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[Abstract]

In this paper, we propose a CAC exploring a RA based dynamic spectrum hole grouping for secondary users’ QoS enhancement in
multi-classes cognitive radio networks. The RA based dynamic spectrum hole grouping uses SU multi-classes overlaying spectrum
structure suggested here. Multiclass SUs are divided into real and nonreal, and real SUs have a priority for resource utilization against
non real. The amount of resource required by real SUs is supported by Wiener prediction and the dynamic spectrum hole grouping, and
that required by nonreal SU is supported by the remained available amount without prediction. In the simulations, we compare the
proposed CAC performances using the dynamic spectrum hole grouping in terms of SU connection’s blocking(dropping) rate and
resource utilization efficiency according to multi-classes traffic characteristics, and then we show the proposed CAC can guarantee the
desired QoS of multi-classes secondary users.

Key words : Connection admission control, Multi-classes cognitive radio networks, RA Based dynamic spectrum hole

grouping, Spectrum overlaying structure for Multi-classes services.
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