As

a whole, the organization is greater than the sum of
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its parts, individuals, and the organization can create
an environment of information overload when its mem-
bers continue to collect and store information
individually. Research in organizational information
overload has focused on email and other electronic
document management systems that create too much
information while solutions to that problem have been
suggested as introducing new systems or reducing the
flow of information (Klausegger et al, 2007). Findings
of this study showed feeling overloaded did not necessa-
rily stop individuals from seeking further information
(news). As both technology- and time-related in-
formation overload had direct associations with news
consumptions, reducing the number of technologies
used in the workplace communication (simplifying the
choice options) and allowing more response time to
task-related communication may help reduce organiza-
tional information overload.

Second, the implications for practice will be sug-
gested for the field of Management of Information
Science (MIS). Many existing MIS studies deal with
issues related to social networks in the context of online
social networking sites (SNSs) or social media more
broadly. Few have focused on the issue of information
overload related to individual social networks them-
selves (e.g., Guo et al., 2020; Koroleva and Kane,
2016; Li and Sun, 2014), and those who did still did
not examine network-specific characteristics such as
size or diversity as in this study (except Koroleva
and Kane, 2016; Sasaki et al., 2015). People’s social
networks are not only important as intrinsic sources
of information overload, but they also relate to active
and passive news consumption patterns.

While Facebook’s popularity is decreasing among
young generations and Instagram, Snapchat, and
TikTok are gaining more traffic, a future SNS developer
may consider a venue where users can have minimal

number of contacts and maintain a small circle of

close friends or followers. This probably sounds coun-
terintuitive as it defies the benefit of being able to
connect with large and diverse groups on social media.
However, there would be users who feel too over-
whelmed by all the contents shared by many sources
and want to gain some control back in managing the
amount of information (i.e., pulled media) coming from
their social networks. A recently developed iPhone
app, called “Locket” that only allows adding up to
five friends to share their immediate photos may serve
as an example (Molina, 2022). When the competition
is very high in the market, this unique niche may
be worth pursuing for any future platform.
Finally, findings of this study are not necessarily
“bad news” for the journalism field as various sources
of information overload including technology, time,
and social networks were not associated with decreased
levels of news consumption. As news consumers might
be motivated to verify factuality of certain information
and reaffirm their existing stance on issues when faced
with conflicting information, unless they reach the cog-
nitive threshold (i.e., tipping point), they seem to still
seek out or receive news while feeling overloaded
in relation to time, technology, and social networks.
Along with previous research findings that show social
media news access tend to negatively influence news
consumers’ perceptions of journalism ethics and practi-
ces, which is moderated by their perceived information
overload (Lee et al., 2017), the current study’s findings
suggest news consumers’ perceiving information over-
load does not necessarily make them avoid or stop
news consumption. Ironically, it is those who think
they are not overloaded access news via social media
frequently and disagree with traditional journalism eth-
ics such as fairness and objectivity (Lee et al, 2017).
Therefore, information overload from various sources
can make news consumers feel humbler and realize

they need to seek further information to verify and
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strengthen their position.

5.3 Limitations and Future Directions

One of the limitations of this research is our inability
to measure the actual level of information overload
with tipping point. We can attempt to assess these
latent variables (i.e., perception) with scales, but em-
ploying superior measurements of cognitive functions
to empirically test tipping points would improve the
validity and reliability of such measurement. Another
limitation is the focus on news consumption behavior
only in two aspects (i.e., active and passive). Future
researchers should consider an experimental design
where not only information overload factors such as
time, technology, and networks vary, but also the subject
of information and its relevant activities (not just news,
but other areas and types of activities) to assess if
participants respond differently to topics of varying
interest and engagement levels. In addition, considering
the finding of technology-related information overload
being directly associated with news consumption (being
a mixed factor with both direct and indirect effect),
future research can also explore potential mediating
relationship between social network characteristics and
news consumption via technology-related information
overload. Finally, the cross-sectional data collected
for this study cannot guarantee any causal relationships
hypothesized in the theoretical model. Thus, it is possi-
ble that high levels of time- and technology-related
information overload accompany high levels of active

and passive news consumption and vice versa.

VI. Conclusion

The findings of this research provide some support
for the theoretical model of information overload pro-
posed by Jackson and Farzaneh (2012) and support

the idea of a tipping point by providing empirical
evidence to earlier theorizing. After controlling for
the effects of demographics, social network and in-
formation overload variables all showed positive asso-
ciations with news consumption patterns. Particularly,
time-related information overload partially mediated
the relationships between technology-related in-
formation overload and news consumption. In addition
to the theoretical contribution, research findings also
provide some practical insights on individual coping
strategies for information overload, development of
new social networking applications potentially serving
a niche market, and the relationships between perceived

information overload and journalism practice.

