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Abstract Recently, smart farm research that applies IoT technology to various farms is being
actively conducted to improve agricultural cooling power and minimize cost reduction. In
particular, methods for automatically and remotely controlling environmental information data
around smart farms through IoT devices are being studied. This paper proposes a processing
model that can maintain an optimal growth environment by monitoring environmental
information data collected from smart farms in real time based on machine learning. Since the
proposed model uses machine learning technology, environmental information is grouped into
multiple blockchains to enable continuous data collection through rich big data securing
measures. In addition, the proposed model selectively (or binding) the collected environmental
information data according to priority using weights and correlation indices. Finally, the proposed
model allows us to extend the cost of processing environmental information to n-layer to a
minimum so that we can process environmental information in real time.
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