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Pattern Analysis in East Asian Coasts by using Sea Level Anomaly
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ABSTRACT

In the ocean, it is difficult to separate the effects of one cause due to the multiple causes, but the self-organizing
map can be analyzed by adding other factors to the cluster result. Therefore, in this study, the results of the clustering
of sea level data were applied to sea surface temperature. Sea level data was clustered into a total of 6 nodes. The
difference between sea surface temperature and sea level height has a one-month delay, which applied sea surface
temperature data a month ago to the clustered results. As a result of comparing the mean of sea surface temperature
of 140 to 150°E, where the sea surface temperature was variously distributed, in the case of nodes 1, 3, and 5, it was
possible to find a meandering sea surface temperature distribution that is clearly distinguished from the sea level data.
While nodes 2, 4 and 6, the sea surface temperature distribution was smooth. In this study, sea surface temperature
data were applied to the clustered results of sea level data, but later it is necessary to apply wind or geostrophic
velocity data to compare.
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Fig. 1 Time lag correlation coefficient for each node of
sea level anomaly and sea surface temperature.
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