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ABSTRACT

Semantic role labeling task used in various natural language processing fields, such as information extraction and
question answering systems, is the task of identifying the arugments for a given sentence and predicate. Predicate used
as semantic role labeling input are extracted using lexical analysis results such as POS-tagging, but the problem is that
predicate can’t extract all linguistic patterns because predicate in korean language has various patterns, depending on the
meaning of sentence. In this paper, we propose a korean predicate recognition method using neural network model with
pre-trained embedding models and lexical features. The experiments compare the performance on the hyper parameters of
models and with or without the use of embedding models and lexical features. As a result, we confirm that the
performance of the proposed neural network model was 92.63%.
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Table. 2 F1 Score of each word embedding models
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