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( Abstract )

Building Specialized Language Model for National
R&D through Knowledge Transfer Based on
Further Pre—training

Euniji Yu*, Sumin Seo**, Namgyu Kim

With the recent rapid development of deep learning technology, the demand for analyzing huge text documents in the
national R&D field from various perspectives is rapidly increasing. In particular, interest in the application of a
BERT(Bidirectional Encoder Representations from Transformers) language model that has pre-trained a large corpus is
growing. However, the terminology used frequently in highly specialized fields such as national R&D are often not
sufficiently learned in basic BERT. This is pointed out as a limitation of understanding documents in specialized fields
through BERT. Therefore, this study proposes a method to build an R&D KoBERT language model that transfers national
R&D field knowledge to basic BERT using further pre-training. In addition, in order to evaluate the performance of the
proposed model, we performed classification analysis on about 116,000 R&D reports in the health care and information and
communication fields. Experimental results showed that our proposed model showed higher performance in terms of accuracy
compared to the pure KoBERT model.

Key Words: National R&D, Knowledge Transfer, Pre—trained Language Model, BERT, Further Pre—training
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