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& QDS % AE 8] ov] 5 W

T

(= #bH

I ME 32 AFo] ou| E54 By
0. Ay A+ 33 A3 A4

2.1 =2 (corpus) V. 439 23

22 ME ToF Ao} A7 4.1 7F el fejof 24

2.3 ©o] Yuld (word embedding) 4.2 HFoet dnto] 31 fefof Bla

2.4 Word2Vec 43 AES 7+ Fojo] v

2.5 AR FA= (cosine similarity) V. A&
M Ak EE 2 A7 A4 HuEH

31 AE I~ &3 duld WHE <Abstract>

I. M 2 2009). 11 AP W= 7o ® & wf 4%

2)(speech recognition)3} E|~E  X]&](text

‘ofv] Eefat vl ehs AFAE Aldje) 8 Processing)E TEE T glov oS 2T
A A 2 sk Aol Ae(natural A AR A BR 5, 7 B4, "o &
language processing)elth. o] x)2] (NLP) w71 WS S A SAA|(specific task)
2 Izke] 2lojel Aot lFAFoz o

Ql
dojo] sl Htko] Aoz AMgs gul A T IR Aawoket AgE goiEx
T+

o
29d-&  oulgtthurafsky and Martin, o A AR A57E 17,720,328 el Gt

* IRIthst vlZ2Y2 1T AZ ek AR augustino@kookmin.ac.kr
o sl BlZY2 1T AEUsH 24 (@AIAAD) ngkim@kookmin.ac.kr
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o

FARAZEATL, [30d A2E, 2021 6€

i

3, B ARE AL B ARNE
1,461,440 7ol i (tiE APHAZHEA),
2019). °|& EE& ARoIA ol ofste] 243
H MY ARA 52 B2 AR 2%
A B AR A ] AR AR AlEd
SAAT T LAY EAol tia] YAz BE
o) 57} Rt A FAR12] 182 o]
3. ololl B3l APH A F8E= 24 Al
A, PPN A 58 1HE u), HEAL ¥
YAl 5 HE DA H g w57
o] Aoz ks HE A 2]
sieEls slivich QAW o] HERA7T 34
QA Gl A AL 5SS 5 ATk Yo}
7 @A) FRE I Y= A A FART Al 2=H
g F7IN2FY TR 2] HEYE F
g ARAP ] NS} AlRE I Qo B (T
He Rexs “Ad=did 31907, 2020. 12.),
o|& JHHsly] Ag HE FokllA ] Ao
A AT GA AlF3E] TR Hart Qi

rj(g

ot o
o

A1o] 2|8 HWE Fopoll HEsh= Aol
Al BAHoF oo} e A7 AT
L2 A GFolE HEE U ofAlE
tl(7d3as] 2016), Mol “gh 7|EF AE &
ofel Al B3 oJn| & ol W E A o|H
Aof = “HAFA o & 2E W] =& /1R
o} 71 Qidofellet ol&sli Al ARbARl ghol
9] ol3je} ZHell Al ul-g- Hold Abo] 2+
271 ME7F] dolE olsistal FAkoF &
o] Folrtha 7HAskAL o] A9 Fdsd]
HA 5] AHREEA 27 711 03] ol
oF FARE o] HETTo| A-g3HA 3 Aolet
7] & Aok 7Alel ot g5 A
A% olet fAHAl S5l tide] 1 AaE
T8k BAE EAT) olfdk EAle 9
ofRks iR digd Ao Az mdlo]
A& Foko] A 2o ge2 v 2 F2H8
< oplsHl Hch

o]#3t FA2] YL A F 7N Z 29F

Text

—

A word “CHE" is selected

{ What is the most relevant word with “Ci<|"? ‘

|
@

Ordinary
Citizen

D

<O 1> dgto{et MEojollM dofet ooz AZEE &0 of



Hok. AR, out-of-vocabulary(O0V) 2] FAo] gtk o]} R E AS-HE HE Fokol T4
THGarneau et al., 2018). o]&= 5748 & &#of TS gFste] df Eoke] Ao mds
9] goj7} ofef Bl A A A E o], BT 3l e A, Wi gloly 1o ofee
A& golEo] Ao =dlo 7‘454 ZIFEA] o= lef o] FE3] T offthe

