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<Abstract>

I.MEZ

okl A Held Al

7IHro = 54 Aijle] EAIHS siAdstaL
I YR 9,

2020; YEF 9., 2021; A1 9., 2021). &
3], #A 4F E-Commercedl e 2121 A
AHEALS] AA X|eet o F F7)7) FetslA]
SFOMA] AREARS] AH| 2 TRV} SHol| A

4F FAe] YelA 2 Lo WAT 5
S BAHo] ZART, Ao ol £

£ sidsty] flaiAl s 2ok 79SS Al 7]
Wb o7 7MY 9 AIZERE E9iskal Qith
2020 Adobe Sneaks AlAolX= Zara®] o|F
7P A Al2=ElS AJN3IEHAyush Chopra,
2020). ZARA S| 73-%- wid oF 17F 27 7he] o
& TARIE EAlste] A&H o= s ER
Tof Filshs AlES ABAbol|A Algshe &
o} AEgs 7HA A itk ZARAE oFeFeE tiat
& A wiel Z7] AFo] e el
SolAl FFE Al gk AlzE Hl-go] AR
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2 23l ZARAE Adobe?] AU ols B}

QIsto] Wed, 3D mAY, AR AE B 5
of F1ee B3] olF M T A2
7t

ST 3D BT 7]so] o] AgH ook
sk o 7HE §A 712 2HEeAH 5L 25
83k 3D A o] Fasith= oA AR
o] it} 3D EAH 2 1=slEH 7|&o] Qs}
o o]o)] ARt} Hl-go] FIFHoE AT 4
Atk WA 71E AFellAE oF AlF AR
I ZgAE HkE T 5 e HEd Ve
< A3kl UTHHan et al., 2018; Lyu et al.,
2021). oFE MR AT
VITON  7|¥2  o]r]A|
(segmentation) 3 EZ= F*(pose estimation),
GAN(Generative Adversarial Network) 7%}
ojmA] A T AL=e] HHd 7lee] a8
THHan et al., 2018; Yang et al., 2020; Lyu et
al., 2021; Lin et al., 2022; Lee et al., 2022).
slLe] Alz=glo| A teket Hejd 2] F&
o] Bashr] ujitol = g5l
A3 HA m=wollAe IR onAE

o off ot

2<El
=g

2=

G oo

Al 1 o)

ddstr] HeiA thkst Bl g5 WHE
A3kl Ut Yang et al., 2020; Lyu et al.,
2021; Lin et al., 2022; Lee et al., 2022).
Jev 71E A7 A Al 71 AR o]
AR A MA, 71E dTelsds AR AF
2L Z}‘g‘ omA|RE Z-gate] Held Rds
et AA s A 2ollx= AHEETE of
‘43} z 3 FOo 520 Al wlE o]
n|2A|7} F gshm, AH| 2 ARgALe] 7ol ok
&gt S o F e HHI} IS
Uk 7 WA, o|n|2] A BHle] B S5

tlo

o s AT} ulg % Agle] FzEo] v
h= Zlolth, ofo] gk Ae] AT} of
T, REQe) v 22 ARE =2a] 9

AR Sk A 8L o] A BT =

2AH0] ATk Al WA, 71E AFANE g
Aol AR S gdelk miER

(ghostcut) AlF ARS &-g3it}t, I AEF 0]
& 3 AlFe] 2 Al FEE B SsiA vt
UA S 283t AF ARlLE BAS 2 9
u|gitt ARl 3E-E 1S o), old F
A= AF Tee] ZAgo] FaE ook 51

d

’.“f



wj ol ARt Hl-go] F7HE HAE o ok
oo webx E AT FAL 4H
Ul T3 AlF 9 2 ARl &83te] 71
ARl ApAlel A 2] Held 2l &8 s
HESH= Aotk & dA7olAe =2 Jua
£ o|mR] HolEE WE Skgahs W2 o]
olyzl, AW 2 T g YESY F9 715X
& ok e 28t =3 MP-GA
(Mixed Precision-Gradient Accumulated) 7]
< ZEste] B S AQE= AR H
85 Attstat dtk HEH o= V)& oq‘—r"g]r

b=
4

uo].

R

A

ZYFo N B A7)
Gehd AzBe 280 4 WIE A

(ML AR, 2020).

