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Abstract In this study, we presented a method to recognize vehicle license plates using CNN techniques.
A vehicle plate is normally used for the official identification purposes by the authorities.
Most regular Optical Character Recognition (OCR) techniques perform well in recognizing
printed characters on documents but cannot make out the registration number on the
number plates. Besides, the existing approaches to plate number detection require that the
vehicle is stationary and not in motion. To address these challenges to number plate
detection we make the following contributions. We create a database of captured vehicle
number plate’s images and recognize the number plate character using Convolutional Neural
Networks. The results of this study can be usefully used in parking management systems and
enforcement cameras.
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Fig. 1. Sample License Plate
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Fig. 2. License Plate Recognition Process
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Layer (type) Output Shape Param #
conv2d_1 (Conv2D) (None, 18, 18, 32) 896
max_pooling2d_1 (MaxPooling2 (None, 9, 9, 32) 0
flatten_1 (Flatten) (None, 2592) 0
dense_1 (Dense) (None, 100) 259300
dense_2 (Dense) (None, 100) 10100
dense_3 (Dense) (None, 34) 3434

Total params: 273,730
Trainable params: 273,736
Non-trainable params: 0
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Fig. 4. Performance of CNN Model (a) Classifier
parameters used for model (b) Training and
validation accuracy
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