%e ZAE Auidth A AE ol A AE et ol YRl €Al 5
=3 ofu|7p mdd \_%‘QX] ae BAleltt Aol tia ME AR A 7N SES
(Pilehvar et al.,, 2017). ol YFAAANM= AME AFsHs Ho-8F Alzwle] 15 2 7o
H= ofF]olARL, ddolz A “HQ‘r HE 24, 12a HE BAE IEE gilelz &
EopllA A2 o Agold ofrlE 80 ofsh= 59 &8 A=l 7S fdl HE &
o] 5430l %ﬁ—ﬁl SHEEA dee %‘%?}E} A MY B dut 2419 dudol 3 of
e FAE 3ol g dHolEe] 75 R o] mdo] BiEA] Hatks yeRit:
w3 Aopd A FE S5 g e AT B ATE 919k 22 Al olA Esto,
I E TR o A9 Al g AR WE Roke] &% B4V thFe ME EA
okl vlofel7} sty ARE AlFHA etk o A S5Ee W, HE 2oke] ART A
W FH537] ol o]eldk EAle] FARELe o ofnr} Sl o A® wNIYEEAS
“thefrehs 8olo b grE el oplEe AEFHCE W e WU AEE A
<Id¥ 1>9] @& T8 2B 5 Atk afaLat ?'F}E}. HA HE 2ok BAE G 24

<O9 1> & A7 Al AAZ 3 oF A SFARE W, HE EA00419] o F

49 Asle] 9E BET Az, q~J+ m] —4 A7} AL Sk A S A5
J o

= “vﬁ"i Ur A Azt EPE} ol ME fojEe] Wt
B, HE Eojvte = S5y o] ¢ I} oful7} Yidojel A SiEle gl A
“oiere} 71 o] 2 = AArE U o FFS W=A] FHsh= Aotk tEe
Epdt}. olelgt A= Ao T3] ARS- 2 B AP AE B4 o it B4 5
H oA} 2o g7 wkgE Aotk o] gt nl&o] Wshy} AE Hof o3 54
(B HESOIALA, 2019). o] o= o uk
Jojnto 2 drE Tl “oierel= Tojrt B AT o]F FALS Tt Atk % =
HE ofollA] AREEILS of “HA e} 2k = ARI 2= B ATl FAg B-o] 9l
WS E&sh=t A 7hsAdo] Ak A = Eel
< UEhiH, O yoprt dutoirks 59k B NAE Uuk FAjo} AE A9 &3t dud

d

%1% EH AR '-r'o]:-/] ENS F (mixed embedding) WHES Ajbsta, =%

4

:
my (0
>

39

qu:
ol
¢

o
ol
o

S dullgeo] gofo] A 7—% ojm] ShFol WA=
o

fote] Aol TUE SR £ 99 AN B 3ASHE UL AN, A7
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Ackshe £ gl Ty 24 Yl
AR Aol 283 A3 ATk 4ol )
31, PHAIE} 9] 5ol B ATl lofel
WA rern;

o

I.

02

o7

2.1 Ao A(corpus)

192 e Bge) T B4 A
o= (Leech, 1992), Ao 2219] thdo]
o geRE BEA 2 Wed S e o] 2

& JRe] FHE FAR JHHoR 53
TSR AT, 2019), 1 7]
of OM= =7t FHe Ao i
bl 5 91 HEe] E4L 7RI Yool 7