I, &3 A4t

Held 71 o f M §A4 2l e
VITON(Virtual Try-On Network) 7|5 o] S5
=M A2 At Han et al., 2018). VTION
< o g ZgAe] ojuArl FoHe o,
GAN(Generative Adversarial Networks)S 7]
HEo g2 Al 28 oo oju|AF A-EAllA T

9o oF M T B A7 A 3 & S5 HAEE 71 HR-VITON 7% &8

P Eolth. AAZe 2-831A
oo o|F AEFS Mo s sl YaiA,
VITONOIA = 41 2-8A1e] A4 ARE H)
olBlZ BRI F, Ao E2 3| ER)(pose
heatmap), & 214 G497} Mg D 2 GG
S92 Hed RdS B4 FEITE 2=
S| ERjolet Algtel od E?_IEE Hefll= A
o7 A, T4, & 5o ARE 29T

ATk VITON A-F-ollAE Al 1 9 35 B
(PAF: part affinity fields) 7S 283
2d 22 34 ZdS 288l L2 3 EPS
FEJTHCao et al, 2017). PAFH H|g}2}l0|E
¥ (nonparameter represenatation) 7|H< &
S| At AAIE sk oA HolE ¢
E4E —ngél‘— }2lo|t). PAFE FallA o]v]
7o) 22
o Al 71 B W= P & A
& ==t A F99 A9 SSL
(Self-supervised Structure-sensitive Learning)
2as &8st AlanlHel S TR
(Gong et al.,, 2017). SSLo|& thake] v &
2 HU2ES AA LGk WAos
AERE CECEEEES SRRt
T e HEd darelEelth Gong et al.
(2017)= 7122 AA| B2 TESh= WAv}
= dlolgAlel A A Bl T
A2 dlo]EIAl LIP(Look into Person)S #|A|
sb71% ok e B 2 o] FEoAE
Gong et al. (2017)] =4 A¥=S a3k
HFHoZ oE tiA FY(clothing-agnostic)
= TR A AR olmIAIE AT
© 9ed 7IHE =27 dBA(structural

coherence) 7|9t &5 343 A|2HlES FaA A

12 —1> )

5&
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13K Liu et al., 2016; Zhe et al., 2017).

VITON HIE$ =2l =Y 2 t=y Ay
do]El(generator) Tl A= A2l 414 d
olgle} oJE A|F oln]A| HoJHE Sk5ate]
O E thAl I 2 A 2 on| A& AT
o} o) E Ui 99& F2 wl= L1 Loss, &
A 28 o|u|A & YA = Perceptual Loss
£ A Held 29| A 7AgT
A YIES A(refinement network)oll A+ Al
7F AT omAE AT + Y= TPS
(Thin Plate Spline) ¥3¥} E3} 3<5 7
(Learn to Composite)= &8ttt 1714 TPS
71HE B3l o5 Al G g A AA Al
F oHAIE YBA7I=H, o AF 218 oln
Aot AZF AR M oW A S THA AL HF
o) E- Mg olm|AE FERITE AA VIEYAY
FHF o|v]x] FE X Perceptual Loss7} 2-&
A

VITON 7|'H¢] 574 o] % Thgt Al 7%k ¢
5 7P 34 2 - A9 AR
CP-VTON(Characteristic-Preserving
Try-On Network)< 7l Wang et al. (2018)
< 7] VITON 2do] 948 71 27 ov]
A7y Az, 231, A 5o B 28 Al
&2 FgatA] Zivhs e Aok o5
5 olmA] B Al AFAQ] FEEo] Al
2 29 4 glo= Zlelth CP-VTON 71
<& TPS7} oFd GMM(Geometric Matching
Module)o]2h= A Z-2 35 o]u]x] YA w2
< AN =N GFA oln|A e BEAAA FE
S B35t A) Gtk Yang et al. (2020)2 7]&
Ao EAZRI FE7kA] Ad~gA st
12k Y A=) thsfiA A8 4 o]H|A]

Virtual

o] FHo] g FFEolgke Hs AH gk o]
o] w2} ACGPN(Adaptive Content Generating
and Preserving Network)©|2h= M2 7[H&
AT ACGPNE A4 olm| =] 9] ejw] &4
TZE AT bt o5 AF orAE s
sh= WS &89tk o7IA uEH FERE
Fgsh= A o) E AFe] A=, AH L Hlol
2 2hgate] AA ARE mdof wdst
ol QP o g g oA E FES
T UTE oS 7 Uk