References

[1] Klausegger, C., R.R. Sinkovics, and H. “Joy”
Zou, “Information overload: A cross national
investigation of influence factors and effects”,
Marketing Intelligence and Planning, Vol.25,
No.7, 2007, pp. 691-718, Available at https://do-
i.0rg/10.1108/02634500710834179.

[2] Bawden, D., “The shifting terminologies of in-
formation”, Aslib Proceedings, Vol.53, No.3,
2001, pp. 93-98, Available at https://doi.org/10.
1108/eum0000000007043.

[3] Bose, J., “Nonresponse bias analyses at the na-
tional center for education statistics”, Proceedings
of Statistics Canada Symposium, 2001, np.
Available at https://nces.ed.gov/FCSM/pdf/IHS
NG_StatsCan2_JB.pdf.

[4] D’Arcy, J., A. Gupta, M. Tarafdar, and O. Turel,
“Reflecting on the “dark side” of information
technology use™, Communications of the ACM,
Vol.35, No.5, 2014, pp. 109-118.

[5]1 De Jong, T., “Cognitive load theory, educational

research, and instructional design: Some food

20

ZEEE ST, H26d H3Z



Factors of Information Overload and Their Associations with News Consumption Patterns

[6]

[7]

8]

9]

[10]

for thought”, Instructional Science, Vol.38, No.2,
2009, pp. 105-134, Available at https://doi.org/
10.1007/s11251-009-9110-0.

Edmunds, A. and A. Morris, “The problem of
information overload in business organisations:
A review of the literature”, International Journal
of Information Management, Vol.20, No.1, 2000,
pp. 17-28, Available at https://doi.org/10.1016/
s0268-4012(99)00051-1.

Fink, L., L. Rosenfeld, and G. Ravid, “Longer
online reviews are not necessarily better”, Interna-
tional Journal of Information Management,
Vol.39, 2018, pp. 30-37, Available at https://do-
i.org/10.1016/j.ijinfomgt.2017.11.002.

Fu, S., H. Li, Y. Liu, H. Pirkkalainen, and M.
Salo, “Social media overload, exhaustion, and
use discontinuance: Examining the effects of in-
formation overload, system feature overload, and
social overload”, Information Processing and
Management, Vol.57, No.6, 2020, 102307,
Available at https://doi.org/10.1016/j.ipm.2020.
102307.

Gil de Zaiiiga, H., N. Jung, and S. Valenzuela,
“Social media use for news and individuals’ social
capital, civic engagement and political partic-
ipation”, Journal of Computer-Mediated Commu-
nication, Vol.17, No.3, 2012, pp. 319-336,
Auvailable at https://doi.org/10.1111/j.1083-6101.
2012.01574.x.

Guo, Y., Z. Lu, H. Kuang, and C. Wang,
“Information avoidance behavior on social net-
work sites: Information irrelevance, overload, and
the moderating role of time pressure”,
International Journal of Information Manage-
ment, Vol.52, 2020, 102067, Available at https:
//doi.org/10.1016/j.ijinfomgt.2020.102067.

[12]

[13]

[14]

[15]

[16]

[17]

(18]

No.3, 1971, pp. 191-198, Available at https://do-
i.0org/10.1080/10570317109373703.

Hayes, A. F., Introduction to Mediation, Modera-
tion, and Conditional Process Analysis: A
Regression-Based Approach (3rd Ed.). Guilford
Press, 2020.

Holton, A. E. and H. I. Chyi, “News and the
overloaded consumer: Factors influencing in-
formation overload among news consumers”,
Cyberpsychology, Behavior, and Social Network-
ing, Vol.15, 2012, pp. 619-624, Available at
https://doi.org/10.1089/cyber.2011.0610.
Jackson, T. W. and P. Farzaneh, “Theory-based
model of factors affecting information overload”,
International Journal of Information Manage-
ment, Vol.32, No.6, 2012, pp. 523-532, Available
at https://doi.org/10.1016/j.ijinfomgt.2012.04.006.
Kang, H,, S. Lee, and K-S. Suh, “Effects of self-
and social-reference point diagnosticity interfaces
on unbalanced information consumption in the
mobile news context”, Information Systems
Review, Vol.17, No.2, 2015, pp. 219-238.
Kim, E. and J. Choi, “A study on the need for
orientation and political participation: Focusing
on the mediating role of participatory news use”,
Korean Journal of Journalism and Communica-
tion Studies, Vol.59, No.3, 2015, pp. 7-28,
Available at https://www.dbpia.co.kr/journal/ar-
ticleDetail ’nodeld=NODE06383675andnodeld
=NODE06383675andlanguage=ko_KR#.

