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Implementation of Specific Target Detection and Tracking
Technique using Re-identification Technology based on
public Multi-CCTV
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Abstract The government is making great efforts to prevent crimes such as missing children by using
public CCTVs. However, there is a shortage of operating manpower, weakening of concentration due to
long-term concentration, and difficulty in tracking. In addition, applying real-time object search,
re-identification, and tracking through a deep learning algorithm showed a phenomenon of increased
parameters and insufficient memory for speed reduction due to complex network analysis. In this paper,
we designed the network to improve speed and save memory through the application of Yolo v4, which
can recognize real-time objects, and the application of Batch and TensorRT technology. In this thesis,
based on the research on these advanced algorithms, OSNet re-ranking and K-reciprocal nearest
neighbor for re-identification, Jaccard distance dissimilarity measurement algorithm for correlation, etc.
are developed and used in the solution of CCTV national safety identification and tracking system. As
a result, we propose a solution that can track objects by recognizing and re-identification objects in
real-time within situation of a Korean public multi-CCTV environment through a set of algorithm
combinations.
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