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ABSTRACT

At present, several artificial intelligence projects in the healthcare and medical field are competing with each other,
and the interfaces between the systems lack unified specifications. Thus, this study presents an artificial intelligence
platform for healthcare and medical fields which adopts the deep learning technology to provide algorithms, models and
service support for the health and medical enterprise applications. The suggested platform can provide a large number
of heterogeneous data processing, intelligent services, model managements, typical application scenarios, and other
services for different types of business. In connection with the suggested platform application, we represents a medical
service which is corresponding to the trusted and comprehensible tracking and analyzing patient behavior system for
Health and Medical treatment using Internet of Behavior concept.
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Table 1. Patient behavior sensing and available sensor
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Table 3. Analog machine use for body temperature

collection data
Biomarker CVD | COPD | PD/HD | Diabetes
. Patient Real Data Observable Error(%)
Resggtory True | True True - (F value) | Data(F value) °
St 94.3 94.4 0.55
< fECGEMG Irue Pue Pue Trije 5 9.4 981 0.64
e fue | Trwe | Thwe S3 97.2 96.7 0.62
(oosture) | True | True | True - s4 97.6 97.0 0.61
Skin S5 94.8 93.4 0.48
temperature True True True True 36 9%6.8 07.5 0.77
prBelgsOijre True True True True
Gxygenation | Troe | True - — E 4 HA SE 7 ooefo] g X A ALS
Heart sound | True | True _ _ Table 4. Real device use for patient room collected
Title volume | True | True True - humidity data
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Table 2. loT based patient monitoring

Patient Datgt(ag;lam) ggff{ggm? Error(%)
S1 62 65 1.67
S2 67 70 4.05
S3 71 71 4.53
S4 71 72 2.83
S5 72 74 1.12
S6 77 81 3.71

. Real Observable o
Patient Data(%) Data(%) Error(%)
1 64 62 3.10
2 65 67 1.54
3 61 59 1.64
4 69 71 2.83
5 65 63 3.10
6 60 59 1.60
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