% Google Books Ngram Corpus(Google,
2020), Oxford English Corpus(Oxford Univ
Press, 2014) 2 Brown thglell A =313+ Brown
Corpus(Brown Univ, 1979) 5°] 43, ¢

o] 49, %Y Folgel oJs) +x8 AF

qu:

rﬂ_ﬁﬂ

n
i

-
i

{o

Aol B3HE) 9 B AT BgE do]
Wiki i1 71T of A, 2002) 5] ATk
fr_ﬁu—e 7 BEAEe) FE A e A
oS 7)Fo = ut I (general corpus)
7&:“’: 513 ~(specialized corpus) @ ™
27H%E A 29| oS
= ZA| o] ARE-
2 3lEZ Gyt Iy o) &) i AE
W2 Bt AlEskE AE EH<l(domain)
N A Ao 2A, el At HE I
224 British Legal Report Corpus (British
Courts, 2010)2} ols ofe] 7
Corpus: English Corpus From Web(Kilgarriff
et al., 2010) 5°] FH3ith ol E= Hgls}
A o <3 1>37 2tk £ dAFelAe g
e £AE Ttk A8 ZH2E A T

oL ol& Agel skt

3% Medical

BEA(FYFOIS, 2007, VA ‘mFO| BF
srjele] Ao} Aelg T AT AFEs
<E 1> Uit IEARL ME I AL o
2o Yz ¢iof TR
Brown Corpus o] Brown Univ.
Google Books Ngram o] Google
Ly
AFL53] gho =gz
ko] WIKI 337} gho A7IH oA
HE British Legal Report Corpus S British Courts
L= Medical English Corpus From Web Qo] Kilgarriff et al.
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ghmol-gole] WMEGo MY B AAE 9
24 o]F Ao YuES AET A
5, 2018)} Word2Vec 714t 28-S HH
of &83 AU 5, 2017) 5= =
s 4 Stk A= ald 2ok s dTe
ofz] 23] A=EATkaL Br] ol 4%k
o} o]ol waj| afj2je] A9 HE FokllA Tk
& ZH2TE HEolllee =8 IBM Al
Lawyer Watson©-Z thEE=, gk HE 2
o] A7 At AA AR A8 gAE
7EA oloAAL A5 & UTHAshley,
2017). 3] Ao A9, WE ok Ao
Ao & FAEA FHA o Z(Judgement
Aol-e& A 2=El(Question
Answering), AF ARl ®%(Similar Case
Matching) L L KText
Summarization) s°] FE == JTh
(Zhong et al., 2020). °1F A dZ9] F¢ H
Y 2EE mojzte] 3t 7Ikks o539
Huajie Chen 5-2] 374(Chen et al., 2019)7} =
o EE o, Ho-3H Al2ES 79 H
= APHAIE(Bar Exam) 9] Aleh= A ool of
3k S-S A= A7HKim, M., and Goedel,
R, 2019)7} =510l Qlok ==3E AR Al &

) 283 A

Prediction),

BB AE
2B

Male-Female

<2l 2> dlE]

walked

Verb tense

Zzlol 2| Etof

Fo] AF 2EEA 7RI E WHETAY] o]
2 Aol 7|HkeE v & A=3E Cardellino
A-74(Cardellino et al., 2017)7} o]Foix o,
HE H2ES] Qo) HeliAE 7]591 grE
f0oke] tokel darelEe] HE
2 A=HAE o] 5 %Zﬂg
(Bhattacharya et al., 2019)7} =3 S AT} o] 4]
H HE oF Aol A2 499 sfefet =l
AT Apol= FEA O 2= 8] HE A
B FAA E o|& QIFE A7k Al F

= oA 1 dAE FE 5 Utk

>{A

2.3 ©o{ 2H|Y (word embedding)

Bengio et al.,(2003)¢] To] Aw g “Thof
o] T4k R olgk= AE o A of, &
o YWgL AAo] Aol A AT A F
ShE F3|aL Qlth o] AT 2w YW
ol I3 2 Yol /I TolES AFE 9
g A7t 7hsstes vlE] geojd HE I3t
oA EAT 3h& 7HAIEE th-&(mapping) A7
= A st dudS T8 232
o] 7 Toi(token)= N-2H-de] WlE 3371 U]
oA EAT 21| 3he A FHof, o] FAH