AT A7 FFOZ Lin et al. (2022)2
PB(Parser-Based) 29| SHAIHS A& stal
RMGN(Regional Mask Guided Network)©]2+
= MZ& PF(Parser-Free) 22 Aokt
PRk Abte] Al 99, B ERIE 7= 59
tlo|ElE FAdsk= WA O E, Lin et al. (2022)
o oJalH PB 71H2 X & E o]m]A| 9] o]
27} A olmlA o] FAE A Aok
A3}, o]o w2l RMGN2 95 o|w|x] e} 2}
|2e] Holg EAS WAHOE FH/E 4
2+ Regional Mask WHE0] A-85]QlT} Lee
et al. (2022)- 713 VITON 7]Ho] ¢]& oju]
AE ZHEAY AA FHoll Bk Hgshs @
A 2d YEL =S HE weko] Fithk=
TARE A -G} oldf we} $158 ofn]|x|e}
AA G Atololl A A gf=f o] TAYst
of A ol R| ] FZo] vropd & Qlth= A
o|th Lee et al. (2022)> o] g #AIE sl43)
7] 3l 2138 2 AlEE oA o] R A o
A9 5% ZES &8Ik
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3.1 HR—-VITON

£ Aol A= HR-VITON(High-Resolution
Virtual Try-On) 7]'H<& €83l 9] o5&
AF 2 2R ofuA] HolHE SkEth
(Lee et al., 2022). HR-VITON 7]"H-& w34
T olmAE AR 07 Tz ffsiA 71
Ao 98 W 7S AR e S
25 YESZ 725 AANFH. old wt
HR-VITON 153 2L Al wie]o]ld 4/48¢] 7]
237471
(condition generator)®] 7Z& 7}A3L T} Z
A5 B AG7elA= FA olmAe] 4
st 23X dAE orAE BAlee W
ZKdiscriminator rejection)2] 7d-S F71H4 0
2 =3tk & A 712 <™ 2>9} 2o
o8 =HHE d9 AA7|(Try-On Condition
Generator)9}  ¢]& o]u|R]  AJA7](Try-On
Image Generator) ZEZ TAEo] 9loH, =

5 JME ge 2av 99

Clothing Sepmestation.

Try-On Condition Generator

9o oF M T B A7 A 3 & S5 HAEE 71 HR-VITON 7% &8

9 FE7F o5 oA 717} SsE
sl g 2l diislE 913 MP-GA(Mixed
Precision & Gradient Accumulation) 7]'H¢] #
|= 3t

<79 2>9] HR-VITON ©|u|#] &5 L2 A
27 vt 2ok A A, o oA 99 2
Aol A1l AR Ho]Ej(Human Parsing) S &
g =l dH 7 A, 2 QSH
A ket oF ARG A RS B9
(Fusion Block)std 282} o5 9S4
(Generating Segmentation) St} Al A, F ¥
A DA 7HEXE 7AEFA(Convolution) 3}
o 989 % o] A|¢} vk (masking) T
S AJX(Generating Warping Clothes) 3}, U]
WA, AR om|A S FAYE FlelA o5
58 olmAell Abe] AA ARE Wttt
oA A, B3 Folojoll FE £ o]n]A]

9 G, 84 0% o, o ] G

et

Densepose 3| EW(Heatmap) S ZF YH3H
2% o]u|X|(Final Images)S A3t 2 A

FolAE Ged 4R 7bg 3 22 o)

t

Agmensiic & Deasepose
Estnmap
é——l
149
=
Warping Clothes | > = Decoder
g5
s — .
£ P
LB ’[ )
Scpmeutation

<ag 2> MP-GA HR-VITON HE®Z F=
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O]HE e o) o a2

VA7t QUlolEE ?l = TN

TEauNEp A
‘e ™
ML)
(| g
N ' J
Imaﬁp
B Au) 48 B
7\ A
»'» "= A
= S

<32 3 7kEx 2% 249 2=
3.2 MP-GA

71E Heid RopllAe 2 UES A &

'~"L Wﬂ‘ Farwend [
l'lvd_ﬁ - .
TFropsgasion
Gimlanrs

4, dlolel & 7%74 o] TR 1% <5
HAsl 7|Hes A7k JAthRuder, 2016;
Micikevicius et al,. 2017). & Aol A ALEH
MP(Mixed Precision) 7% YREH o2 355
oA AHESHE Float32, & 8453 32418
TE AR ST RS
(Micikevicius et al., 2017). MP WHEL 715
2] AElo|E dANA Float32& 4511 9
3 £A8E B A3} Float32 7FEEXE A
4F3t7] 91314 Floatle A4he -84t &,
270 7 AAEE 7152)E Float32 FEfAITL
274w A4kl A Floatl 62 83k Wajo|th
GA(Gradient Accumulation) 712 H#{d &
FollA THUIE g n 28T F4A]

