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Abstract The Fourth Industrial Revolution brought the quantitative value of data across the industry and
entered the era of 'Big Data'. This is due to both the rapid development of information &
communication technology and the diversity & complexity of customer purchasing tendencies. An
enterprise's core competence in the Big Data Era is to analyze and utilize the data to make strategic
decisions for enterprise. However, most of traditional studies on Big Data have focused on technical
issues and future potential values. In addition, these studies lacked interest in managing the quality and
utilization levels of internal & external customer Big Data held by the entity. To overcome these
shortages, this study attempted to derive influential factors by recognizing the quality management
information systems and quality management of the internal & external Big Data. First of all, we
conducted a survey of 204 executives & employees to determine whether Big Data quality management,
Big Data utilization, and level management have a significant impact on corporate work efficiency &
corporate management performance. For the study for this purpose, hypotheses were established, and
their verifications were carried out. As a result of these studies, we found that the reasons that
significantly affect corporate management performance are support from the management class,
individual innovation, changes in the management environment, Big Data quality utilization metrics,
and Big Data governance system.
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Table 1. Traditional Data Quality and Big Data Quality

Perspective Traditional data quality Big Data Quality

Mix deployment and
real-time

Frequency of data Batch
quality processing Processing

Structured, unstructured,

Data variety Structured Data semi-structured data
Data reliability High—quality data for Good level for analysis
) after severe error
level analysis

elimination

Load to Original State
In - memory Analysis

Data Cleaning |Before Data Warehouse
Point Loading

Evaluation of key items,
such as customers,
addresses, names, etc.

Data Quality
Evaluation items

Change by analysis and
navigation topics
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Table 2. Management Performance and Conceptual

Factors
MEmEgEmE Measurement factors
performance
Quality reliability, accessibility, responsiveness, lead time,
Performance timeliness, capability, gompetltlveness, quality cost,
image
The psychology of workers, the improvement of
. financial satisfaction, the reduction of annual
Operational ¢ . f
rformance turnover of workers, the _|_rT_1proveme_nt of new
P product development capabilities, the diversification
of products, and the excellence of design
Financial Revenue growth, market share, return on
performance investment, net income growth
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Table 3. Variable Definitions

Study Variables Variable Definitions and Metrics Prior Study

Big Data Needs, Availability,
Big Data Quality [Availability Understand, value of

Management |[data quality, faith, action, English(1999)

Segev(1996)

Recognition  |willingness and attitude to
participate.
[t means innovative work posture,
Personal awareness of challenges, and a
Innovation  |sense of accomplishment for

efficient performance

Management recommends interest in| Harry(2000)

Support for ) .

management data quality and data quality control| Jung Seung
9 activities Ho(2013)
. Define uncertain market
Business - . Kwon Young
- conditions, complexity, dynamics,
environment " Hoon2008)
and competitiveness.
Big Data Designing optimized data Data quality
9 structures to meet user management
Structural . )
. requirements. Process maturation
Design oo
management and activities model
A set of processes and activities Data quality
Database management
that operate and manage ;
Management . maturation
databases efficiently
model
Big data Continuous quality measurement and| Data quality
'g da error measures activities to provide an| management
utilization - : h i
optimized environment for users' data| maturation
management .
utilization model
Measure how often and how
often data is being used in
Big Data practice, how data |s‘be|ng used Delone
e to handle tasks, use it to make
Utilization Level : " (1992)
strategic decisions, and
understand customer
characteristics.
Trying to understand customers
according to their characteristics, Berry &
customer ) ; ;

Directivity interest in customer complaints, Parasuraman
and providing services considering (1991)
their characteristics
Use big data to measure
non-financial performance such
as maintaining existing customers,