— = - Madr id
Corsany — — - Pom
. Barlim
Tarksy ———0
T Ankara
Heasls ——
M
Canads oLLava
JEPAN
P = Tokyo
Vietnam e jinol
China Beljing

Country-Capital

EH ofl(www.tensorflow.org)
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ol &+¢] Zkd(downstream tasks)oll &2 4=
ATE AHY TS Bl EEE do] WHE
<1 2> 4¢} o] s IH 2] FAAI
LA, ond B4 vkgsiof itk o]gA
F29 duld A= FAE 71 sk
AFAA, gt 2020; 874, AT, 2021

Word2Vec(Mikolov et al.,, 2013 a), GloVe
(Pennington et al.,2014), ELMo(Peters, 2018)
2 v # 2] BERT(Devlin et al., 2018)2}t
GPT-3(OpenAl, 2020) 55 & & Uth ol
GloVe?] 73-¢- A Feja A4S #AH BT
o|JH /NE ol E o] 83t M-S FAst
=, Ok Global g+ Tl #3325 o] &3t A
ol 47t Word2Vecs} zo]d-& zh=t) A=
AR 23S 710 4= 91O Glover| Bt
Z AFH gasE a7t Aol Zolzt
. TS ELMo<} BERTS] 7% ARdslsy
(Pretrained)® EZS o]&3th= HollA
Word2Vec o= 2431 S 9 Alolg B
Aok M Aoy A4 7t 22 7A1F
Q1 S8FAel 9lo] BERT o] E&l &=
A5s BRlth= A2 AT A7} glovt
£ ATl EgE7elle= eAVE e, 2R
BERTl WA E3vtelA 71%<] WordPiece
Tokenizingo] A& & Corpus®l &&= A<
o daAE ETvold-g BASHA] et 4
ol wepa] B dAolAs Ak FeEs
Zo|aL Ao]3l Corpus?te] Y#H E=LolH
©

E3L A% v E $33817] 98] Word2Vec

o

53

hul

1

M Agsislen, I 7pds 7=
T T A4 B} A3 A7

2
2
iHE

£

2.4 Word2Vec

Word2Vec2 Continuous Bag of Words
(CBOW)$} skip-grame] F 7}A] %22 ARt
= ATHMikolov, 2013 b). CBOW:= 13 thoj
E2HE B4 TolE dS3he FHdA S
o] o]FojA| =, ojuf FH TolE9 = 1}
B A JFEHE FoAH, 159 A
© ol FEFES PIAA =tk W skip-
gram 72X B4 G2 RE 99 T
£ oS8k WA 0E Slzo| o] Fojxitt oy
£ el B} 7h7te] 923k wojrt e
AAE dofel mlsl we AHA o] FoHT
<71¥ 3>, ©] CBOWS2} skip-gram =22 &1
e PEHo=E -5 4 3lem, Mikolov et
al.(2013 b)ol W= skip-gram EEo| 35 A
Zto] O Al 4l 34 dolf dudd
T Zetths 548 Zheth =3 Word2Vec e
33 2~0] H7]¢} setrE ol ¢ vigtsict
+ 5ol Basa glom, olof wal x4
(dimension), g5l SU== FH Toje] 4
(windows), 18]l 85 31<4(iteration) ] =&
e F7] SR A9 o JEEY ok
(Adewumi et al., 2020). Word2Vecol <J3)] <
HEE 7 o9 o3 FAM S 7]8A
o7 FARI FAE o3 S8EH, B AT

o FAE 24 E§ olo] ot

0
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B Input layer
& |

X A

lw,,

X o Wy N 3&. Wip

Cutput layer

[
-
T
B:
g

XX
=
2

Xep

LT

B CxF-dim

Output layer

¥

Input layer

LN = TN R e

N-dim v
F-dim
Wi

= Pedim

<32l 3> Word2Vece| T+= (Mikolov et al., 2013b)

