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Non-face-to-face online home training application study
using deep learning-based image processing technique and
standard exercise program

/\I_|-E.-I|*, Olédzlc—**’ |7:!—7||_S§|**, —T-'-'_-IEI-%l**, OM_'IOH**,

F BT, BEX|wx, HA}odex, O] @ Afwn ZI T S

Youn-ji Shin*, Hyun-ju Lee**, Jun-hee Kim**, Da-young Kwon**, Seon-ae Lee**,
Yun-jin Choo**, Ji-hye Park**, Ja-hyun Jung***, Hyoung-suk Lee***, Joon-ho Kim®****

oF 3 AR, VR ¥ ~°mlE Uufo]x ]&9] whrle] we} 3
Farb S7kska vk vidiE ekl FEHolY AulaE 7]

geks Aol ot 8% 7179 Al L AR AHS 95 A AR, $Ege] F4ol

E
% =29 9ol EdolUE AEAT 47 n3 nesEA g4 2n2 AAE
5% G5 §Eo 2A AxEvield BrkA e, I3, Fole

A AEs LZo] slgsith Yol B dAFe] dmgE
2%, A s Popze] AE% b5 ol

2ARNA, oln)A) Az, B, AR, A4 24

Abstract Recently, with the development of AR, VR, and smart device technologies, the demand for services
based on non-face-to-face environments is also increasing in the fitness industry. The non-face-to-face online
home training service has the advantage of not being limited by time and place compared to the existing offline
service. However, there are disadvantages including the absence of exercise equipment, difficulty in measuring
the amount of exercise and chekcing whether the user maintains an accurate exercise posture or not. In this
study, we develop a standard exercise program that can compensate for these shortcomings and propose a new
non-face-to-face home training application by using a deep learning-based body posture estimation image
processing algorithm. This application allows the user to directly watch and follow the trainer of the standard
exercise program video, correct the user's own posture, and perform an accurate exercise. Furthermore, if the
results of this study are customized according to their purpose, it will be possible to apply them to
performances, films, club activities, and conferences
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Non—face—to—face online home training application study

using deep learning—based image processing technique and standard exercise program
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Figure 1 Establishment of standard motion model through
motion capture
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Figure 2. MoveNet architecture
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Figure 6. When the exercise posture or timing is the same
as possible
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Figure 7. If the exercise posture or timing is different due
to mistake
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