Management |,. -
listening to new customers,
performance ) A
customer satisfaction, and
employee satisfaction in terms of
increasing corporate profits.
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Table 4. General characteristics of the study

category Sortation N %
Gonder men 17 57.4
female 87 42.6

twenties 35 17.2

Age Thirties 91 44.6
forties 56 275

More than fifth 22 10.8

executive 1 0.5

a manager/department manager 56 275

position section chief/agent 0 441
Employee 56 275

etc 1 0.5

Not more than 50 people 49 24.0

Number of 51 to 100 people 45 22.1
employees 101~200 people 24 1.8
More than 201 people 86 422
Sum 204 100.0

4.3 Etgdnt dElg 24

5 Aok 1
18719 gH=o=7
[Q1RAS AANEITE 8984 A; KMO &E:
.890]t}. Bartlett®] 84 3 AZHp<.001) FJsH
UEbgth 82184 By ARt Ao Wl 4
7H9] 8212 67.388%2] 891 AEEE B OoHTable
59 Ztt.

Table 5. Big Data Quality Control Impact Factors

" Factors Co i
categoil mmonall
Ay 1 2 3 4 ty
Quality control - g3 157 087 119 743
impact factors1

Quality control 599 999 116 109 702
impact factors2

Quality control 595 497 208 039 601
impact factors3

Quality control - _ 148 595 —100 413 550
impact factors4

Quality control - 55 51 _ga9 174 577
impact factorsb

Quality control - 400 279 246 -030 701
impact factors6

Quality control = 155 299 935 go7 718
impact factors7

Quality control 595 299 974 - 0o 683

impact factors8

Quality control

e ooy 127710 217160 503
Quality control 550 476 08 104 673
impact factors10

Quality control 53 441 731 472 695
impact factors11

Quality control 455 155 go5 108 736
impact factors12

Quality control 405 440 780 216 689
impact factors13

Quality control _ 07 435 go3 196 71
impact factors14

Quality control ) 435 g3 gs 743
impact factors15

Quality control 55 45 35 743 707
impact factors16

Qualty control 400 47 301 747 684
impact factors17

Quality control o5y 451 501 B4 622
impact factors19

eigenvalue 2441 3343 4511 1.834
Common

Vermnoslyy 13861 18574 25,03 10.190
Cumdlative 13 561 37135 57.198 67.388
variance(%)

KMO=.893, Bartlett x’=1962.343(p¢.001)
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Table 6. Reliability Analysis

. Question g
variable —— Cronbach's a
Data Quality Control 3 794
Awareness
Big Data Personal Innovation 6 .845
Quality Control
Impact Factors Management Support 6 9N
bgsmess 3 64
environment
Blg‘ Data Structural 5 886
Design Management
Big Data
Quality Database
Management Management 4 875
Activities
Big Data Utilization 5 931

Management
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Big Data
Utilization 5 .890
Level

Customer
orientation

Management
performance
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Table 7. Quality Impact Factors and Database Management

Independent B SE

variables 8 U P I
(Constants)  0.269  0.249 1.082 281

Data Quality

Control 0206 0059 .193  3.481 001 1.347
Awareness

Personal 149 0070 121 2143 033 1.404
Innovation
Magageme”t 0228 0054 269 42127 (001 1.796
upport

business 311 0059 363 57617 (001 1747
environment

F=60.301(p¢.001), R?=.548, adjusted R?=.539, Durbin-Watson=1.690

* p(.05 ** p(.001
Q10| H|O|E{H[0|A

%:'
gARES A5 23k F=32.967(p<.00)Z 37
Dol Atglom, nEo] Agede oF 39.9%= e
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Table 8. Quality Impact Factors and Database
Management

Independent

variables 2 8 8 P kS

(Constants) 0.554 0.314 1.764 .079

Data Quality .
Control 0210 0.075 179 2812 .005 1.347
Awareness

Personal

. 0.132 0.088 .098  1.506 134 1.404
Innovation

Management 51 0osg 259 35197 (001 1.796
Support
business o980 0075 273 3751 (001 1.747
environment