2.5 AR SAIE (cosine similarity)

kAo A2 ATHNLP)ell Q1o Tzt FrAk
To] Ae FA| A& X(thesaurus) 714HEHS]
=43} E7|(stochastics) 7]¥He] =40 & 1}
o] It} AiE e dolEe] AE BoF+
Golfe] dFOEA, Folof, Hiejo] Fog
Fx3E Ao r I IAE Vet
(Mooers, 1950). Z4kslel Alaei~g2ZA 713
3FHQl AS = WordNet(Princeton  Univ,
1985)°] Slom, Alag| oA 18d F4w
A=A o5 BAE Btk ok B2
AHol= BTk Alde] 2 7Rk By k= A}
ol zlo|u A Fete]7] ot HIFoA At
H4 STHDoerr, 2006). THoIZEe] fFAEE 7
Frow rishes HoEA Dot fEY
A AgE ol&sh= W, A= FARE
2 B, FAR] AR IEE Y 5
o] ARtE]o] gkom, o]F F FAR] FAET}

DR 8N fAE 7120 4 de

AHEE 1 QItH(Faruqui et al., 2016; Garain et
al,, 2019 ). ololl £ AFolME ¢ A3 A+
o] WPHES £o} Word2VecS 53l Yuid=
o] WE] S tis] ZARI -RAR=(cosine
similarity) & AFE3Ho 24 03] AAGS
ofgit}, FARRI FAR=(Church, 2016)+= M E]
33l AF3(projected)d T Tro HIE] Alo] ]
AlSlZiangle between two vectors)e] =7]=
Aoy, offf g2l A3 o] 7 ol o] ||
B & W2)(Dot Prodeut) 3+ &, 7} dojo] =
Zl(norm)= H3F Fro 2 e F= Wil oJa
AR, o FAR] FAEE -13 1 Alo] 9]
= 7EA Ho 10l 7PkerE 9o, -19)
T2 wreloj = FkEltIslam, 2008).

z.y"

cosine(@, ) = T Tl
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4>5} o] A FRe| 2FOR AT
Sge] Al FFE PP BF FAR B

o) o8} ol FolXAuk A% Aol A 2}

=21
Law Wiki (Large)
Sampling
Wiki (Small)
P . Merge & Merge &
reprocessing L. ; ) e—
Preprocessing Preprocessing

I I I
Corpus Mixed Corpus Mixed Corpus
(Pure Law) (Small Wiki) (Large Wiki)

— I I
Embedding
o) o)
Embedded Embedded Embedded
Vec. (A) Vec. (B) Vec. (C)

clo| M| 7HX| =g+



AT Al nlsl LRk £A49] o] B B

Ao B8 =
(sampling) Hl-&ol w2t Jld A7t b2
Uelhd 202 s, 1 vl&o] 100%2] 7
= S35 Yug(C 4d), vl&o] 0% 7

e a5 AT PAPA YY)t FAT

e

3] ofhaL hek JhAe WaE 5
HAHoE W + Aok BHE AT
% 9] A 7H) QY 2T F AL BA
AR S5 AE ulgo) Y AT okl
E54E M BB WIT 5 Aee A
W, olshe] Aixel vwE Fi) AE
ok BAW QeI AE dolrt g
oUWl At Bofe] o] £ Aol 3

2 HoAe AE £A49 E4o] £ Ul
g Fof o= AE FAEHETHE B8]
o Aole)t dnke] I froof 4
o] ZF frojo] &40 F 7EA] MRk Al
AR} 5 7EA] etel] ik Mgk U8 B
Aol Rl A 242} b7, 7 el 352
o7 AgEe AA AL <¥ 5> Zrh

4 <39 5504 YR FEE ] Y
% Embedded Vec.(A) ~ (C)= <18 4>°)4]
AAE A 7HA] A e S A7 J85 F
Z AHEEolth T3k I9olA “Filtering”S &
3 &3 “Law Terms”= HE TA9l& Y
UAEE Gt FA ol UYERA] ebe 8o, &
HE ok HE 8o]& &3tk o3 A&
Bol159 rooi7 ZF duid ol wt
vhu olshAl Yep=A1E 48k Zlo] &

k%)
2
A
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Law Documents

Wiki Documents

Similarity Analysis

Embedded

Embedded e
[ vec. (A) Filtering
Law Terms |

Embedded

Vec. (B)

Vec. ()

Similar words of , ) . i
Law Terms (Set L) # Ranking Analysis Ranking Analysis  [+—
—

| l

Similarity Ranking Similarity Ranking
of Terms in Set L of Terms in Sef L

.

