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Proposal of Optimized Neural Network-Based Wireless Sensor Node Location Algorithm
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ABSTRACT

This study leads to the shortcoming that the RSSI distance measurement method is easily affected by the external
environment and the position error is large, leading to the problem of optimizing the distance values measured by the
RSSI distance measurement nodes in this three-dimensional configuration environment. We proposed the CA-PSO-BP
algorithm, which is an improved version of the CA-PSO algorithm. The proposed algorithm allows setting unknown
nodes in WSN 3D space. In addition, since CA-PSO was applied to the BP neural network, it was possible to shorten
the learning time of the BP network and improve the convergence speed of the algorithm through learning. Through the
algorithm proposed in this study, it was proved that the precision of the network location can be increased significantly
(15%), and significant results were obtained.
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