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ABSTRACT

The results of current method of traffic sign detection gets hindered by environmental conditions and the traffic sign’s
condition as well.

Therefore, in this paper, we propose a method of improving detection performance of damaged traffic signs by utilizing
Hopfield Network and Fuzzy Max-Min Neural Network. In this proposed method, the characteristics of damaged traffic
signs are analyzed and those characteristics are configured as the training pattern to be used by Fuzzy Max-Min Neural
Network to initially classify the characteristics of the traffic signs. The images with initial characteristics that has been
classified are restored by using Hopfield Network. The images restored with Hopfield Network are classified by the Fuzzy
Max-Min Neural Network onces again to finally classify and detect the damaged traffic signs. 8 traffic signs with varying
degrees of damage are used to evaluate the performance of the proposed method which resulted with an average of
38.76% improvement on classification performance than the Fuzzy Max-Min Neural Network.
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Fig. 1 Traffic Sign Classification Using Fuzzy Max-Min
Neural Networks
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Fig. 2 Traffic Sign Classification Failure Using Fuzzy
Max-Min Neural Network
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Fig. 3 Restoration of traffic signs using Hopfield Network

Fig. 4 Failure to restore traffic signs using Hopfield
Network
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Fig. 5 Example of color information classification in
traffic signs
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Fig. 9 Example of image classification failure applying
the proposed method
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