F=32.967(p¢.001), R*=.399, adjusted R*=.386, Durbin-Watson=1.972

** p(.01 ** p¢.001

4.43 dlG0|H SEEE g 202l0| ¢
2o Djxl=

SARFEE A5 A, F=74.780(p<.001)°& 3|
AnFo] AP o, BF2] ““““4% 2F60.0%E e
Wt ¥ Durbin-Watson SAZFS 2.2002.2 2]
TARGE Zh& Bt JAte] E A —‘_v—xﬂﬂ AR, =
T+ 3AF A (tolerance)i= 0.1 oIt ths344 &
A= itk IAASY /48 A5 23 A g4
4, 49T A, BY TEL Hdole &8 #9
gt A(HY TS VA= FAoE YEhgth S ddolg
FAT 9T 8919 79l A, AT XY, F
o] w545 Hrold &8 ot &

2IH0H 2E

o

4~ o

A9% AY(B=.600, p{001), Y TH(8=.154,
2l GAIK(B=.115, p{.05) «=C& HHolg
Zg3Eo] FFE vAe Ao YeRgon, 9 v
3| glojg E243eE] Q142 Hlhojg 830 folgt
FFE HAA] A%I(py.05) Table 99} 2t
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Table 9. Quality Impact Factors and Big Data Utilization

Management

Independent

variables B S B 8 P WiF
(Constants) -0.272 0.29 -0.919 359

Data Quality

Control 0.033 0070 .024 0.465 643 1.347
Awareness

Personal 0179 0083 115 2166 032  1.404
Innovation
Masnageme”t 0643 0064 .600 9995~ (001 179
upport

business

0 ".747

! 0.183 0.070 .154 2600 .0
environment

F=74.780(p¢.001), R’=.600, adjusted R*=.592, Durbin-Watson=2.200

* p(.05 *** p(.001
444 Ij'E1I0|E1 S 23 Q0I0] HOoy &2
2Z0] 0|Xl= F&

“‘tﬂo]E] F43E] &% 81%lo] ¥doly &g5Eol
X FFE A5 Aol theIARSS AAl6e]
t}. 3 ARES AZS A3 F=168.274(p(.001)E 3]
Aol Ao, B9l AgeL oF 71.6%= et
ot 18 Durbin-Watson AT 1.7062.2 29]

AR 3 Boloh IAe] 5™/ EA7F ¢
5+ TARMH(tolerance)= 0.1 odolth. o344 &
AE AUt

3AASY] R A 23, Hholy &8dEe
ddlolg E85Fo] F Z(H9 TS vA= A
o= YePgth(B=.744, p<.001). & Hlglojg Fe]
&89 glvjolE L8Rt 2245 HlyolE &84
2 Fopitta & 4= 9tk o H]g) BldjolE 24
A, vlolgHo]A el vlvolE &-84Fo] 79
ot F&FS u|XA] &3kA(py.05) Table 103 Ztt,

AR, =

Table 10. Big Data Activity Management and Big Data
Utilization Level

Independent B SE

variables B L p b

(Constants) ~ 0.588  0.158 37257 (001

Big Data
Structural
Design
Management

0.072 0078 .062  0.920 359 3.240

Big Data

Stuctwal o087 0067 078 1238 217 2795
Design

Management

Big Data
Utilization 0.681 0.051 744
Management

13315 (001 2.203

F=168.274(p¢.001), R*=.716, adjusted R*=.712, Durbin-Watson=1.706

% (001

4.4.5 HIH0|E E824F0] DAX|EHM0) 0Xl= 8

Hlrol] &8l IAX ] vA= FF= 4
Zst7] s @494%4%4% A5t

A= %3t A3}, F=118.686(p<.001)2.& 3]
Aol Z*aﬂr Fom, Hygo] A2 oF 37.0%= et
stk 3HH Durbin -Watson A% 1.937& 20] &
AR 3k Bolth 2R S9Ado] EA17F figieh 319
Aol §94 HE A, Hholy &8452 147
Fgoll o5t B9 FFE A= AoE UEyt
(8=.608, p<.001). & HlHol8] EE4Fo] H255 1L
AMA YL =0} Table 113} 2t}

