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Abstract

Digital transformation has induced changes in human life patterns; consumption
patterns are also changing to digitalization. Entering the era of industry 4.0
with the 4th industrial revolution, it is important to pay attention to a new
paradigm in the fashion industry, the shift from developer-centered to
user-centered in the era of the 3rd industrial revolution. The meaning of
storing users' changing life and consumption patterns and analyzing stored big
data are linked to consumer sentiment. It is more valuable to read emotions,
then develop and distribute products based on them, rather than
developer-centered processes that previously started in the fashion market. An
Al(Artificial Intelligence) deep learning algorithm that analyzes user emotion big
data from user experience(UX) to emotion and uses the analyzed data as a
source has become possible. By combining Al technology, the fashion industry
can develop various new products and technologies that meet the functional
and emotional aspects required by consumers and expect a sustainable user
experience structure. This study analyzes clear and useful user experience in the
fashion industry to derive the characteristics of Al algorithms that combine
emotions and technologies reflecting users' needs and proposes methods that
can be used in the fashion industry. The purpose of the study is to utilize
information analysis using big data and Al algorithms so that structures that
can interact with users and developers can lead to a sustainable ecosystem.
Ultimately, it is meaningful to identify the direction of the optimized fashion
industry through user experienced emotional fashion technology algorithms.
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Artificial Intelligence

A machine to do what a man should
do any automation that can be
replaced

Machine Learning

Without explicitly programming the rules
Patterns for decision making from data
Machine learning by itself

— Deep Learning
Artificial neural network-based madel, from

unstructured data to feature extraction and
judgment by a machine at once

Figure 1. Relation Diagram of
Al & Deep Leaming & Machine Learning with Big Data
(drawn by researcher)
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Figure 2. A/ Machine Leaming Classification & Flow
(www slideshare.net)
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Figure 4. UX Design Process
(www.xd.adobe.com)

Table 1. Compare with User Experience and Marketing

User experience

Marketing

Shared customer focus

Shared customer focus

Messaging and UX initiative must match

Messaging and UX initiative must match

Incorporate marketing into the development process

Focus on user needs through product experience

Define key user experience capabilities

Highlight key user experience capabilities

Leverage brand attributes for consistent experience

Leverage unigue product design
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Figure 5. Alibaba for Guess Fashion Al Figure 6. 7mall China Cool. NYFW Spring, 2020
(www.axios.com) (www.fashionunited.uk)
ol B V= VUE.AT V(51 )={ dz )= & )
@ ,"l E _f'l l TAGGING ENGINES ;l \ ('_ A ik ‘J _.-‘I \ $ _,-'l
IMAGES INPUT CATALOG VISION QUALITY CATALOG
PROCESSING high dimensional ASSURANCE OuUTPUT
A attribute extraction

v
inaccurately tagged images

sent back to engine for retraining

Figure 7. Vue.ai Algorithm Diagram
(www.vue.ai)
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Figure 8. Heuritech Predictive Analytics on Trends
(www.heuritech.com)



10 I HH|2RLA 2263 12

1) 1] oA (Tommy Hilfiger)
IBM¥} g2ste] etn] du]7(Tommy Hilfiger)s o4 ¢
2191S 95t Al 7]&2 AlE 5Ho] ‘Reimagine Retalll T2
AEZ AAslott, Aatdog nRAE] Fojgh i g
AEL o] H(NLP) E&= AFH HAG 22 W
l&s &50to] oAl 71 e oS HARIE
AN} (Figure 9, 10).
Al 71&9] ded<

N
1
-l> rlo J

AHgste] FIT w4 sPAEfAl IBM

Ao cepgt Al B vileld 715S a7sich Az R
O/\‘] OM /\/lﬂ ‘3]\:]01 zq_[% 1S _'__" @7_:1 %:_:!_;4 ol 7\]_

o] olsfjoll s B, I A4 Higom 53
Q13 A AY HHE TEY 4 Stk 28 HI
a4 wtoiel JRtH dolHE Zwter 2gare] Al
35 9% g Ao &8 & 4 A=E SFla, EIF 5
A 7i9] Bm|dn]A oprlo]E ofm|RE EAste] BdH
oZE IYER AL £ U=E I
Hilfiger, FIT, and IBM use AL” 2018)(Figure 11).

2HH HAlol gojzel eglo] & dagh Fio] §l

oA ABAse] § mEAelet & 4 AW, oA

QBAS Qgte] FolEue FHo] Hrky # 5 vt
ABASY 4T FUL Aol B Sele wHge
24 Bt FoHely BEH 4T HAHe dAelg 7]
e 4 sk

2) oFtE(Amazon)
Al 7]1&S AR5 AJZFSHEA ofrkE(Amazon)2 S35}

Figure 9. F/T Student Grace McCarty’s
Jacket Design for Tommy Hilfiger's
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Figure 12.
Chanel’s Runway Robots Feel a Little Less
Outlandish Every Day
(Wwww.gz.com)
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Figure 13.
Amazon’s New Algorithm Designs Clothing by Analyzing a
Bunch of Pictures
(www.theverge.com)
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