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[Abstract]

Recently, since most of the research on correcting speech recognition errors is based on English, there
is not enough research on Korean speech recognition. Compared to English speech recognition, however, Korean
speech recognition has many errors due to the linguistic characteristics of Korean language, such as Korean
Fortis and Korean Liaison, thus research on Korean speech recognition is needed. Furthermore, earlier works
primarily focused on editorial distance algorithms and syllable restoration rules, making it difficult to correct
the error types of Korean Fortis and Korean Liaison. In this paper, we propose a context-sensitive
post-processing model of speech recognition using a LSTM-based sequence-to-sequence model and Bahdanau
attention mechanism to correct Korean speech recognition errors caused by the pronunciation. Experiments
showed that by using the model, the speech recognition performance was improved from 64% to 77% for
Fortis, 74% to 90% for Liaison, and from 69% to 84% for average recognition than before. Based on the

results, it seems possible to apply the proposed model to real-world applications based on speech recognition.
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Table 2. Parameter Settings for the Experiments
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