Kim, G. and S. Kim, “How does technostress
influence employees’ role and performance in
an organization?: The moderating effect of in-
novation support”, Information Systems Review,
Vol.16, No.2, 2014, pp. 97-124.

Koeske, G. F. and R. D. Koeske, “A preliminary
test of a stress-strain-outcome model for recon-

ceptualizing the burnout phenomenon”, Journal

[11] Hawes, L. C., “Information overload and the or-
ganization of 1984, Western Speech, Vol.35,
2023. 8.

21



ol M & - William Howe

S

[19]

[20]

[21]

[22]

[23]

[24]

[25]

of Social Service Research, Vol.17, No.34, 1993,
pp. 107-135.

Koroleva, K. and G. C. Kane, “Relational affor-
dances of information processing on Facebook”,
Information and Management, Vol.54, No.5,
2016, pp. 560-572, Available at https://doi.org/
10.1016/j.im.2016.11.007.

Lee, S., K. Kim, and J. Koh, “Antecedents of
news consumers’ perceived information overload
and news consumption patterns in the USA”,
International Journal of Contents, Vol.12, No.3,
2016, pp. 1-11, Available at https://doi.org/10.53
92/1J0C.2016.12.3.001.

Lee, S., N. Lindsey, and K. Kim, “The effect
of news consumption via social media and news
information overload on the perceptions of jour-
nalistic norms and practices”, Computers in
Human Behavior, Vol.75, 2017, pp. 254-263,
Available at https://doi.org/10.1016/j.chb.2017.
05.007.

Li, P. and Y. Sun, “Modeling and performance
analysis of information diffusion under informa-
tion overload in Facebook-like social networks”,
International Journal of Communication Systems,
Vol.27, No.9, 2014, pp. 1268-1288, Available
at https://doi.org/10.1002/dac.2774.

Miller, G. A., “The magical number seven, plus
or minus two: Some limits on our capacity for
processing information”, Psychological Review,
Vol.101, No.2, 1994, pp. 343-352, Available at
https://doi.org/10.1037/0033-295x.101.2.343.
Min, J., “The amplifying aspects of SNS com-
ments: An exploratory study through the senti-
ment comparison between news site comments
and SNS comments”, Information Systems Review,
Vol.22, No.4, 2020, pp. 163-184.

Misuraca, R. and U. Teuscher, “Time flies when
you maximize — Maximizers and satisficers per-

[26]

[27]

(28]

[29]

(30]

(31]

[32]

[33]

ceive time differently when making decisions”,
Acta Psychologica, Vol.143, No.2, 2013, pp.
176-180, Available at https://doi.org/10.1016/
j-actpsy.2013.03.004.

Molina, B., “Locket app for iPhone: How a birth-
day present tumed into one of 2022’s most popular
apps”, USA Today, 2022. 2., Available at https://
www.usatoday.comy/story/tech/2022/02/07/lock-
et-widget-app-iphone/9315895002/.

Norman, D. A., “Affordance, conventions, and
design”, Interactions, Vol. 6, No. 3, 1999, pp.
38-43.

OECD, “Korea”, in Education at a Glance 2020:
OECD Indicators, OECD Publishing, Paris, 2020,
Available at https://doi.org/10.1787/045cc436-en.
Owen, R. S., “Clarifying the simple assumption
of the information load paradigm. In J. F. Sherry,
and B. Sternthal (Eds.), Advances in Consumer
Research (pp. 770-776), Association for Consumer
Research, 1992.

Pariser, E., The Filter Bubble: How the New
Personalized Web is Changing What We Read
and How We Think, Penguin Books, 2011.
Paul, S. and D. L. Nazareth, “Input information
complexity, perceived time pressure, and in-
formation processing in GSS-based work groups:
An experimental investigation using a decision
schema to alleviate information overload con-
ditions”, Decision Support Systems, Vol.49, No.1,
2010, pp. 31-40, Available at https://doi.org/10.
1016/.dss.2009.12.007.

Pentina, I. and M. Tarafdar, “From “information”
to “knowing”: Exploring the role of social media
in contemporary news consumption”, Computers
in Human Behavior, Vol.35, 2014, pp. 211-223,
Available at https://doi.org/10.1016/j.chb.2014.
02.045.

Petty, R. E. and J. T. Cacioppo, “The elaboration

22

ZEEE ST, H26d H3Z



Factors of Information Overload and Their Associations with News Consumption Patterns

[34]

[35]

[36]

371

[38]

(391

likelihood model of persuasion”, Advances in
Experimental Social Psychology, Vol.19, 1986,
pp. 123-205, Available at doi:10.1016/S0065-
2601(08)60214-2.

