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ABSTRACT

Recently, according to development of arfificial inteligence, a wide range of industry being automatic and optimized. Also we can
find out some research of using supervised leaming for deteceting defect of railway in domestic rail industry. However, there are
structures other than rails on the frack, and the fastener is a device that binds the rail fo other structures, and periodic inspections
are required to prevent safety accidents. In this paper, we present a method of reducing cost for labeling using semi-supervised and
fransfer model frained on rail fastener data. We use ResnetS0 as the backbone network pretfrained on ImageNet. At first we randomly
take training dafa from unlabeled data and then labeled that data to frain model.  After predict unlabeled data by trained model,
we adopted a method of adding the data with the highest probability for each class to the training data by a predetermined size.
Futhermore, we also conducted some experiments fo investigate the influence of the number of initially labeled data. As a result of
the experiment, model reaches 92% accuracy which has a performance difference of around 5% compared to supervised leamning.
This is expected to improve the performance of the classifier by using relatively few Iabels without additional labeling processes through
the proposed method.
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