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Optimizing Input Parameters of Paralichthys olivaceus Disease Classification
based on SHAP Analysis
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ABSTRACT

In text-based fish disease classification using machine learning, there is a problem that the input parameters of the
machine learning model are too many, but due to performance problems, the input parameters cannot be arbitrarily
reduced. This paper proposes a method of optimizing input parameters specialized for Paralichthys olivaceus disease
classification using SHAP analysis techniques to solve this problem, The proposed method includes data preprocessing
of disease information extracted from the halibut disease questionnaire by applying the SHAP analysis technique and
evaluating a machine learning model using AutoML. Through this, the performance of the input parameters of AutoML
is evaluated and the optimal input parameter combination is derived. In this study, the proposed method is expected to
be able to maintain the existing performance while reducing the number of input parameters required, which will
contribute to enhancing the efficiency and practicality of text-based Paralichthys olivaceus disease classification.
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Table 1. List of conversion values for disease

names

Name of the disease

Value

Normal

0

Vibrio

Scutica

Viral Hemorrhagic Septicemia

Streptococcosis

Flexibacter maritimus

Edward

Emaciation
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Table 2. Leamning results using AutoML

Model Accuracy | F1 Score
ExtraTreesClassifier 0.82028 0.82365
RandomForestClassifier | 0.78802 0.78791
XGBClassifier 0.78802 0.79145
LGBMClassifier 0.78341 0.7879%
BaggingClassifier 0.75576 0.75564
SVC 0.73272 0.72426

1) Lazy Predict, https://lazypredict.readthedocs.io/
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