Table 11. Big Data Utilization Level and Customer

Oriented
Independent
variables g SIE B u P
(Constants) 1.855 0.161 11527 <.001
Big Data Utilization 519 0osg 608 10804  (.001

Level

F=118.686(p¢.001), R?=.370, adjusted R?=.367, Durbin-Watson=1.937

*** p(.001
4.4.6 YH0|H 224F0 THX|FHE0] ZSduto|
F

ARG S A5 A7 F=110.262 (p(.00DE 3]
Fmgo] Agglon, Byo] Ayl oF 52.3%= U
Wt 3FH Durbin-Watson SA3-E 2.1882 20 &
ARE ghE Btk kY] E340] EA7E ¢llal, B
IR A (tolerance)= 0.1 olAo|th. BAMBA|S:
(Variance Inflation Factor: VIF)+= 10 t[gtoz o5
T4 EA= st

IAASY Fo8 HEs 2, Hholy E8Ed

DAXPHE A0 R A FFEL vAE
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St geletal=zAl M12H N8

A0 ekttt = uldol B8%%w 1A el
¥o4E YT Solitkn & 4 9tk 1AXY
3(8=.461,p<.001), BlEole E-843(p=.343, p<.001)
$o= AT FHL MAH Table 129 2o

Table 12. Level of utilization, customer orientation and
management performance

Independent

variables E SE 8 C P

(Constants) 1.855  0.161 11.527"  <.001

Big Data Utilization

0519 0.048 .608
Level

10.8947 <001

F=118.686(p(.001), R?=.370, adjusted R’=.367, Durbin-Watson=1.937

(001
5. 28

£ A7 23 qors B ot Zoh

A, wdlold 4% 9F 8908 U Ho]
B S 4, gAY, AeS A A9 €4
< Helojg F244 &0 F(+H)2 FF= vAE A
o2 yehgt. dloly 48T <14, 495 A, 7
FEZ2 HloleHolx ol F(+H)2 = A=
Ao® Uetal, Agalde 714 =k g4l
3, BB5AY, B8 Hdloly L8l H+)
o] ¥FE A ACE YEROY, Hloly FEHe
R4 717 =3l

S, uelols) Fawe 2
AA7IEA A RgE=Y] dlole ol weloh dlojel
olx FxMA Tele GO PAS FA Bk Ao
2 Uehgeh stet el FewelE (1) 4
Z9ick. goleols FRAA. Holeol el
£ 17 WOy, A8 Bk Aad egued o 2
ol wH97] o wereh shE 1o Wa
A Q&3 dlolBg ARe 4 U HElols B B
7k 349 dole B 4 T A7HgHel B

5ol Mol 8L &

o

o

stths A¥et g

A, ddlols B8 s<Eo] vl FdETe] o
T TAE 245K HolH &8 a2 ARG
o H(+) YT, LANFEL A G4l ()2 IF
< "AE Ao YETh

olZfgt Aite AAAF/IO] T2 719 HHolE Al
28 OELTL &2 BYEAE0NA 1A wEY AuAS
ZAlo| Algot7] flsl AF-E A& OR AstaL 17“
E4& 245t ArEAE U=t Hdely 282
H=z2og & ZAolges 7Hdo| FtEnar 2ot EEGJ
1740 "o 1EH 28 *101 EoH 7|92 HHolE
ot AL} HAFA A

7 5
 Sig Aoz e

A, = Helolg] AT HHolE 428, H|
ol 7= 7]
1 fﬂrﬂ} 719 2943
ol WA JFE AT & 5 AZ17F HAck &
714e AP 225l T Q= ﬂo]ﬂ«l goll ohsh =t
orgt & @2 117o] ZH= gt|olEl (hot data)ollA] B
S Zo] &3t F=vo|g(cold data)7HA] AESFetal
7 Zt JASIH B Aa g0 Be &
.

