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Abstract With the advancement of wireless technology and the rapid growth of the infrastructure of
mobile communication technology, systems applying Al—based platforms are drawing attention from
users. In particular, the system that understands users' tastes and interests and recommends preferred
items 1s applied to advanced e—commerce customized services and smart homes. However, there is a
problem that these recommendation systems are difficult to reflect in real time the preferences of
various users for tastes and interests. In this research, we propose a Fuzzy—AHP—based movies
recommendation system using the Gated Recurrent Unit (GRU) language model to address a problem.
In this system, we apply Fuzzy—AHP to reflect users' tastes or interests in real time. We also apply GRU
language model—based models to analyze the public interest and the content of the film to recommend
movies similar to the user's preferred factors. To validate the performance of this recommendation
system, we measured the suitability of the learning model using scraping data used in the learning
module, and measured the rate of learning performance by comparing the Long Short—Term Memory
(LSTM) language model with the learning time per epoch. The results show that the average
cross—validation index of the learning model in this work is suitable at 94.8% and that the learning
performance rate outperforms the LSTM language model.
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Fig. 3. A Structural Model based on the Hierarchy of
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Table 1. Development Environment

Mobile Device Samsung Galaxy S8+

Operating System Android 10.0, Windows 10

Java for Android, Python, ASP.NET

Language 4.8, HTML5, CSS3.0
Database MS SQL 2012
Tool Android Studio, Pycharm,

Visual Studio 2015

Table 13} #o] AAd REES ¢ $-& Zgago
2 FAs7 Y8 "l AR A¥]2(Internet
Information Service)E ©]-&3F ASPNETSOZ 9 #o]
A& FFINeH, 755 Y HoAE EH R AlF
317] 918l 2 H(Web View)S o]&-3to] 9 #Ho|x| & gt
Fakolet. Egk ASPNETH S3d0] 2 MS SQL=
AREste] Elo]Eell A7 HolHE fr|HoR &85
T A skt

2] RES AR Asshs dste] Hgolu 4l
AR RHdsl7] $lal Fuzzy—AHPE ol-83to] 7} A5 7]
oA AsshE AE yetshs BEC|th o8 Fdst
7] 918l ASPNET 7 #9191 21 4 5(Web Form)
o] g3to] AR} MEsh= dshol FHakoluh #AIAL
= Feledith Fig. 39 7+ A% 7 2 A 9159
Mot AEE ddid vawsta, o HA s
Fuzzy—AHPZ A 2Jste] 945907 & 3k tlolEH]
o]2=of At $EE 2 > AREA} ASst
= Gste] FHgoluh FAARE YR, 99w} vt
2 e Y A vepdth 7 AE BE
S8 AFEAE M sshE Gslel F ol IANE
Table 29} T},

Table 298] Ao A A7 7P =2 b=
w2 Gt R e ow, s 8l -] e)
g7 dlolefro] 2ol AFETh A 821 o] % o
REA B 8%le] 35 As EWA

S5 RES ALgAe] AT wel fAlek g3t e}
7] 918 GRU <o} 24 7|ute] gk RE-S Wit} o]
= Fd37] Yall ghrel 283 do|gE ~ayE T

1 o

o

(o

i}



GRU ¢1of EHl& o]

/3 Fuzzy—AHP 7]9F 913} 33 A 2E)

Table 2. Synthesis Weights of Fuzzy—AHP for Users’
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Table 3. Learning Results with a GRU Language Model

Preferred Factors Learning Results
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Mystery Movie
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