3 Mol 71EAE elo|ES K FA 0w

A

(batch) A2 Al Wl=g] EAE Y 72 29
3k = thRuder, 2016). 1S E91, 924 gt

FolA Wiz =718 322 A5, GA J2h]
ElE 42 4430e o, AA AHEdA tha
zto)7} ATEk= 1289] WX =75 A3 A
I ZARE A3 e =5 5 drke Aol
B A7l 7M o F 34 9" mE 7EA
o] 57t oF 159 Z alAwke] Bxide] 2

Baltch "

Batch  —
“%l. ) ’ Update

Batch —

Batch —

n—l &npwul—'[ Weight Update ]—'[ o Slep Weights ]

—rm

<32 4> Mixed Precision(Z) & Gradient Accumulation(?)
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P
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A

4.1 o]

& & olm|A|, A|HlH 0|, 2= T Hlo]
EHZ FAE ok & ARE 71 AS-
Densepose 31E FEj <] AIA| tlo]E7} =dl
o] Y x]ojok =2, DenseposeNet2 83}
o a3t olnAE ABAYHGiler et al,
2018). Densepose S|ERo]gt A o|n]Z]of|A]
2Ae] FYE Bs MESshe WleR Ve
o] ~AYE EZ(Skeleton Pose)oll Bl A A
U3tk AA F2E 51T 7 Ik 2 A7
24 YES A 7 o= Fagth o|u|A]
dolEd A2l H thA ¥ H2E Fot] <&

1>3} 2] F 5744 F72] ofw|A| HolEAlE

9o oF M T B A7 A 3 & S5 HAEE 71 HR-VITON 7% &8

Aty AapH oz B AFoAe 57 £
7} 41,750711¢] Elo|HE 8l HlolHE 283
3, A% HolHE ZH 421708 AHeSt] HE
232,3557112] o]H]A] HolElE &8t} o]H]
A AR B B4 B <5 dlolgrt 2
[stedA Skeg dlolEAlel] HlnA Be HIEE
tlolHE &t o|n]A] Hlolge] BE XA
g7t B & 2d AES fsliA 640x640 =
712 Ay ow|A] A7]9] B¢ Held =
g Shgoll e HFE AE st 2

g3t

4.2 Dzl

@,

2 AT =
AW71E F=the A= AT 217
o 719l 7 stels  IEbH|E(hyper-
parameter) 7ol WX Z7] 8, k5 2Bl
300,000°-2 AAZTE GANT 22 A4 2d
o] A5 5 7R o 2 Bl ¢
Hzlog omg uo ~ulo] siho] Q3
Atk A7) F FERLe] EHEL M
o] d52 Qa4 0.0002E AT = st

% Aols MP 7S] HgS Slal £4 g4

132 1A o E 215 9

g

rom

<% 5> Skeleton Pose(ZH, Densepose Heatmap(F) O A
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8 JeilE 25 358 Aol 19
3 =8l Bl Y] SIsIA < 1>9)
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o Y 59 ok AAelAE day T
B FoA S%E o8 8 Be4 A AnE

<O¥ 3>3} o] 54 ¢ £5l I,

=]
129] 79 sto]w slebn|e AAA Hjx| =
= 608, ks 2EHS 150,0000.2 AAF)

o HF olmA] AL A H3H vES A
TZoA A BHekS flaliA o thAl 99
3 Densepose S|ER] o|H]A] Hlo|E7} 5
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43 A
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9o oF M T B A7 A 3 & S5 HAEE 71 HR-VITON 7% &8

<4

2 6> o/% =74% A 44 olo|x| oiAl

[=]

o T

I} 2t} SSIM(Structural Similarity Index BEE X FoA B Aot 7| Also] 3
Map)®] 73-9- o|v|A] F42 ¥ ST 3 Ao E AF A7t SAHU ol B AT