Podsakoff, P. M., S. B. MacKenzie, and N. P.
Podsakoff, “Sources of method bias in social sci-
ence research and recommendations on how to
control it”, Annual Review of Psychology, Vol.63,
No.1, 2012, pp. 539-569, Available at https://do-
i.org/10.1146/annurev-psych-120710-100452.
Podsakoff, P. M., S. B. MacKenzie, J.-Y. Lee,
and N. P. Podsakoff, “Common method biases
in behavioral research: A critical review of the
literature and recommended remedies”, Journal
of Applied Psychology, Vol.88, No.5, 2003, pp.
879-903, Available at https://doi.org/10.1037/
0021-9010.88.5.879.

Roetzel, P. G., “Information overload in the in-
formation age: A review of the literature from
business administration, business psychology,
and related disciplines with a bibliometric ap-
proach and framework development”, Business
Research, Vol.12, 2019, pp. 479-522, Available
at https://doi.org/10.1007/s40685-018-0069-z.
Sasaki, Y., D. Kawai, and S. Kitamura, “The
anatomy of tweet ovetload: How number of tweets
received, number of friends, and egocentric net-
work density affect perceived information over-
load”, Telematics and Informatics, Vol.32, No.4,
2015, pp. 853-861, Available at https://doi.org/
10.1016/j.tele.2015.04.008.

Schneider, S. C., “Information overload: Causes
and consequences”, Human Systems Manage-
ment, Vol.7, No.1, 1987, pp. 143-153.
Siegel, D. A., “Social networks and collective
action”, American Journal of Political Science,
Vol.53, 2009, pp. 122-138, Available at https://do-
i.org/10.1111/j.1540-5907.2008.00361.x.

[40]

[41]

[42]

[43]

[44]

[45]

Slawson, D. C., A. F. Shaughnessy, and J. H.
Bennett, “Separating the wheat from the chaft”,
Journal of General Internal Medicine, Vol.9,
No.10, 1994, pp. 563-568, Available at https://do-
i.0rg/10.1007/bf02599283.

Soroya, S. H.,, A. Faroog, K. Mahmood, J. Isoaho,
and S. E. Zara, “From information seeking to
information avoidance: Understanding the health
information behavior during a global health cri-
sis”, Information Processing and Management,
Vol.58, No.2, 2021, 102440, Available at https:
//doi.org/10.1016/j.ipm.2020.102440.

Tarafdar, M., T. Qiang, and T. S. Ragu-Nathan,
“Impact of technostress on end-user satisfaction
and performance”, Journal of Management Infor-
mation Systems, Vol.27, No.3, 2010, pp. 303-334,
Available at https://doi.org/10.2753/MIS0742-1
222270311.

Vacek, M., “Email overload: Causes, consequen-
ces and the future”, International Journal of
Computer Theory and Engineering, Vol.6, No.2,
2014, pp. 170-176, Available at https://doi.org/10.
7763/ijcte.2014.v6.857.

Zhang, H., L. Zhao, and S. Gupta, “The role
of online product recommendations on customer
decision making and loyalty in social shopping
communities”, International Journal of Infor-
mation Management, Vol.38, No.1, 2018, pp.
150-166, Available at https://doi.org/10.1016/
j-jinfomgt.2017.07.006.

Zhang, X., L. Ma, G. Zhang, and G. S. Wang,
“An integrated model of the antecedents and con-
sequences of perceived information overload us-
ing WeChat as an example”, International Journal
of Mobile Communications, Vol.18, No.1, 2020,
pp. 19-40, Available at https://doi: 10.1504/1
JMC.2020.10017082.

2023. 8.

23



ol M & - William Howe - 24 & %

(Appendix)
Exploratory Factor Analysis Results of Information Overload (I0) Measurement Items
Factors of 10
Tech 10 Time IO

I often felt burdened about handling phone calls and messages simultaneously through 831
various information and communication means.
I often felt that I received more instant messages (texts, instant messenger, WhatsApp)
than T could handle. 819
I often felt that I received more cellular phone calls than I could handle. .806
I often felt burdened about replying to emails. .786
I often felt stressed about receiving too many emails. 743
*] often felt less motivated about working due to the amount of information I had 638 573
to process.
*] often felt insecure about the amount of information I had to process. .637 .568
I often felt I spent too much time using communication tools (laptop, desktop, tablet, 819
smart phones) to seek information from others.
I often felt that I spent too much time searching for information I need. 811
I often felt stressed about the amount of information I had to process. 719
I often felt confused about the amount of information I had to process. 710
*1 often felt overwhelmed about the amount of information I had to process. .604 .649

Extraction Method: Principal Component Analysis.
Rotation Method: Varimax with Kaiser Normalization.
*Removed from further analysis due to cross-loading over two factors.
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