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Abstract : The purpose of this study was to investigate the inter-correlation between crude oil prices and Dry Bulk Freight rates.
Eco-friendly shipping fiiels has being actively developed to reduce carbon emission. However, carbon neutrality will take longer than
anticipated in terms of the present development process. Because of OVID-19 and the Russian invasion of Ukraine, crude oil price
Auctuation has been exacerbated. So we must examine the impact on Dry Bulk Freight rates the oil prices have had, because oil prices
play a major role in shipping fiels. By using the VAR (Vector Autoregressive) model with monthly data of crude oil prices (Brent, Dubai
and WTI) and Dry Bulk Freight rates (BDI, BCI and (BPI) 200810~2022.02, the empirical analysis documents that the oil prices have
an impact on Dry bulk Freight rates. From the analysis of the forecast error variance decomposition, WTI has the largest explanatory
relationship with the BDI and Dubai ranks seoond, Brent ranks third. In conclusion, WTI and Dubai have the largest impact on the BDI,
while there are some differences according to the ship-type.
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Table 1 Descriptive statistics

Mean | S.D Min | Max | Skew | Kurt J-B

Z

LBDI 1.49 088 | 031 | 4.82 1.38 | 4.61 | 6802+ | 161

LBCI 2.25 138 | -0.24| 7.80 122 | 527 | 7445%x | 161

LBPI 1.53 090 | 032 | 4.30 125 | 395 | 4818+xx | 161

LDUBAI | 7261 | 24.65 |20.39 | 12249 | 022 | 1.92 | 9.15%= 161

LBRENT | 7499 | 2518 |26.63 | 12454 | 030 | 1.89 | 10.64%# | 161

LWTI | 6880 | 21.68 |16.70 | 110.04 | 0.11 | 192 | 818 161

wxx p< 01, =+ p<0b, * p<.10
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Table 3 Granger causality test

Null hypothesis F-statistic Probability
LDUBAI # LBDI 7934 0.000"
LBDI # LDUBAI 1510 0.224
LBRENT = LBDI 4279 0.015"
LBDI # LBRENT 1.629 0.199
LWTI = LBDI 4988 0.007
LBDI == LWTI 2.389 0.095"
LDUBAI = LBCI 7.129 0.001"
LBCI # LDUBAI 0.289 0.749
LBRENT = LBCI 3672 0.027™
LBCI # LBRENT 0.272 0.761
LWTI = LBCI 6.846 0.000"
LBCI # LWTI 0.204 0.815
LDUBAI = LBPI 9.439 0.000"
LBPI # LDUBAI 1.480 0.230
LBRENT = LBPI 7313 0.000"
LBPI = LBRENT 1.360 0.259
LWTI # LBPI 4907 0.000"
LBPI & LWTI 1.676 0.190

sk p< 01, *x p<.05, * p<.10
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