Ranking Compariscn

<18l 5> M2 Zofe

™
Ao

Aul
s
£y

gl o, FAFCRE o
o AzolM BQlE WHE 24 3
frejo] BAE B Aulkt 2
B& TolME drht WMEEA] Al 7415
A& EAstaAt ek old  7HA F4
Rk B frefof B49) 71E Bol= “Law
Terms”, = WHE Zoke| MToE Agsh= A
< TYsH, 3.2.1dM = 2 AEolet 71
AR E’J_LOJ(FS_ ol x| wHE was

2

o ot >
(]

e

uies

=z

rr

H

N
-

Op

=,
AR e @5—014 eE s 248

SRtk ol ZHol7k ik

321 AEoIsh Yrto} 7 frefo] B4
2 BN HE BAGIAT ZAjske o

| dolSo] Uuk BAske B3 Y

S dnp} fao] A fAEEAE 2%
owR B Yo AT 24 s
sk ek AL &, <18 5>00l4
o} o] M A A8 doles
FOE HfAL BolE AET T 747 gRlg
U, ohdet Hleo) &5 9l
A ALY FAEE HES g9l
T AT el vehuk= 574 Ol =
HEIo, &3 gHd Folx & AE o
Hgoll A s = e dolEe] HFAl o
/N-__ lﬂli Rn=s 7 % cq]/kl-t‘;_}_r o)1 a1
wsle] nlg A 0ol 7HHA UERE Zlolth
R T EAdo] &9t Hld Aol I

o] E(Law Terms)¥} 71 FARSE Ao & E<I
Ko
k=

=2

ol

O

- 66 -



e
23
4o o
2
{o

ole} Wit HE FAol Tk ¢
g vlgo] Eopgle] et = A

=3 YA E2EE FHGAF doie] A}
o7} ZA Yepdthd, HE A S
Ak FA2] 7= AFe] A A (tradeoff)
24 A BES feliAe Sl 14

rN
A
oo
=
ol
o e

MoorE 2
AN <!
o> o2
s
[N
ol
ok
[dO
tlo
)
>,
%
v
rEl
1
o
il
N,

)
j>

}
R
Mo
uies
=
ol
)
(ot
ol
oo
=

O
=2
>

¢

29 74 = Ao BRI 5 9k o] A
1) 32,1604 2743 REojs}h Anto} 7t
olo] BAje] A9} AR, Rk AR
olalE gIal 2 W e Aol o HrlE
A=k

|

A sl eE ke WAR(HARAY
Agx), N el HA skFA 2 71E HE 4
Do T3t A =2 AL /IR gEY 3
=2}
H

E A thE=A &) gloal &

TG B ATE Ak BARA B3] 917)
wzle o ST dol 9171l
Wik 2 AP F BAE 4 ol o
3 A ez e me
o] gHtojzolw, B, AA, A, L8, A

5 oFE PO S A
of Ut zw o] thEAQ BA 1 F shh

X
o
P
fr
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olth(¢]71%, 2019). 2020 3¢ 7|&E o
71}l = 535,000712] FA17F A= o] A
om, HyH oz v 1227)12] A7 AR 5
A= ATHE= K718, 2021). £ Al
A LRk A1) oS gEE) 98, o]
% 300,000719] #AE HokE 7HEA a1 F-
22 FRste] Aol &Eskaith

