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A Study on the Index Estimation of Missing Real Estate
Transaction Cases Using Machine Learning’
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Abstract: The real estate price index plays key roles as quantitative data in real estate market analysis.
International organizations including OECD publish the real estate price indexes by country, and the Korea
Real Estate Board announces metropolitan-level and municipal-level indexes. However, when the index is set
on the smaller spatial unit level than metropolitan and municipal-level, problems occur: missing values. As
the spatial scope is narrowed down, there are cases where there are few or no transactions depending on the
unit period, which lead index calculation difficult or even impossible. This study suggests a supervised
learning-based machine learning model to compensate for missing values that may occur due to no transaction
in a specific range and period. The models proposed in our research verify the accuracy of predicting the

existing values and missing values.

Key Words : real estate price index, machine learning, missing value, mape(mean absolute percentage error),

n(recurrent neural network), Istm(long short-term memory)
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