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ABSTRACT

Recently, the fourth industrial revolution has become an area of interest to many countries, mainly in major
advanced countries. Artificial intelligence technology, the core technology of the fourth industrial revolution, is
developing in a form of convergence in various fields and has a lot of influence on the edutech field to change
education innovatively.

This paper builds an experimental environment using the DTW speech recognition algorithm and deep learning on
various native and non-—native data. Furthermore, through comparisons with CNN algorithms, we study non-native
speakers to correct them with similar pronunciation to native speakers by measuring the similarity of English
pronunciation.
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