=, t2) g 7120 A olm|Xe} 44 olF] ARl FH ojHA] Bl B 71EA

1o
=
hil
T o o

Ao §AEE ZHE AL lF AT (Wang B BHE0] 2ex T2 RFWo) HH O
et al, 2003). A7} BT AR olmAst AW 5 Y= A0 HolRh

o
A olmx| o] F=AQ] 5A4o] FAS = A

< 9Jv]git} LPIPS(Learned Perceptual Image <E 2> o= Jiab oM Eled Y HE X|E
Patch Similarity)i= AlexNet AF8hy mdlS =M Z3}

Z|Hro g2 A olu|z|ef HA o|u|R|o] HEF TD;[;Z Vetrics | GP-VTON MP—(GpAr\OgiORS;\é;TON
A Ak ghE FEEE 71EE e A5l Pair SSIM 0.8385 0.9204
THZhang et al., 2018). A7} &5 A Pair | LPIPS | 02133 0.0642
olu|x|9} WA olH]|X|] ABAE AR} GAF Unpair | FID | 74.5421 11.8463
Stk Ae 9u|3t}. FID(Frechet Inception Unpair | KID 0.064 0.006
Distance) & AMASH: 2HlS &83)o] skd

Fae) ojulR|e} 7pae] ofml] AolellA] ® A7e] Al 2e) 32 Asks <I9 5>
22 94t Zro] 3 BEE H|wEls AL o oF 2o ol&3 2gAke] E=JF MP-GA
H|gtHZhang et al,, 2018). FA|7} H&55 HR-VITON Eel|] Q=32 o of5ef A
Ae] XA BHAN G Al ojmlx AL EH S AALE B A =2
2 Ao TIPS o] st Kip 0 PR 531 <IH 5> ¥ WA dAe|A Fd
(Kernel Inception Distance)= A o]n] x|} oh B 225 A ARt ol T 5 2
7Mare] olulA] WAlzre] B AnE Badsl= e 2s S8k 2 d7e 71 a7k 2
A opja). KIDE A 8 7P ojmlA] 24 & BRI 2l 2Bl oAk opst
7vo] B polo} AA| o|u|x|9} 714} o] 7hol= 2ol glo] FulE oJ& AE ojn|A =
By o2 weiste] A4 oln|R|e} 7 o 831t Han et al., 2018; Lyu et al., 2021).

n)=] Apole] zpo, = ATS ZAT 4= 9tk u |R 33 ouR] A dAlY] e, ofE
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- B =il e

A

A|F ol Ao 47t Hf=o] eoll= B8t
LAl Bs FM AdaH e 0] 7k
ok B o) Al 2Ele Tl o & ojn|x]d
T 8 FES 24890
CP-VTON®| 7-¢- 31 o|u]|=|7} 2ol ¥
HHA A 99S R ek Eiithes
AIE 529k o) B A7 AW ¢ 59
724 7}=2] 25 vhalo] 9B 2A
471 Ao ALEUrhH= AL o3
o} =3k B od9= HR-VITON W28 74k
7] W&o 71E o A

640x640 °JH|AE E&H 02 sk 4= QU3
ot 29 <5 7 Al 2 AR wEkA

2334 on|A|E Shgdhs A= 7heE Ao

N =

r
e

MPGA
HR-VTON

”
i 1
f

i ¢

O 7> 2 dFel Al 2 (g o7 T =M ofA|

2 FoEns
V. & E
B A A= 7]1E2] VION a9] $HA1-

< ®ekely] 9Jal A FfF 2 MP-GA 719
< &8sl Y 9 9 o8 2 ouAE
FEAOF S 5 gl HPHES AAITH
B 7o 8¢ 20| wle}A] HR-VITON &
g AEAR o, mEl 5ol Hagk AlHub
o] yjA AFE " 28 gak olu]x| Ho|E]
232355705 UA dolHEREH AT )

I ou|A] HlojElE o8 A|F Y& oju]x], 9

i
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dend oF b B4 md AT A1EA 6

& & Sk 23} 7]¥F HR-VITON 71§ 2§

MIMGA

HE-VIOS

Eropawl}
—

<72 8 Bad Sample oA

EOAE AawiEeld, ZHeAke]  4IA
Densepose 3| E™, 282} o5 thA] ¥4, o
B 282} olmA] Hlo|EAlS XL Al B
o] At o) & ojn]z] FAE feiA B
ojn]|A] dlolEAl B % 11“4 J+7b°l a3tk B
Aol X o5 B A7)0l A HiA]
7] 8, g5 AHS 300,0009.% Ak, F
Z olm|A] A7) mdle] A9 vix] Z7|E 62
2, % 2®He 150,00002  AAHIC
MP-GA 59 g5 HA3} 7|Ho] A-8HUS
o= mdly sk AYoM HFHow IdFY
o] Alzto] HaFtk <% 2>9F <18 5>,
2 04?-‘4 ZﬂOP 2ol 715— Ao WHE
g om, Tt

