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ABSTRACT

In this paper, the style synthesis network is trained to generate style-synthesized video through the style synthesis through training
Stylegan and the video synthesis network for video synthesis. In order to improve the point that the gaze or expression does not transfer

stably, 3D face restoration technology is applied to control important features such as the pose, gaze, and expression of the head using
3D face information. In addition, by training the discriminators for the dynamics, mouth shape, image, and gaze of the Head2head network,
it is possible to create a stable style synthesis video that maintains more probabilities and consistency. Using the FaceForensic dataset

and the MetFace dataset, it was confirmed that the performance was increased by converting one video into another video while maintaining

the consistent movement of the target face, and generating natural data through video synthesis using 3D face information from the

source video's face.
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Fig. 1. The Structure of StyleGAN Generator
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Table 1. Experiment Environment
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Table 3. Evaluation of Style Synthesis in Self-reconstruction

PC IPIPIL, FID
CPU i9-9700 ours 152.4 64.79
H/W GPU RTX-2080ti StyleGAN 212.1 4.40
RAM 64GB StyleGAN2 145.0 2.84
(oS Ubuntu 18.04
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python 36 LPIPS FID
Tensorflow 1.14.0 ours 0.344 647
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Fig. 7. Video-style Synthesized 3D Self-reconstruction
Test Results for Macron
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