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ABSTRACT

Recently, the use of various location-based services-based location information systems using maps on the web has
been expanding, and there is a need for a monitoring system that can check power demand in real time as an alternative
to energy saving. In this study, we developed a deep learning real-time virtual power demand prediction web system using
open source-based mapping service to analyze and predict the characteristics of power demand data using deep learning.
In particular, the proposed system uses the LSTM(Long Short-Term Memory) deep learning model to enable power
demand and predictive analysis locally, and provides visualization of analyzed information. Future proposed systems will
not only be utilized to identify and analyze the supply and demand and forecast status of energy by region, but also apply
to other industrial energies.
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Fig. 1 The configuration of the proposed system
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Table. 1 Building Database Schema

ID Type Explanation
id* int(11) Number of Building
name varchar(32) Name of Building
type varchar(40) Type of Building
latitude varchar(32) Latitude
longitude varchar(32) Longitude
detail_addr varchar(32) Address of Building
code varchar(5) City code of Building
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Table. 2 Power usage Database Schema

ID Type Explanation
id int | Number of Building
date date | Measure Date
time time | Measure time (1 hour)
measure_power | float | Sum of Measure Value (1 hour)

Table. 3 Predicted power usage Database Schema

ID Type Explanation
id int | Number of Building
date date | Predicted Date
time time | Predicted time (1 hour)
predict_power | float | Sum of predict Value (1 hour)
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Fig. 5 Part of the React component implementation code
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Table. 4 REST APl URI component

URI Method Explanation
load-map POST | Load building data in DB
load-measure GET Load measure and predict data of
energy in DB
compare-ytday | POST | Compare data yesterday and today
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