i omAE ¢4

=

d F Aes HERITL
B A7) AR ot 2tk A WA, S
QoA IsHA AFEI Y= Haeld 71§k
ofF AFs A Hoke] Al V&S &85t
U Ho|HE tido = A3 A7 2453
= Aotk 71& =W A7-¢] A%, VITONS]
Z7] Rdg &8st A FHo] AxS
JAT, B A= A=
HHo 2 8% 4= 9= HR-VITON &
S8t ATHub, 2020, Lyu et al., 2021). &

ojnjA] g5E &

N

Y OHIA #ope] HT FEoR EdAzH
(transformer) 7| §-83l=tl, &F A7l
A Edllax 7Nk o f 44 Rds ¢
ToFA} SCK(Vaswani et al, 2017,
Dosovitskiy et al., 2020; Wang et al., 2022).
2 Ao Yol mde Baske] 22 A B
A $o A2 E Ao FPsaAT, <1
6 o) BT B 23 5o 247} e
W g4 A BRIz e SiEe] WA of
E 7|Wre g 1 =3gittA o)9f

i
I

o A Olﬂm ElOlE%‘L §rtﬂ

A= ATHub2] 54 o]u)z| tilOIEWQ A
Aoz g ol -8 thHan et al., 2018;
Lyu et al., 2021). T3y A L $H o]n]]
o] 749 o5 Ao 4lA| F27} vl
AE3lEo] JARE S ow|A Y] - T
AA| F27} vl EFREtA A G o %
o] AUk FH o o|n|AE AAXTHA &
A7) YallMe A2 A Wale] Fasit

Al 1A, & AT 71 ATk vEAl B
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FARAZEAT 7318 443, 20223 12€9
o] o & AF olv|AE FAITHHan et al,

2018; Lyu et al., 2021). AI2=EH 9] & o]u]Z]
5 &8sk Al AlA F2E 9o

2220l #AH oA VION 2Ee TthE Al

Ne
ki
)
a
_)‘,1_11
oo
g0
o
fo
o
>
i
YE
12
%
©
>~
>

= AT Ao vze] BAZ A
22 AAsle] Fastela o, Mp-

£ B x| IV 68 TFOE AAH=

S

P
o

F43e v, MP-GAE Z-8317] A sl o4+
AlZbo] 285A17Y, A8 & 16041702 YERS
=3

<E 2> o= Jiat M EHiold 2E AZ X[®
s #3
CPU: Intel(R) Xeon(R) Gold 6132 16
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<Abstract>

Virtual Fitting System Using Deep Leaming Methodology:

HR-VITON Based on Weight Sharing, Mixed Precison &
Gradient Accumulation

Lee, Hyun Sang - Oh, Se Hwan - Ha, Sung Ho

Purpose
The purpose of this study is to develop a virtual try-on deep learning model that can efficiently
learn front and back clothes images. It is expected that the application of virtual try-on clothing

service in the fashion and textile industry field will be vitalization.

Design/methodology/approach

The data used in this study used 232,355 clothes and product images. The image data input to
the model is divided into 5 categories: original clothing image and wearer image, clothing
segmentation, wearer's body Densepose heatmap, wearer's clothing-agnosting. We advanced the

HR-VITON model in the way of Mixed-Precison, Gradient Accumulation, and sharing model weights.

Findings

As a result of this study, we demonstrated that the weight-shared MP-GA HR-VITON model
can efficiently learn front and back fashion images. As a result, this proposed model quantitatively
improves the quality of the generated image compared to the existing technique, and natural fitting
is possible in both front and back images. SSIM was 0.8385 and 0.9204 in CP-VTON and the
proposed model, LPIPS 0.2133 and 0.0642, FID 74.5421 and 11.8463, and KID 0.064 and 0.006.
Using the deep learning model of this study, it is possible to naturally fit one color clothes, but
when there are complex pictures and logos as shown in <Figure 6>, an unnatural pattern occurred
in the generated image. If it is advanced based on the transformer, this problem may also be

improved.

Keyword: Virtual Try-on Service, Deep learning, HR-VITON, Weight Sharing, Mixed Precision,
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