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ABSTRACT

In addition to the assessment measure of electric quality levels, load loss are also a factor in hindering the financial
profits of electrical sales companies. Therefore, accurate analysis of load losses generated from distributed power
networks is very important. The accurate calculation of load losses in the distribution line has been carried out for a
long time in many research institutes as well as power utilities around the world. But it is increasingly difficult to
calculate the exact amount of loss due to the increase in the congestion of distribution power network due to the
linkage of distributed energy resources(DER). In this paper, we develop smart grid big data infrastructure in order to
accurately analyze the load loss of the distribution power network due to the connection of DERs. Through the
preprocess of data selected from the smart grid big data, we develop a load loss analysis model that eliminated
"veracity’ which is one of the characteristics of smart grid big data. Our analysis results can be used for facility
investment plans or network operation plans to maintain stable supply reliability and power quality.
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Fig. 1 Smart grid big data characteristics, 4V
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Table 1. Smart grid data error causes and cleansing

methods
Cause Description Refining Method
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value of a certain
range(nomelization of data)




+In the case of the
data of the facility
already in operation,
the field
information and the

operation L
- If lower than lower limit,

the lower limit is replaced

- If higher than the upper
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Table 3. Implementation environment

. Implementation
Implementation area .
environment
Operating system Ubuntu 18.0.4
Database MariaDB 10.3
SDK
(Software Development Kit) Jupyter Notebook
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