JEZ QY ARSIl AFdo] A
go] dxjol| WET) 5, Z47+e] A3 2ol Tigh
Ag43, A7, ETUo|A(tokenizing), &
Bl2 EX(parts of sentence), =-89](stop
words) A7 2] HaE Wgek & Z;
< APk S e A, wAle =
A7t gl s = 7S BAIE] §
8, T FAL Wiki 4SS T4 SRR F
2k9] Edtste] WES AT 2 AT
739 EZR o] mElg AAsH= Aol of

¢

HeE, B0 5273 w49 Wiki w4
F3) WAUNN)THS oo g slgitt &5 A
T g R0 H BAE AR8ste]
FRYEen, EF Puldols B A9t

£

Wiki &A417F AR {EE &9 H-sol o
& AEo] ofr] EE5449] HEE F3s] 9
3l 94 300,00071] Wiki A1 A<} 4,253
o] A FAE S5 IEES 8o,
o222 9] 300,000712] Wiki &4 5 52+
2 FE3 40,000719] FA19} 4,253712] |
FAZ BE &3 Adude st
TAZHQ] A AL ofefe} Ak WA A
WAl 2 e sold 3.7
gt on, Eavtold ) Jeh AL oE
22 o] FEjA #4719 YF? Mecab

(Mecab Project, 2016)2 83t} &3 7l

B oguge oZ A~ ol golHE el
Gensime ARSIl oH, /MEA fAEe] &
21L& Word2Vec =& Y| most_similar &<+ 2
EE 97 s8] 2838tk Word2Vec?
7% slo] 3 =ke}m] el (hyper-parameter) ¢] Zkell
ds] Wizkste, 1 HAghs Zove A=
o= 489 v} At Adewumi et al., 2020). 5
FHoR FFEE FH ol SHwindows)
24 5 WR] 10°], xFe] 4x(dimensions)= &
A1e] Z7]9} ©ole] sextell wet 50 WA] 300
o] AAEIL Qo HHE F<53]4x(iteration)
HA] 50 WA 20037} LAk o= ARRHEL: &
g HA g5 woi(min_count)e] 7
Word2Vec?] tiZE(default)= 52 A5 0]
Aom, dukH o ol A A7|ef &4
E7o] ujg} E3 W% 5 WA 30 o]ake] o
= AT Ho] ARHAHAdewumi et al,
2020). & AolxE 9 A9 A7 AAES
Faste], BE gulgolA gsF = Toj9
T 10, A2 200, HHE- SR5314= 200, F
2 S5 o] =21, 183l E<5E(learning

rate) = 0.01= AAsto] AP& TP

V. & 2o
4.1 2t ALY [ol0f £

ddo] AAe HHE AR F 7 dnide]
Aoz ARG EAES & ol <& 2>
o} 2t} & WE Yud] 7
4,25370] AHEEOH, Fi &7t ol
75 el B4 4,25373) Wiki 41 40,0007
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¢ AL BB AL 40f o] 8% W
<E 2> Ago| &= A2} ttojo| 37|
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<Abstract>

A Method for Leaming the Specialized Meaning of Terminology
through Mixed Word Embedding

Kim, Byung Tae - Kim, Nam Gyu

Purpose

In this study, first, we try to make embedding results that reflect the characteristics of both
professional and general documents. In addition, when disparate documents are put together as
learning materials for natural language processing, we try to propose a method that can measure

the degree of reflection of the characteristics of individual domains in a quantitative way.

Approach

For this study, the Korean Supreme Court Precedent documents and Korean Wikipedia are
selected as specialized documents and general documents respectively. After extracting the most
similar word pairs and similarities of unique words observed only in the specialized documents,

we observed how those values were changed in the process of embedding with general documents.

Findings

According to the measurement methods proposed in this study, it was confirmed that the degree
of specificity of specialized documents was relaxed in the process of combining with general
documents, and that the degree of dissolution could have a positive correlation with the size of

general documents.

Keyword: Corpus, Legal Document, Word Embedding, Word2Vec, Word Similarity, Evaluation
for Mixed Embedding
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