A, 7190l B3t o

of,
r>~l

2o] g Ao

—_

Jeo]Elo] thet AMA AA
A7 BR5HA 5]91 . Aol 7iRle) A< 9
AL A7go] oy}, ARl A 1SS 7Rk 2
285t 71guto] AEL HHolEet QIFA5 Althel
A BE T £ e 719l E Aol B Yot 71
WollA dloje9] /lojR AFstal 2ERA] Hog B
HloJElE 71 A2 AES gHEoh w2A| FAlok=
HeolH Eﬂ‘:‘ié 23t Aol " gt

A, 7192 BEstA] gAY Aol HojR= H]
tlolEE 7HA 1L YAEAE el $21E "SHA] ol
of gt} 1% A sl2H 7|92 TlolE 44 A Zo]mA}
o]Z(Lifecycle) HHo 7 &2 e AL SfsfA =
gsfof gt} = ‘:ﬂol"ﬂ F 535& 49A4Eel" =4
DA EA-HER)E FESIAL 7 DA A 7]Yo] &
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Hot1l Qi 17 o|re} o]<f S =& & 5 Ve
E47|&. 719 dofolE2|(Enabler)E A AlsljoF 3ttt
AR WA oS3 T2 AAEE Al

A% 4 9t
A, 475 Bol 71& 24 dols = 49, w4
Aoi%} B 452 kol 14 B

ugY dole el £
g, 712 34§45 EARE Arels 2449
Frke 2L AT 4 Udek 719e 1A

9x golggtoRE §8% BUAS o
7] otk @J5olA gt Hlolg wel wlolee
A EFstel TAY F71HQ 4L Hokst, 17

of e A 191 oJshE 7WEOR ‘Customer 360

* View' Aul27} 7RsetES wdole H92 3t
of gttt
A, ueols B4 4% P4 Jo4 AGE A

Y2 BE F2oM 9 viAle 8 adde & 5
AT 7199 B9A= FlolE 7wt} ojapEy nz

A2 sk, dold Bl dole Fane 3,
MU me99la, A 27 4, wdels Wake
2 9 08 5 A Welole nlAEEAS SYofob
s

A, Flole B o] AIHIt DAXG
ROI% FFL vk ALL el FNoR &

259 gRAelet HHY SitAYS gous 1AF
A0l AGe GHAST 1990 AT Sl 34
el Qe wAIcka gk,

£ Q7L wolEE 29 FolAut EYL nefshy
9l 7199 AHUSIA] HHkE 14 Hu|AE 9
wdole] =9 @ £9A 714 Fgol 1A Hulx
oot AGATE GHY 4 Urhs DR BT
92 Wold S shedl A9 oot itk

£ o7 719 48U 4349 Folok 14 do]
g B9 $a42 A4, Ydols ¥ oplE
WY ANEA AA ok B /199G k] vl
At ik AESAAT et Ze WAWS Zu
glol 5 F712Ql A7t Waslt,
A, A weele =9 2 29 AFS FH 7]
A28 s 434 ATe B Aol Fa0
A5 A AntAg
5 2 Bk peiel £80) T Aol

£, wdols 4 AE WHOE H5kd A7t B
23k 7120 dole B4 5y FHOE AL
sfgiont, Hdols wf

l

rir

(¢

rﬂ )

Fawe) L2ALE FYstel 430k A7t 119
chl Z19j9) wdlels B P4 A% BE E 7}

ol=zlRI(guideline)& AH & 4= U Ho|t}.
A, 4t 7]49] obd T3V Aoz Hgo]
B9 24 &8 & 9 g Au|Ao vz I
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